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Most previous research on online social networks (OSNs) has focused on the
adoption and continuation of OSN as it is a newer form of social media the usage of
which has increased over time. However, very little research has explored the
discontinuation of users from OSN usage. Using disengagement theory, this study
examines the roles of fear of missing out and addiction along with other factors such as
victimization, well-being, privacy concerns, alternative attractiveness, and social
influence in the disengagement process from OSN usage.
The proposed conceptual model is evaluated using survey design. A preliminary
investigation consisting of expert panel review, pretest, and pilot test is conducted to
ensure measurement validity. A primary investigation consisting of reliability and
validity testing, model fit test (i.e. goodness of fit), common method bias test, and t-test is
conducted to ensure validity of structural model. The data are analyzed to recommend the
findings.
The study found that intention to disengage from OSN leads to actual
disengagement, thus, bridging the gap between intention and actual behavior. Attractive

alternatives to existing OSN, privacy concerns, and negative psychosocial wellbeing were
found to positively influence intention to disengage from a specific OSN. Perceived
enjoyment and social influence were found to negatively affect intention disengage from
OSN. The findings also indicated that the influence of alternative attractiveness on
intention to disengage from an OSN will be moderated by the fear of missing out, such
that the influence will be weaker. Similarly, the influence of negative psychosocial wellbeing on intention to disengage from an OSN will be moderated by the fear of missing
out, such that the influence will be weaker. These findings contribute to the information
systems and OSN research literature by introducing several theories to expand the
concepts of fear of missing out and addiction in studying disengagement process from
OSN usage. Besides, there are several implications of this research on practice such as
understanding the impact of dark sides of OSNs in a user’s disengagement process from
OSN usage.
Keywords: Disengagement, Well-being, Fear of missing out, Addiction,
Facebook, Privacy
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INTRODUCTION
Online Social Networks (OSNs) such as Facebook, Google+, and Twitter have
penetrated daily lives with amazing rapidity to become an important social platform for
computer mediated communication (Nadkarni and Hofmann 2012). The growing
accessibility of the Internet through several media has made social networking sites a
mirror of social interaction and a medium for personal identity for its users. Online social
networks are becoming basic tools for developing relationships and networks among
people and show no signs of declining usage or membership. It is one of the defining
elements of the contemporary Internet generation (Bulgurcu 2012). Online social network
is ranked as the most popular content category in the online world, accounting for 19% of
time spent online as of October 2011 (Dreyer 2012). Almost fourth-fifths of Internet
users visit at least one OSN (Conroy and Williams 2014) and Facebook alone has more
than one billion members (Horton et al. 2014). This rapid increase in participation on
OSNs has been accompanied by a progressive diversification of purposes and usage
patterns, such as meeting new people, reconnecting with old acquaintances, building a
public web presence, sharing content with friends, and buying and selling products.
While the exponential growth of OSNs has given people a new medium of
communication, it has its share of positive and negative influences (Turkle 2012). There
is no denying the fact that the popularity of OSNs has introduced substantial new
1

challenges. Earlier studies on OSN primarily focused on investigating the privacy and
security concerns of its users (Donath 2007). The personal information shared on an OSN
such as personal pictures, phone numbers, addresses, status updates, personal opinions,
and political ideologies can easily reach to advertising agents, employers, law
enforcement agents, creditors and tax authorities and thus, violates an individual’s
privacy (Hogben 2007; Krasnova and Veltri 2011). The consequences of privacy and
security issues can be felt on personal and family lives (Justice 2007), and users’
reputation (Afroz et al. 2013), and can result in identity theft and psychological pain such
as embarrassment and addiction (Turel and Serenko 2012). With the increasing use of
OSNs, users have also experienced negative well-being (Turel and Serenko 2012). More
and more people are falling into depression, loneliness, dissatisfaction and poor selfesteem because of the frequent use of OSNs.
Despite the willingness of users to disengage from an OSN to reduce such risk,
users fail to do so as they have a fear of missing out on events that occur on OSN or are
addicted to OSN (Kuss and Griffiths 2011; Przybylski et al. 2013). The need to belong to
a certain social group to achieve lasting significant interpersonal relationships increases
the fear of missing out from these OSNs (Gangadharbatla 2008; Herath and D'arcy 2014).
The dark side of OSN brings attention to the continuance and discontinuance of them.
The primary focus on information systems (IS) research has been on description,
adoption, building, maintenance and continuation of OSN (Hardin et al. 2012; Lin and Lu
2011; Pelling and White 2009; Wu et al. 2014). As online communities are a new
phenomenon, such exclusive focus on adoption and continuance of online social media
and networks make sense. However, with the demise of social networking sites such as
2

hi5, Myspace, Orkut, and Friendster and with more than 11 million youngster leaving
Facebook (Matthews 2014), there is a need to look beyond continuance of OSNs use
and focus on disengagement of users from a specific OSN. This study uses the
disengagement theory as its theoretical lens along with the role of addiction and fear of
missing out to understand the disengagement process of the users from their current OSN.
It is important to understand that this study is about users disengaging from a specific
OSN rather than disengaging from OSNs in their entirety.
With the privacy concerns, stresses, dissatisfaction, and negative experience that
come with the digital crowding of social web experiences, users may resort to discontinue
using OSNs use as a coping mechanism (Joinson et al. 2011). Discontinuation allows a
user with necessary space for reflection and self-assessment which may help to guide
future behaviors (Altman 1976). The negative consequences brought by the OSNs on
users and the significant decline of once popular OSNs such as MySpace, hi5 or Orkut
raises the issues of discontinuance usage of OSNs. However, in the age of OSNs, it
would be impractical for users to totally abandon its usage (Livingstone 2008; Pempek et
al. 2009). Thus, the current study focuses on disengagement of users from the current
OSN they are using by focusing on the impact of fear of missing out and addiction on
their disengagement process.
The remainder of this chapter discusses the role of privacy calculus, negative
psychosocial well-being, fear of missing out and addiction in the disengagement process
of users from a specific OSN. Then the research objective of this study along with the
conceptual research model is presented. Next, it describes the method for empirically
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testing the research model. Finally, this chapter concludes by discussing the significance
of the study and the organization of the remaining chapters.
Privacy calculus
Engaging in an OSN has its own costs and benefits, often termed as ‘privacy
calculus’ (Li et al. 2010b). Users of OSNs consciously weigh the risks and benefits of
disclosing information online (Bulgurcu 2012; McKnight et al. 2011). Information
provided and shared on an OSN can be used by the OSN or third parties in ways that are
unintended by the users. The privacy concerns associated to OSN can range from
unintended third parties receiving users’ personal information, to hacking of personal
accounts based on information shared on OSN (Hogben 2007). The increasing popularity
of OSNs has motivated a burgeoning stream of investigation on information privacy
concerns on OSNs (Dhami et al. 2013; Hugl 2011; b; Li et al. 2010a; Shin 2010; Xu et al.
2013). These studies have suggested that privacy concerns are composed of three factors:
perceived surveillance performed by the OSN and/or third parties; perceived relevance of
information demanded by the OSN, and secondary use of personal information without
users’ permission (Smith et al. 1996; Xu et al. 2012a). Similarly, OSN users look at
perceived benefits to counterbalance the risk perceptions caused by privacy concerns (Li
2011). Such benefits can be perceived enjoyment that a user receives while engaging on
OSN, perceived usefulness of the network in communicating with others and the
formation of social capital on OSN (Ellison et al. 2007b; Li et al. 2010a; Moon and Kim
2001; Rosen and Sherman 2006). The intention of an OSN user to continue or
discontinue usage of the OSN largely depends on how well the perceived benefits of
being on the OSN offset the perceived privacy concerns (Hou et al. 2011; Sun et al.
4

2014). Previous research has shown that OSN quitters are more cautious about their
privacy than the continued users of OSN (Stieger et al. 2013). Privacy concerns remain
the primary reason for discontinuing OSN use (Alam and Wagner 2013) and committing
virtual identity suicide (Eldon 2011).
Psychosocial well-being
With the exponential growth of OSNs, there have been concerns that the use of
OSNs may be putting a toll on people’s psychological and social well-being (Schwartz
2012). OSNs have become a way of life for many individuals as they spend hours on it to
express their feelings or to maintain their relationships. People have created a virtual
world of their own on the OSN and have created a virtual identity as well (Steinfield et al.
2008). As such, OSNs can have both a positive and negative impact on individuals
satisfaction, depression and self-esteem depending on how they are treated on the OSN
(Steinfield et al. 2008; Valkenburg et al. 2006). While there is no consensus on if OSNs
affect the psychosocial well-being of the users in a positive or a negative way, scholars
have consensus on the fact that OSNs affect people’s psychosocial well-being in a certain
way (Kross et al. 2013; Turkle 2012). People use social networks to receive support from
their peers and to maintain relationships. As such, when they are deprived of such support
from their peers or feel jealous of other’s achievements (as seen on OSNs), it might affect
their psychosocial well-being (Vieno et al. 2007). Well-being on OSNs is also affected by
the usage pattern of OSNs, number of friends on the OSN, intensity of the OSN usage,
etc. (Kim and Lee 2011; Oh et al. 2014). While the impact of well-being on continuance
has been comprehensively studied in social sciences, there has not been much research
regarding this in the IS field. Previous studies show that subjective well-being cultivates
5

positive feelings among people (Sin and Lyubomirsky 2009) and is the reason behind
people’s current action (Layard 2005). Psychosocial well-being has also been found to
affect the continuance intention to use OSN in a positive way (Yeh and Lin 2013). Thus,
the decline of psychosocial well-being of an individual encourages him/her to disengage
from OSN usage.
Fear of missing out
Despite the privacy concerns, and effect of OSN on psychosocial well-being,
individuals find it difficult to disengage from OSN. People have a natural tendency to
belong to a certain group, be loved by others in the group and have power of control over
that group. They want to maintain a significant interpersonal relationship (Baumeister
and Leary 1995). OSNs allow users to fulfill such need to belong as users can remain ‘in
the loop’ through constant communication with other members (Gangadharbatla 2008).
This need to belong also creates a fear of missing out in users when they are away from
an OSN. Users away from an OSN will fear that they are missing the information, fun,
invitations and visibility (i.e. being visible to others). Thus, users find it difficult to
disengage from an OSN as they always have a pervasive apprehension that others might
be having rewarding experiences on OSN from which one is absent (Przybylski et al.
2013). Such apprehension to stay plugged-in weakens people’s intention to disengage
from OSNs. Previous research has shown that the power of fear of missing out is strong
enough to stop people from leaving Internet world (Greenfield 2013).

6

Addiction
The existence of mobile devices and wireless Internet has resulted in the
excessive use of OSNs. Consumer research as well as empirical research shows that there
is excessive use of OSN to the limit that many users are addicted to it (Kuss and Griffiths
2011). People have strong psychological dependency on OSN and show symptoms such
as salience, withdrawal, mood-modification, and relapse when using OSNs (Xu and Tan
2012b). Many of the OSN users view OSN as an important and sometime exclusive
mechanism to relive, stress, loneliness or depression. The users spend enormous amount
of time on OSN at the expense of other important activities and let OSN infringe upon
their normal day-to-day functioning (Turel and Serenko 2012). While previous research
has studied factors that lead to an OSN addiction (Wilson et al. 2010; Wu et al. 2013), the
impact of addiction on continuance and discontinuance of OSN usage has not been
studied extensively. Addiction has been found to be a major factor leading to a higher
usage of online video games (Hartmann et al. 2012). Similarly, addiction is also found to
influence information technology (IT) usage decisions by distorting perception towards
information systems (Turel et al. 2011b). Addiction creates an impulsive nature in people
and leads them to exhibit behavioral dysfunction such as uncontrollable behavior
(LaRose and Eastin 2004).This may eventually lead to relapse (Lemmens et al. 2011) and
thus, disrupt the user’s discontinuance behavior. Previous studies have shown that an
individual-level variables such as addiction moderates the relationship of customer’s
satisfaction with loyalty to continue playing online games (Lu and Wang 2008). Thus, it
can be safely assumed that a user’s addiction creates a psychological maladaptive
dependency on OSN usage and thus, reduces the actual disengagement.
7

Research objectives
The exponential growth of OSNs has made it easier for people to communicate
and maintain relationships with others. However, it has also brought attention to privacy
concerns and issues related to psychosocial well-being. In an OSN, users disclose
personal information related to relationships, finance, health, and education. Such
information could be collected and stored by OSN providers and third parties without
permission and can be used for unintended purposes (Xu et al. 2013). Similarly, the
psychosocial well-being of the users such as satisfaction, self-esteem, and depression can
also be affected by OSN usage (Kross et al. 2013). Such dark sides of OSN have not been
explored extensively in previous literature and require further research (Turel and
Serenko 2012). Also, previous research on IS and specifically on OSNs has been focused
on the continuation of IT or social network use. There has been a lack of research that
investigates the antecedents to discontinue use of OSNs (Harris 2011a). Thus, the
objective of this research is to study the different antecedents of discontinuance of OSNs.
Such antecedents can range from psychosocial well-being to privacy concerns to the
perceived benefit of using OSNs. This leads to the following research questions:
RQ1: What factors affect user’s decision to disengage from a specific OSN?
While it can be said that the dark side of OSN force users to think about
disengaging from OSNs, the users may not yet develop the intention to leave OSNs
because of the fear of missing out phenomenon. As individuals have the need to belong to
a certain group, they fear missing out on any events they are not a part of
(Gangadharbatla 2008). Similarly, despite intention to disengage from OSNs, the actual
usage behavior of the OSN users may not reflect disengagement. Online social network
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users are psychologically dependent on OSN as many of them experience withdrawal,
mood-modification, relapse, conflict, and salience symptoms. Such addiction has created
problems for users as they keep relapsing and using the OSN despite an intention to
discontinue using the OSN. Previous studies have found that addiction moderates the
relationship of variables with loyalty towards online games (Lu and Wang 2008) or
towards buying behavior (Hsiao et al. 2013). Thus, the objective of this research is to
investigate the effect of addiction on the relationship between intention to disengage and
actual disengagement from an OSN.
RQ2: How do fear of missing out and Addiction impact users’ disengagement
from a specific OSN?
As this study is about OSN, ‘disengagement’ seems to be the appropriate phrase
to use rather than ‘discontinuation’ as a complete discontinuation may not be possible in
the case of OSNs as most of these OSNs are free and allows users to reactivate the
account when they feel like checking the online account. Many OSN users relapse and
start to continue using OSNs even after disengaging from them for a short period of time.
Also, previous literature has used the term ‘disengagement’ to show how an individual
distances from relationships with a group, club, or team (Kazmer 2012; Putnam 2000).
The ‘disengagement’ concept is related to society, people and social relationships. Thus,
as OSNs consist of relationship and groups, this study uses the term ‘disengagement’
over ‘discontinuation’. Some scholars have used the term discontinuation to imply
disengagement as disengagement is often defined as the premature discontinuation of a
user from an existing program (Alvarez-Jimenez et al. 2009). Therefore, when borrowing
definitions and explanations from the literature, this study has used the term
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‘discontinuation’ and has often borrowed the concept of ‘discontinuation’ to explain
disengagement process.
Conceptual research model
In pursuit of the answers to the research questions, a conceptual research model
was developed by examining the extant literature and existing theoretical frameworks
available in IS research and social sciences. The model integrates privacy concerns of
using an OSN, the perceived benefits of using an OSN, the psychosocial well-being on an
OSN, social influence, alternative attractiveness, and online victimization to explain and
predict intention to disengage from an OSN. Addiction and fear of missing out were
presented as moderator to moderate respective relationships as presented in Figure 1.1.
Figure 1.1 illustrates the conceptual model used in this research to explain and predict
intention to disengage and actual disengagement from an OSN with fear of missing out
and addiction as moderators.
Intention to disengage from an OSN implies whether the users of an OSN have
any intention to leave the OSN. While the privacy concerns and psychosocial well-being
positively affect the intention to leave an OSN, perceived benefits from an OSN may
reduce such intention to disengage. However, these relationships are moderated by the
fear of missing out that the users have in their mind. Such fear or anxiety that arises with
the thought of missing out on rewards arising from presence on an OSN, moderates the
relationship of variables such as alternative attractiveness, privacy concerns, psychosocial
well-being, and online victimization, with intention to disengage from OSN use.
Similarly, OSN addiction, which implies pathological psychological dependency (Turel
and Serenko 2012) on an OSN will moderate the relationship between intention and
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actual disengagement as addiction creates loyalty by distorting usage perceptions towards
the technology (Turel et al. 2011b).

“

Figure 1.1

Conceptual Model

While there have been several studies on adoption of IS, the post-adoption
behavior such as continuation and discontinuation/disengagement of IS has received
limited attention in IS literature (Bhattacherjee 2001; Bhattacherjee and Premkumar
2004; Limayem et al. 2007). Post-adoption behavior may not be the same as adoption
behavior as an individual can develop both intentions simultaneously (Turel 2014) and
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thus, developing an intention of discontinuance of IS or disengagement from IS does not
fully replace existing continuance intention (Limayem et al. 2003). Research on postadoptive behaviors such as continuation of an OSN has been steadily increasing (Chen et
al. 2011; Yeh and Lin 2013) while research on disengagement behavior has not received
much attention in IS literature (Recker 2014; Turel 2014; Alam and Wagner 2013;
Furneaux and Wade 2011; Parthasarathy and Bhattacherjee 1998). The disengagement
theory, which guides the conceptual research model of this study, states that the thought
of disengaging from a social group starts when members are dissatisfied with the group
(Jacobs 1989) and when their overall well-being goes down (Ebaugh 1988). The decline
in the psychosocial well-being caused by the stress arising from an OSN may lead to
disengagement from the OSN (Lowry et al. 2011). If the members have doubts on the
social group, it leads the members to look at the substantial others to see what they think
about disengaging from the group. Thus, the social influence also has a major impact on
intention to disengage from an OSN.
Individuals seek and weigh the different alternative options before making a
disengagement decision (Ebaugh 1988). Individual may look at the current OSN that he
or she is using and analyze the privacy costs and benefits associated with it. Online social
network may have privacy concerns such as surveillance risk, secondary use of
information risk and collection of irrelevant information risk. People who perceive higher
privacy related concerns in an OSN would rather quit or disengage from the OSN than
continue using it (Stieger et al. 2013). As expected, users would also look at perceived
benefits such as perceived enjoyment and social capital that one can receive from an
OSN. Such benefits have been found to counterbalance the risk perception created by
12

privacy concerns (Li 2011) and thus, decreases people’s intention to disengage from OSN
use (Hou et al. 2011; Sun et al. 2014). Also, people weigh the options of alternative
OSNs that may have better and richer features and is relatively more user friendly as
compared to the current OSN (Chang et al. 2014; Zengyan et al. 2009). Previous studies
have found a positive relationship between attractive alternative technology and intention
to leave the existing technology (Zhang et al. 2009).
Also, online victimization such as harassment, impersonation, exclusion from
group, and arguments with other members on OSNs brings negative experience to
Internet users (Willard 2007). While some studies have found that online victimization
may reduce trust on social media and not lead to disengagement (Christofides et al. 2009;
Christofides et al. 2012), other research shows that almost half of the victims of cyberbullying and Internet victimization are more likely to leave the online sites (Perreault and
Toronto 2013).
However, the relationship of the above mentioned variables with that of intention
to disengage can be moderated by fear of missing out as it creates a fear in the mind of
many users that others might be having rewarding experiences from which one is missing
(Przybylski et al. 2013). Such need to belong and fear of missing information, enjoyment
and invitation lead these individuals to continue being on the OSN (Miranda 2011).
While the variables may finally lead to intention to disengage from an OSN, there might
be a relapse of individuals from actual disengagement. The psychological dependency of
users on an OSN caused by addiction may not allow users to leave the OSN for good.
Addiction has been previously found to moderate the loyalty to continue an online game
(Lu and Wang 2008) and buying behavior (Hsiao et al. 2013). Based on this logic, it can
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be assumed that, when an individual is addicted to an OSN, it will be difficult for them to
completely disengage from the OSN as the dependency on the OSN causes them to
relapse.
Research method
In order to test the conceptual research model and answer the research questions,
the study requires the use of a rigorous empirical method that ensures valid and reliable
results. The intention to disengage has been shown to lead to actual disengagement from
OSN use, which is the dependent variable for this study. Whereas theory of reasoned
action, theory of planned behavior, and theories of IT acceptance such as unified theory
of acceptance and use of technology (UTAUT) have found a strong relationship between
intention and actual behavior (Fishbein and Ajzen 1975; Limayem et al. 2007; Venkatesh
et al. 2003), this may not always be the case as intention may not always be guided by
rational, deliberate, and cognitive decision making (Limayem et al. 2001). As such, this
study examines the role of fear of missing out in determining the relationship of different
variables with intention to disengage and the role of addiction in determining the
relationship of intention with actual disengagement from OSN use. In order to test these
relationships, an online quantitative survey was created through Qualtrics (see Chapter
III).
This study uses two expert panel reviews, a pretest and two pilot tests to refine the
proposed instrument. This was required to establish content and construct validity of the
study and thus, to ensure that reliability and convergent and discriminant validity meet
expected cutoffs (Campbell and Fiske 1959; Gefen et al. 2000; MacKenzie et al. 2011).
Also, it would help to reduce common method bias which is the spurious variance that is
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attributable to the measurement method (Podsakoff et al. 2003). Also, along with
reliability testing and convergent and discriminant validity testing, common method bias
has also been empirically tested. While SmartPLS 2.0 was the main software used for
data analysis purpose, SPSS was used for exploratory factor analysis while AMOS was
used for examining model fit and common method bias.
The participants for the first pilot test were recruited from Amazon Mechanical
Turk, the second pilot test were recruited from undergraduate students at Mississippi
State University, and the participants for the main data were also recruited from
undergraduate students of Mississippi State University. As in the first pilot data, the
principal investigation also collected the data in different timelines.
Significance of the study
Online social networks are one of the fastest growing and most popular Web 2.0
technologies that allow people to share contents and information online. The unique
social nature and rising popularity of OSNs has been able to capture the attention of
academic scholars to investigate the motivating factors underlying the social media usage
(Brandtzæg and Heim 2009; Jung et al. 2007; Raacke and Bonds-Raacke 2008).
Similarly, there have been increasing research on post-adoptive behaviors of OSN users
specifically focusing on continuation of OSN usage (Chen et al. 2011; Wu et al. 2014).
However, despite growing trends of departure from OSNs, there have been limited
studies on disengagement from such online social worlds (Kazmer 2012). In the age of
“digital crowding” where Internet is flooded by several alternative OSNs luring users to
overshare themselves, users may resort to discontinue using an OSN as a coping
mechanism to the negative experiences experienced on the OSN (Joinson et al. 2011).
15

This study emphasizes the need to understand the disengagement process of users
from a specific OSN. The privacy calculus has been often used in OSN literature to
understand the constant conflict on users’ mind to continuously negotiate and manage the
tension between privacy risk and perceived benefits associated with OSNs (Debatin et al.
2009). However, previous research has presented conflicting findings in regard to privacy
calculus. Some research studies have suggested that people care less about privacy in this
information age as OSNs have been deeply integrated in their life through daily routines
and rituals and thus, sharing information could be more beneficial for them from a social
networking viewpoint (Acquisti and Gross 2006; Debatin et al. 2009; Dhami et al. 2013;
Dwyer et al. 2007; Johnson et al. 2012; Krasnova et al. 2009b; Li et al. 2010a; Tan et al.
2012; Xu et al. 2013). Some studies have suggested that users having growing concern
over privacy concern related to OSNs and are increasingly worried about it (Marwick et
al. 2010; Rainie et al. 2013). Similarly, while research studies have studied the impact of
Internet on psychosocial well-being, the impact of psychosocial well-being on
disengagement from an OSN has not yet been studied. Thus, this research contributes to
IS literature by introducing disengagement theory in understanding user’s disengagement
process from social networking sites. The major contribution of this research comes
through the understanding of the role of fear of missing out and addiction in this
disengagement process. Thus, the research makes a crucial theoretical contribution in the
sense that it introduces a richer theory to understand the disengagement process along
with the role of the different variables explained above.
This research contributes to practice as well because users can understand the
effect of fear of missing out and addiction in their OSN usage behavior. OSN addiction
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has been considered a mental health problem that requires professional treatment (Kuss
and Griffiths 2011). As such, this research will help the people to understand why some
of the users are unable to disengage from an OSN despite its negative effect on their
health, education, work, etc. This can be useful to organizations as well to understand
why some of their employees use OSNs at work despite the organization’s policy. Also,
some organizations have failed to create their ‘internal’ OSN to share and transfer
knowledge and information across employees (or business partners) working at different
branch offices at different part of the world (Healey 2011). This research may help such
organizations to understand what it takes for individuals to stay engaged on such social
networks and share knowledge.
Organization of the study
This research is organized into five chapters. Chapter I introduced this research by
presenting the research questions, research objective, the scope of the research, research
method, and the significance of the study. Chapter II provides a review of current
literature related to OSNs. It explains the different variables used in the research model
along with an analysis of the literature accompanying them. This results in a definition of
the hypotheses and the research model used in this study. Chapter III presents the
empirical method used for testing the measurement and structural model. It discusses the
adaption of the items used to measure the variables used in the research model, explains
the sample selection, and describes the overall process of the expert panel review, pretest
and pilot studies. Chapter IV presents the analyses of the data collected for this study and
presents the result for both measurement model and structural model testing. Chapter V
concludes this study with a summary of the research, discussing implications for
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researchers and practioners and by presenting the limitation and future research
opportunities for this study.
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LITERATURE REVIEW, MODEL, HYPOTHESES
Users may have negative experiences on an OSN as a result of which they intend
to discontinue OSN usage as a coping mechanism (Joinson et al. 2011). The purpose of
this study is to determine what may lead users to discontinue usage of an OSN and what
role does fear of missing out and addiction play in that process. This chapter begins by
discussing the rise of OSNs, the role of privacy calculus and psychosocial well-being,
and the impact of fear of missing out and addiction on the different relationships leading
to intention and actual disengagement. This chapter also presents the hypotheses and
research model for this study.
The rise of OSNs
With the introduction of Web 2.0, OSNs have gained soaring popularity among
web users as 67% of Internet users in the United States (Duggan and Brenner 2013) and
50% of European Internet users (Commission 2011) use social networking sites. OSNs
such as Facebook, Twitter, Friendster, and LinkedIn have gained mass acceptance among
the general public to become an important social platform for computer mediated
communication (Correa et al. 2010). Since the inception of Myspace and LinkedIn in
2003, followed by Facebook and Flickr in 2004, and YouTube in 2005, OSNs have
gained momentum (boyd and Ellison 2007). At present, there are hundreds of OSNs
catering to diverse audiences but all with the common interest of connecting with people
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and maintaining relationships. The popularity of OSNs can be seen by the fact that
Facebook alone has over 1 billion active users as of March 2013 as compared to 500
million active users on July 2010 and 60% of these users use Facebook everyday
(Facebook 2013). The number of registered Twitter users is 645 million as of January
2014 (Codone 2014) as compared to 140 million active users in March 2012 (Twitter
2012).
As OSNs allow individuals to create profiles, share text, photos and videos, and
other personal information, this cyber environment enables users to present themselves to
others and thus, connect, develop, and maintain relationship (Ellison et al. 2007b; Lin and
Lu 2011). Most of the OSNs allow individuals to construct a public profile within a
bounded system, and articulate a list of other users with whom they share a connection
(boyd and Ellison 2007).
The tremendous popularity of OSNs derives from the fact that they allow users to
express their feelings, share information, and connect with others. In Twitter alone,
people post more than 500 million tweets each day in 2014 as compared to 5,000 tweets a
day in 2007 (Twitter 2014). This number is even bigger for Facebook as 2.5 billion
pieces of contents are shared on it each day (leveragenewagemedia.com 2014). This
shows that online users are no longer passive information takers as they constantly
engage in social networks and are active content creators (Hajli 2012). Disclosure of
information and contents, regardless of the context, plays an important role in the
development and maintenance of relationship (Collins and Miller 1994; Morry 2005).
Given such extensive use of OSNs, it is safe to assume that OSNs have a strong impact
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on online as well as offline social relationships people create (Pollet et al. 2011). It would
be impossible for today’s generation to think of Internet without thinking about OSNs.
The exponential growth of OSNs has motivated a burgeoning stream of research
in this field. Some of the popular issues related to OSNs such as privacy concerns, the
privacy paradox, and privacy calculus have been studied in previous research (Acquisti
and Gross 2006; Krasnova and Veltri 2010; Li et al. 2010a; Yoo et al. 2012). Some
studies are focused on a general analysis of the OSN phenomenon such as the history of
OSN, its growth, and classification of types of OSNs (boyd and Ellison 2007; Richter and
Koch 2008). Table A1 in Appendix A1 shows some of the most popular themes that have
been studied in the OSN and social media literature. Factors such as post-adoption usage
of OSNs (Boer 2007), psychosocial well-being on OSNs (Kross et al. 2013) and
alternative attractiveness have been infrequently studied.
Continuance, discontinuance and switching behavior on OSN
The post-adoption behavior of OSN users differs. The continuance behavior of
users implies the post-adoption behavior of users that encourage users to continue
engaging in the technology that they adopted (Bhattacherjee 2001). The discontinuance
behavior implies a complete disengagement or stoppage of usage of technology that was
being used in the past. Also, there would be users who would switch from one adopted
technology to another technology for various reasons. With the immense popularity of
OSNs currently, there has been increasing research studies on post-adoption behavior
such as continuance, discontinuance, and switching behavior of OSN users.
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Research on continuance behavior
The last two decades in IS research have seen an increasing amount of research on
technology acceptance and usage. The innovation diffusion theory (Rogers 1995), the
technology acceptance model (Davis et al. 1989) and the theory of planned behavior
(Ajzen 1991) have been repeatedly used to examine the factors that determine the
adoption or non-adoption of technology. The post-adoption behavior, also known as postimplementation behavior or IS continuance usage, has received limited attention in IS
literature(Bhattacherjee 2001; Bhattacherjee and Premkumar 2004; Limayem and Cheung
2008; Limayem et al. 2007). Indeed, IS continuance and prevention of discontinuance of
IS technology is an equally important issue of the information system (Parthasarathy and
Bhattacherjee 1998) life cycle, if not more . Prior research on IS continuance has
confirmed that IS adoption and IS continuance are determined by a different set of
antecedents (Limayem et al. 2003) as antecedents employed to explain the intention to
use a technology by an adopter explains considerably less variance required to explain
usage intention of more experience users (Taylor and Todd 1995).
IS continuance has been studied both at the organizational and individual level. IS
continuance at the individual level is central to the survival of electronic commerce firms
such as online retailers, travel companies, and financial firms (Bhattacherjee 2001).
Venkatesh et al. (2011) expanded the IS continuance model (as shown in Figure 2.1)
developed by Bhattacherjee (2001) by incorporating the changes in the pre-usage beliefs
and attitude through addition of disconfirmation and satisfaction constructs. Similarly, the
users’ source of influence, service usefulness, and network externality are some of the
variables that differentiate continuers of online services with the discontinuers of such
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online services (Bhattacherjee and Premkumar 2004). Saga and Zmud (1993) analyzed IS
post-adoption at the organizational level for their six-stage IT implementation model that
included organization’s commitment towards IT projects, altercation or routinization of
projects, and the embedding and infusion of the IT into the organization.

Figure 2.1

A post acceptance (expectancy-confirmation) model of IS continuance

Similarly, research on continuance usage of OSN has been increasing. IS
literature has shown that the antecedents for adoption of OSN and continuance of OSN
are different. Wu et al. (2014) used the UTAUT model to investigate the antecedents of
OSN continuance. The research found that all the key constructs of UTAUT, namely,
social influence, performance expectancy, effort expectancy and facilitating conditions
are direct determinants of users’ continued use of OSNs. Kim (2011) used the
expectation-confirmation model to understand the continuous use of OSN and found that
perceived usefulness, enjoyment, satisfaction, influence and confirmation affects the
intention to continue using an OSN. McKnight et al. (2011) used privacy calculus to
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determine the antecedents of continuous use of an OSN and their result showed that
perceived enjoyment, perceived usefulness, information sensitivity, privacy concerns, and
trusting beliefs affects intention to continue OSN usage. As shown in the Table A2 in
Appendix A2, there have been several research studies on the continuance behavior of
users in relation to Information Systems and OSNs specifically. Most of the research
studies are focused on using UTAUT as the foundation of understanding the continuance
behavior of users followed by flow theory and uses and gratifications theory.
Research on disengagement behavior
While IS literature is so focused on the continuance of information system and
OSN usage, there is limited research on disengagement from information systems
(Swanson and Dans 2000). A review of more than 1000 articles in seven leading
Management Information Systems (MIS) journal over the past 20 years shows that only 4
articles are specifically focused on the discontinuance of IS (Furneaux and Wade 2011).
As such, the limited study on disengagement behavior of IS users presents further
research opportunities. The decision to disengage from a technology is a significant issue,
especially at the organizational level.
While some may argue that studying continuation of IS is the same as studying
discontinuation or disengagement, there is one main reason why continuation does not
suitably account for IS discontinuance (Furneaux and Wade 2011). Continuance decision
can occur without any conscious choice or planning (Kim et al. 2005). Disengagement
requires conscious commitment to reject an already accepted status quo and can have
many spill-over effects on a user’s life. Research on disengagement is of primary concern
for many online service firms including OSNs. Previous studies show that the negative
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interpersonal influence of a service discontinuer is generally more persuasive than the
positive interpersonal influence (Parthasarathy and Bhattacherjee 1998). Individuals
observe the behaviors of similar others and that bandwagon or herding effects occur
while deciding to adopt or discontinue use of a technology (Sun 2013; Walden and
Browne 2009). The IS literature falsely shows continuance of IS as an extension of
technology adoption behaviors and employs the same set of variables to explain both the
acceptance and continuance decisions. It shows that continuance co-varies with
acceptance (Davis et al. 1989; Karahanna et al. 1999) and thus, fails to explain why some
users disengage or discontinue IS use after adopting the technology (Bhattacherjee 2001).
Some previous studies have examined user’s decision to discontinue using one system for
another (Polites and Karahanna 2012; Ye et al. 2008)), however, with much focused on
how user’s will embrace the newer system (Recker 2014).
Parthasarathy and Bhattacherjee (1998) used the innovation diffusion theory to
examine user’s discontinuance of online services subscription. The study distinguished
the discontinuers from continuing adopters based on traits such as sources of influence
(external and interpersonal), network externality, perceived usefulness, and compatibility.
It also explored if replacement or disenchantment could be the reasons behind
discontinuance. Kazmer (2007) developed a grounded theory based on the qualitative
study to understand the disengagement process of users from online social groups.
Activities that people undertake while disengaging from such online groups may affect
people’s lives and personal relationships. The study developed 12 dimensions of the
disengaging process from an online social world. Kazmer (2012) states that members in
an online community have distinct roles both ‘inside’ and ‘outside’ the online
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community. When the “inside” and “outside” roles intersect, the disengaging process
starts. Alam and Wagner (2013) propose a model to investigate the discontinuation of
using a social networking site through gratifications and distress factors. Factors such as
disconfirmation of relationships, entertainment, information seeking, and ease of use
affect the satisfaction related to the usage of an OSN. Also, distress variables such as
relationship dissonance, OSN-work conflict, and information overload affect satisfaction
related to usage of OSN. This level of satisfaction or dissatisfaction affects intention to
discontinue using OSN. Similarly, Maier et al. (2012) explains the impact of stress such
as social overload, and emotional exhaustion on satisfaction and intention to discontinue
using OSNs. As can be seen from Table 2.1, research on discontinuation and
disengagement of OSNs has been very limited.
Switching behavior
The innovation diffusion literature (Rogers 1995) suggests that users may
discontinue using a service either to replace it with a better alternative or because of
dissatisfaction with it. While the reasons to discontinue usage of an OSN may vary from
person to person, it is important to understand the disengagement process (Parthasarathy
and Bhattacherjee 1998). To understand more about the disengagement behavior, future
studies should focus on customer’s switching behavior (Fan and Suh 2014). The IS
research has focused so much on users’ continued use of IS as a part of post-adoption
behavior that research on switching behavior of users has been limited (Bhattacherjee et
al. 2012; Hsieh et al. 2012). The importance of studying user’s switching behavior
becomes even more important when users have many alternative services to choose from.
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Thus, the discontinuation of existing IT demands research on switching behavior of users
to another IT (Fan and Suh 2014).
Switching from one service to another for a better alternative remains an
important research area in relationship marketing literature (Bansal et al. 2005). With the
prevalence and popularity of online social platforms, there have been increasing research
on switching behaviors of users on online services (Kim et al. 2006; Ye et al. 2008;
Zhang et al. 2009). As shown in Table 2.1, most of the research studying the switching
behavior of users from one OSN to another is using the push-pull-mooring framework.
This theory helps to understand how factors such as satisfaction, switching cost, sunk
cost, weak connections, relative enjoyment, relative ease of use, and alternative
attractiveness lead to the creation of intention to disengage from an existing OSN or
social media for a better alternative (Hsieh et al. 2012; Zhang et al. 2012). People look at
the positives of a newer OSN (pull factor), the negatives of staying with the existing OSN
(push factor), and the switching cost such as loosing network of friends if migrated to a
newer OSN (mooring factor). Also, individuals migrate to newer disruptive technology
when the performance of older technology does not meet their expectations (Fan and Suh
2014). This is more of the case with OSNs where there are hundreds of alternatives
available free of cost. Thus, there are higher probabilities that people will disengage from
their current networking site and switch to a newer networking site when they find a
better alternative or are influenced by peers to do so.
It is important to understand that switching behavior is different than
disengagement behavior (Keaveney and Parthasarathy 2001). As switching behaviors
include user acceptance of the new IT and discontinuance of the old IT, switching
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behavior is not the major topic of study in this research. However, as it provides some
valid reasons for people to discontinue using OSNs, it is a vital part of understanding the
discontinuance process. A referral to switching behavior to understand discontinuance of
OSN has been made in this research by studying ‘alternative attractiveness’.
Disengagement theory
The continuation and discontinuation/disengagement of information technology
has been explained through several theoretical lenses in IS literature. One of the most
widely used theories to explain continuation of IT is the expectation-confirmation theory
(Hsu et al. 2013; Mantymaki and Islam 2013; Yin et al. 2011) which explains postadoption satisfaction as a function of expectations, perceived performance and
disconfirmation beliefs. Previous literature has also used TAM (Krasnova et al. 2010),
UTAUT (Hardin et al. 2012), and uses and gratification theory (U&G) (Shi et al. 2010)
to explain the continuation of IT usage. Push-pull-mooring model theory has been used
by several IS researchers to explain the switching behaviors of users among different
technologies including OSNs (Fei and Bo 2014; Hou et al. 2011; Zengyan et al. 2009;
Zhang et al. 2012). Innovation diffusion theory, social exchange theory and user and
gratifications theory has been used to investigate disengagement of users from IT (Alam
and Wagner 2013; Parthasarathy and Bhattacherjee 1998). All these theories hold their
merit to explain the continuance, discontinuance, and switching behaviors of users from
one OSN to another OSN to some extent. However, these theories are context specific
and are used along with specified constructs that come along with them. Thus, this paper
uses disengagement theory to explain a user’s process of disengagement from a specific
OSN as it seems to relate to the constructs presented in this study.
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Disengagement theory was pioneered to describe the “mutual withdrawal….
between the aging person and others in the social system” (Cummings and Henry 1961, p
14). However, the theory was further developed to incorporate the individuals
disengaging from social groups (Ebaugh 1988). Although, scholars from social science
have used the theory to explain separation from marriage (Erikson 1993) or
disengagement from radical groups such as drug cults and religious groups (Levine
1984), the focus here would be to use disengagement theory to explain disengagement
from a social group (Ebaugh 1988). Disengagement theory has been defined as having a
variety of stages. Jacobs (1989) stated that disengagement occurs when an individual is
dissatisfied with the group, completely ends a relationship with the group and then
reestablishes social bonds outside of the group. Levine (1984) states that disengagement
occurs when there form “seeds of doubt” on individuals mind about the social group.
Ebaugh (1988) states that the thought of disengagement occurs when there is doubt about
one’s existing relationship within a group, resulting in the seeking and weighing of
alternatives, followed by some turning event, leading to the development of a new
identity with a new group. As can be seen from these studies, the disengagement process
varies according to contexts and different kinds of movements as each group has its own
complexities and nuances (Bjørgo and Horgan 2009; Fink and Hearne 2008). Despite
different conceptualizations of disengagement theory in social science, there are
commonalities as well (Boer 2007).
The disengagement theory starts with the individual’s doubts and dissatisfaction
with the social group. During this phase, the individual is feeling dissatisfied, lonely, hurt
and may find differences in the values and beliefs from the social group. This decreases
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the well-being of the individual. This can be related to an OSN setting, where the level of
satisfaction and self-esteem of a user may go down because of what he or she experiences
in the online environment. Such a decline in psychosocial well-being because of the
distress caused by an OSN may lead to disengagement from the OSN (Lowry et al.
2011). An anticipatory socialization during the doubting phase may reduce the chances of
disengagement from the group (Ebaugh 1988). People whom the individual seek out for
suggestions or looks up to compare behaviors, has a huge impact on the decision to
disengage (Altemeyer and Hunsberger 1997).
Individuals who are planning to disengage from a social group always seek and
weigh their options (Ebaugh 1988; Levine 1984). People look at the benefits and costs of
staying with the social group and the cost of leaving that social group. Such seeking and
weighing of alternatives can be a major factor that helps a user decide to disengage from
OSN use (Alam and Wagner 2013). In an OSN setting, users compare the privacy
concerns of staying with an OSN and the benefits such as enjoyment, usefulness, and
social capital that one receives through the OSN. At this stage, an individual look outside
his/her current role toward other new roles and alternatives (Gambardella 2008). OSN
users may start looking for attractive alternatives that fulfill what is lacking in the current
OSN. Individuals looking for such alternatives prepare themselves for physical and
mental transitions such as disengagement from OSN use (Harris 2011b).
When an event in a social group affects an individual’s life negatively (Ebaugh
1988; Gambardella 2008), it forces the individual to make a concrete decision about
disengaging from the group. Such a turning point may be an abrupt and dramatic event or
a slowly built up event that changes the existing situation and environment. In an OSN
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context, such an event can include the hacking of the OSN account, cyberbullying by
friends, or a sexual approach by strangers. Thus, online victimization is one such event
that may help users to make a final decision regarding disengaging from OSN use.
The disengagement theory also discusses forming a new identity with a new
social group. As this study is limited to the disengagement of users from a specific OSN
only, this might fit well for future research that studies switching between OSNs. As can
be seen in Table 2.1, there has been very little IS research that has used disengagement
theory to explain the user’s discontinuation from the use of OSNs. It is evident that users
will eventually disengage from a social network as a social network is temporary in
nature and as in the case of aging people who disengage from social activities and groups
with age, the users of online network also disengage with time (Kazmer 2002).
Table 2.1

Disengagement and switching behavior in IS research

Sources

Theory Used

Description

(Alam and Wagner
2013)

Uses and gratifications
theory, and social exchange
theory

Investigates disengagement
from social networking sites
based on gratification and
distress factors.
Proposes IT switching behavior,
by focusing on why users who
are already using a certain IT
product or service, decide to
switch to a competing one.
Examines the three categories
of antecedents for OSN
switching intention: push (i.e.,
dissatisfaction and regret), pull
(i.e., alternative attractiveness),
and mooring (i.e., switching
costs) factors.

(Bhattacherjee et al.
2012)

Unified theory of
acceptance and use of
technology and innovation
diffusion theory

(Chang et al. 2014)

Push–pull–mooring model
theory
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Table 2.1 (continued)
(Fan and Suh 2014)

Technology switching
model theory and
expectation
disconfirmation theory

(Fei and Bo 2014)

Push–pull–mooring model
theory; gratifications
theory

(Hou et al. 2011)

Push–pull–mooring model
theory

(Hsieh et al. 2011)

Motivation theory and
switching cost theory

(Hsieh et al. 2012)

Push–pull–mooring
framework theory

(Kazmer 2007)

Grounded theory
(Developed)

(Kazmer 2012)

Disengagement theory
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Proposes a technology
switching model to
generate users’ switching
behavior from an
incumbent IT to a
disruptive one.
Uses push-pull-mooring
model and the uses and
gratification theory to
investigate factors
influencing OSN users'
switching behavior.
Adapted the push–pull–
mooring model, which
analyzes human migratory
behavior to study the game
switching of gamers.
Based on motivation theory
and switching cost, study
investigates the new
switching phenomenon,
from blogs to social
network sites.
Attempt to understand
specifically how push, pull
and mooring factors shape
their switching intentions
from blogs to OSNs.
A qualitative study that
develops a model of the
disengaging process
encompassing twelve
dimensions.
Explores the
disengagement of people
from intrinsically transient
social worlds applying
disengagement theory.

Table 2.1 (continued)
(Kim et al. 2006)

(Maier et al. 2012)

(Parthasarathy and
Bhattacherjee 1998)

(Polinar et al. 2013)

(Stieger et al. 2013)

(Zengyan et al. 2009)

(Zhang et al. 2012)

No specific mentioning of
any theory

Proposes mechanisms
associated with users’
intention to switch their
current email service
provider.
ExpectationExplains the stress,
disconfirmation theory
emotional exhaustion, and
quitting behavior of social
network sites' users.
Innovation diffusion theory Explores post-adoption
behavior (discontinuation)
in the context of online
services.
No specific mentioning of
Examines five factors that
any theory
affect intentions to switch
from Friendster to
Facebook by Philippine
users.
No specific theory given
Investigates if Facebook
quitters have the same
personality, Internet
addiction, and privacy
concern as non-quitters.
Push-pull-mooring effect
Adapts the push-pulltheory
mooring framework to
enhance the understanding
of factors influencing the
switching intentions of
OSN users
Push-pull-mooring effect
Examines specific push,
theory
pull, and mooring factors
pertaining to the switching
between blog service
providers.
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Privacy calculus
While the current study is focused on the disengagement of users from OSN use,
it is important to understand the “calculus of behavior” (Li et al. 2010a) which is
influenced jointly by competing benefits and cost factors. Privacy calculus is one of the
major factors that define disengagement of existing users from usage of OSN. Selfdisclosure of information on OSNs and the worldwide adoption of it have raised
significant security and privacy concerns. With increasing amount of information being
shared in OSNs, more and more scholars in IS have examined online privacy issues
related to the collection and use of personal information. Previous studies in IS have
studied privacy and information disclosure in many different contexts such as,
eCommerce and online shopping (Awad and Krishnan 2006; Hui et al. 2007; Van Slyke
et al. 2006; Sharma and Crossler 2014a; Sharma and Crossler 2014b), mobile
technologies (Xu et al., 2012), Internet banking (Wang et al. 2003), e-government
services (Gefen et al. 2002), general Internet use (Dinev and Hart 2006; Malhotra et al.
2004) and social network (Bulgurcu 2012; Krasnova et al. 2012). Despite the existing
privacy concerns, people often reveal their personal information online. This has
previously been captured by studying the ‘privacy paradox’ (Jensen et al. 2005) and has
been partly explained by the extensions of the social exchange theory (Hui et al. 2006)
and privacy calculus theory (Dinev and Hart 2006). People consciously weigh the risks
and benefits of disclosing personal information on OSNs. Individuals will engage in
disclosing their personal information only if they believe that the overall benefits they
receive from the disclosure is greater than the assessed risk of disclosure (Culnan and
Bies 2003). Such subjective assessment of potential costs and benefits of using a
34

technology determines user’s behavioral intention to disclose or use the technology
(Dinev and Hart 2006; Li et al. 2010a; Malhotra et al. 2004).
Previous studies have provided strong support for the positive effect of perceived
benefits and negative effect of perceived privacy concerns or risk on an individual’s
adoption or usage behavior in the context of eCommerce (Belanger et al. 2002; Dinev et
al. 2006), Internet use (Dinev and Hart 2003), and adoption of location based-services
(Zhou 2011a). Similarly, research on OSNs has also found that users would perform a
risk-benefit analysis to assess the adoption or continuation of a certain OSN (Bulgurcu
2012; McKnight et al. 2011). Building on this Privacy Calculus theory, this study aims to
understand the dynamics behind engagement and disengagement of individuals from a
specific OSN.
Perceived privacy concerns
Information privacy implies the desire of individuals to control the data about
themselves (Bélanger and Crossler 2011). As such, any such treats to information privacy
online or offline raises privacy concerns on such personal information (Xu et al. 2013).
Such threats reflect the possibility of the user’s personal information to be leaked, stored
and used without authorization. Thus, online privacy concerns imply the “concerns about
opportunistic behavior related to the disclosure of personal information submitted by the
respondent in particular” (Dinev and Hart (2006 p 64). As OSNs are public platforms by
design, any information shared on it carries a significant risk of being collected, stored
and used without authorization. Indeed, seemingly innocent personal information such as
personal pictures, addresses, status updates, and personal opinions can be career killers as
third parties such as advertising agencies, employers, law enforcement agents, creditors,
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and tax authorities are increasingly relying on OSNs for information (Hogben 2007;
Krasnova and Veltri 2011). Such privacy related issues can include a negative impact on
personal and family lives (Justice 2007), damages to reputation (Afroz et al. 2013), and
identity theft and psychological pain such as embarrassment and addiction (Turel and
Serenko 2012).
The pervasive use of Internet and OSNs for day to day activities has made it
difficult for individual’s to maintain privacy of their information. Since the inception of
Internet, privacy concerns is the single most frequently cited reason why individuals
decline to use Internet (Dinev et al. 2008; Westin 2001). As such, the privacy concern
construct has become one of the most widely used variable in IS research to predict the
privacy-related behaviors (Dinev and Hart 2006; Malhotra et al. 2004; Xu et al. 2008).
Recently, a burgeoning stream of research is investigating information privacy concerns
in OSNs (Dhami et al. 2013; Dwyer et al. 2007; Johnson et al. 2012). The findings of
these studies were often different from one another and sometimes, contradictory as well.
Some studies found that OSN users seem to be oblivious to privacy risks and thus,
comfortable sharing their personal information on social network (Hugl 2011; Rosenblum
2007). Despite the privacy risk, people will still use OSNs and share their personal
information (Acquisti and Gross 2006; Tufekci 2008). Other studies found that privacy
concerns are more prevalent among OSNs users and negatively impact self-disclosure
and OSN usage behavior (Krasnova et al. 2009b; O'Brien and Torres 2012; Shin 2010;
Xu et al. 2013). One study has found that OSN quitters are more cautious about their
online privacy than continuous users (Stieger et al. 2013). Users who are experiencing
negative experiences such as privacy concerns are quitting their online social life by
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committing virtual identity suicide (Eldon 2011). Studies related to privacy concerns in
information systems research and specifically to OSN research are summarized in the
Table A3 presented in Appendix A3.
In a social network environment, information privacy may imply the level of
identifiable information used by the vendor and the possible unauthorized uses of that
information. These privacy concerns can range from information threat, such as digital
aggregation and improper access of personal data by third parties, to dangers arising from
the social environment, such as online stalking by a prospective employer, bullying by
classmates, or sharing of private data to the world (Hogben 2007).The ever increasing use
of social media has changed the way people view the privacy of their information. People
potentially lose control over personal information as information shared to a primary
party may quickly and unknowingly reach third-parties. There have been numerous
studies that have empirically verified the inverse relationship between privacy concerns
and intention to disclose information or use Internet (Chellappa and Sin 2005; Dinev and
Hart 2006; Malhotra et al. 2004). The impact of privacy risk on a user’s social
networking behavior and intention to use OSN has been studied in recent literature
(Krasnova et al. 2010; Krasnova and Veltri 2010). Thus, in a social network environment
where customers have concerns for privacy, they may not intent to disengage from OSN.
As privacy concerns refer to an individual’s subjective view of fairness within a
given context (Campbell 1997), defining it for general use may not be straightforward.
Thus, despite the recent attention in the academic community, research that focuses on
privacy issues in OSNs is still limited in scope and depth. Existing disagreement between
research findings, as shown in the Table A3 in Appendix A3, can be partly blamed on the
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differences in use of general privacy concerns and specific privacy concerns in the OSN
research field (Krasnova et al. 2009a; Li et al. 2010a). Previous studies have measured
privacy concerns with different names and in different ways. Some practioners have used
one-dimensional global information privacy concern (GIPC) to measure individuals’
concern for privacy concerns (Smith et al. 1996). The concern for information privacy
(CFIP) which reflects four dimensions of the organizational privacy concerns was
recommended over one-dimensional GIPC (Stewart and Segars 2002). These multidimensions consist of collection of information, improper access, unauthorized secondary
use and error. The Internet users’ information privacy concerns (IUIPC) which reflects
three dimensions of the Internet users’ concerns about information privacy was later
developed (Malhotra et al. 2004). IUIPC consist of collection of information, control,
and awareness of privacy practices. Recently, Xu et al. (2012b studied mobile users’
information privacy concerns (MUIPC) and applied communication privacy management
theory to present with three dimensions, namely perceived surveillance, perceived
intrusions, and Secondary Use of Information. While conceptualizing information
privacy concerns as a second-order factor avoids several problems in the interpretation of
the role of information privacy concerns in a structural model (Malhotra et al. 2004), it is
impractical and non-parsimonious to study privacy concerns as multi-dimensional (Lee
2014). Therefore, the current study utilizes a unidimensional construct measured by a
reflective scale adapted from Dinev and Hart (2006).
While the definitions for information privacy may vary from one research study to
another, the basic elements that form privacy concerns has little variance (Bélanger and
Crossler 2011). The following section discusses the different aspects of privacy concerns.
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Perceived surveillance
The collection of information, be it legitimate or illegitimate, is always the
starting point of privacy concerns in any communication media (Malhotra et al. 2004).
Such release of personal information present huge risk as the individuals now become
vulnerable to firms’ opportunistic behavior (Milne and Gordon 1993). While individuals
would want to assume that there is a certain amount of fairness in the ways companies
deal with their personal information, they would be reluctant to release personal
information if they expect negative outcomes (Cohen 1987). Collection of personal
information disclosed by OSN users is closely related to the boundary permeability
principle from communication privacy management theory. However, it implies lower
permeability in present conditions where websites, including OSNs, are not just engaged
in the collection of data but also the surveillance of individuals’ activities (Xu et al.
2012a) through cookies that track and trace every online move beyond a particular
website or network (Roosendaal 2011). Similarly, the social networks such as Facebook,
Twitter, and Foursquare may constantly track users’ locations and thus, where they
shopped or where they checked in (Roosendaal 2011). OSN are moving beyond location
tracking to some other invasive data collection practices such as face recognition
technology and other surveillance activities that scrutinize every move of OSN users.
Thus, this present study uses perceived surveillance to understand this invasive behavior
of OSNs of “watching, listening to, or recording of an individual’s activities” (Solove
2008).
The best way to protect personal information is to keep the information with one’s
self. However, this rarely happens in the age of social networks and social media. As
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people share their pictures, status, friends circle, addresses, etc. on an OSN, there is a
huge depository of data being mined by these OSNs and third parties. Facebook Graph,
for example, gives a good estimation of what user’s information and data the OSN has
collected and stored over a period of time. It is often beyond the user’s imagination that
the information collected and tracked by the OSNs can be integrated and inferences can
be made out of it (d'Aquin and Thomas 2013). Gathering and storing personal
information through online forms and cookies, without an individual’s consent, in an
effort to provide better customer service, is perceived as highly questionable, unethical
and risky(Brown and Muchira 2004; Park et al. 2014; Stead and Gilbert 2001). Though
users in OSNs willingly share their identities and information with their friends, this does
not imply that they are not concerned about third parties using their information as a
source for data mining and surveillance (Kietzmann and Angell 2010). OSN users have
concern about how these social media sites passively facilitate or actively encourage the
surveillance of the information (Kietzmann et al. 2011).
Secondary use of information
Secondary use of information implies a situation where information is collected
from an individual for one purpose but is used for some other purpose such as profiling
individuals and identity theft (Smith et al. 1996). Petronio (2012) mentioned how a
linkage is established when data access is granted to another entity such as a social
network to become a co-owner of private information. However such linkage
coordination may be violated when the receiver of the information uses the information
for unauthorized purposes without the customers’ awareness (Xu et al. 2012a). In an
OSN environment, the data provided by the individuals may be used by the network
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provider for unauthorized use or may be sold to a third party such as advertising agents. It
is a well-known fact that networks, such as Facebook, use the information provided by
users during the registration phase such as pictures, e-mail address, birthday, physical
address, education history, and interests to personalize friend suggestions, face
recognition, advertisements, etc. (Balduzzi et al. 2010). Some OSNs even sell the
personal information to third parties like human resource agents, the FBI, and other
government agencies. Be it internal unauthorized Secondary Use of Information or
external, all such incidents create privacy concerns among users (Smith et al. 1996). The
business models of OSNs are created in such a way that these sites usually provide free
membership service to the users for revenue generated through advertisements targeted to
individuals based on information provided, personal data sold to human resource agents,
etc. (Spiekermann and Cranor 2009). Such unauthorized secondary use of information
limits control of an individual on his/her personal information as third parties can have
access to this information (Culnan and Williams 2009). The secondary use of information
generates fear, risk, uncertainty and a sense of powerlessness and vulnerability among the
data providers (Malheiros et al. 2013; Solove 2008).
Perceived relevance
When data requested appears to have a bearing on the purpose of the issue, people
perceive it as relevant information (Stone 1982). Users see more privacy risk when they
have to provide information that is irrelevant to the purposed transaction. It is important
to understand that the same information request can be seen as more or less acceptable
depending on the context of the disclosure (Hine 1998; Malheiros et al. 2013). When
information that is deemed to be of lower relevance is requested, it is often associated
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with higher privacy invasion and risk (Culnan 1993; Graeff and Harmon 2002; Stone and
Stone 1990) and higher privacy cost (Annacker et al. 2001). The perceived relevance of
information collected for the purpose of the transaction is consistent with the fairness of
information exchange principle as it states that “only certain categories of data ought to
be collected and, possibly, that data collection should be restricted to the minimum
necessary to fulfill the specified purpose” (OECD 1980). Thus, the OSN that collects
information relevant to the transaction is assumed to respect and protect information
privacy while those requesting irrelevant information would be expected to violate
information privacy through the unintended use of the information for unauthorized
purposes (Li et al. 2010a). Presently, OSNs ask for a variety of irrelevant information
while registering to the sites such as phone number, addresses, invitations to other
friends, and education history. Similarly, third party applications such as OSN games
require you to handover your phone number, friend’s list, pictures, addresses, and buying
history to them. This has resulted in third parties receiving the user’s personal
information which they can sell on the market. Eventually, the users face spamming from
advertisement agents, and reverse social engineering risk from hackers who buy this
personal information from third parties (Bilge et al. 2009; Gao et al. 2011). Thus, such
irrelevant information being asked by OSNs and third party applications has created
privacy concerns among its users (Li 2011; Lwin et al. 2007).
Perceived benefits
Perceived benefits refer to a user’s overall expectation of positive outcomes from
an OSN without any significant privacy threats (Bulgurcu 2012). Individuals are likely to
give up a degree of privacy in return for potential benefits related to OSNs. While the use
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of other technologies can result in benefits, such as monetary incentives, and
convenience, the antecedent of benefits from social networking sites are quite different
(Bulgurcu 2010). Rather, socialization, fun and enjoyment, usefulness in communicating
and interacting with friends, bridging, bonding, and maintaining social capital are some
of the most common benefits received from OSNs (Ellison et al. 2007a; Hogben 2007).
Although the specific forms of benefits may differ from one study to another, the general
literature suggests that perceived benefits help to counterbalance the risk perceptions
caused by privacy concerns (Li 2011). Thus, perceived enjoyment and social capital are
two of the benefits that stand out to the customers engaging in social networks. Users
evaluate the attractiveness of products or services based on the enjoyment they receive
from OSNs, and the gains received from resources created online (Ellison et al. 2007b; Li
et al. 2010a; Moon and Kim 2001; Rosen and Sherman 2006). While some researchers
believe that perceived usefulness is one of the factors leading people to use technologies,
hedonic technologies (such as Facebook, Chat, or Video games) offer little, if any,
instrumental gains (Turel, Serenko and Bontis, 2010). Thus, the effect of perceived
usefulness is marginal in such contexts. Using perceived usefulness as a factor driving
continuance or discontinuance of technology loses their productivity-oriented meaning
(van der Heijden 2004; Lin and Bhattacherjee, 2007).
Perceived enjoyment
OSNs are hedonic systems that people use mostly for the entertainment and
playful services. As hedonic systems, OSNs are better suited for perceived enjoyment
than ease of use for determining its value (Shin and Shin 2011). In regards to social
networks, perceived enjoyment can be defined as the degree to which a user believes that
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using a social networking site to communicate with other users will increase his sense of
satisfaction and pleasure (Hsu and Lin 2008). Perceived enjoyment acts as an intrinsic
motivation to adopt and continue certain IT service usage (Lu et al. 2009; Van der
Heijden et al. 2003) and is the strongest predictor of the intentional and actual use of a
social network (Sledgianowski and Kulviwat 2008). From a perspective of a hedonic
framework, OSNs provide a variety of enjoyment to users. OSN users may find it
pleasurable to share their pictures, videos, status updates, purchase history, recent
experiences, life story, and so forth (Krasnova et al. 2009b; McKnight et al. 2011).
Indeed, the social network environment is designed in such a manner that people derive
more pleasure when purchases, personal information, recent activities and other
experiences are shared among friends (Krasnova and Veltri 2011). OSNs provide a sense
of gratification to the users as it allows individuals to share experience, maintain a sense
of connectedness, assist in image development, feel self-enhanced, and provide the
possibility to interact with others (Hogben 2007; Newman et al. 2011).With time, OSNs
have incorporated more features such as video chat, multiplayer online games, and online
gift sharing to make the user’s stay more enjoyable. Thus, perceived enjoyment leads to a
lower intention to disengage from a social network as users have stronger motivation to
continue using the OSN (Hui et al. 2006; Kang and Lee 2010).
Social capital
Social capital broadly refers to the resources accumulated through the
relationships among people, with value or benefits for the members of the social relations
(Coleman 1988). It implies the benefits one receives from their social relationship (Lin
1999). Online personal interaction breaks the boundary of physical, face to face
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communication and thus, assists in creation of social capital. A strong social capital
fosters commitment of members towards the group and increases the ability to mobilize
collective action (Ellison et al. 2007b). Similarly, a decline of social capital may force a
community to experience social disorder, reduced participation in civic activities and
distrust among community members. At the individual level, social capital allows a
person to draw on resources such as useful information, personal relationships, and any
other benefits from other members of the network to which he/she belongs.
The use of OSNs such as Facebook can help an individual in the formation and
maintenance of social capital (Ellison et al. 2007b). As per previous research, three forms
of social capital are created by OSNs: bridging, bonding, and maintained (Ellison et al.
2007b; Williams 2006). Bridging social capital relates to weak ties which are limited to
the exchange of information, ideas, and innovation among a heterogeneous group.
Bonding social capital occurs within homogenous groups that provide emotional support
and trust to each other. Maintained social capital implies the ability to stay close and
connected across time. No matter what the type of social capital, it helps to exert positive
influence and a feeling of psychological well-being to the members through the social
support, integration, and cohesion provided by the network (Requena 2003).
Social capital is the ability of actors to secure benefits by virtue of membership in
particular social networks (Rhodes et al. 2008). OSNs help its members to secure such
social capital which in turn helps to bring psychological well-being (Steinfield et al.
2008). The value of OSN lies in that it helps people to capitalize their social networks for
their benefits (boyd 2004). Thus, social capital is a part of perceived benefits of using
social networks (Iivari 2013). It plays a very important role in driving users to continue
45

using OSNs (Chang and Zhu 2012). While the social capital plays an important role to
understand continued use of OSNs by its members, very little attention has been paid to
the role of perceived social capital in determining users’ intention to engage in OSN in IS
research (Hu and Kettinger 2008). There is a noticeable absence of technology postadoption studies that incorporate social capital as a motivating factor (Magro et al. 2013).
Most existing studies have focused on the formation of social capital within OSNs and
have neglected the impact of social capital on intention to continue OSN use (Chang and
Zhu 2012). This study strives to fill the gap in post-adoptive OSN literature by examining
the role of social capital on disengagement from OSN use.
Impact on psychosocial well-being
Social groups have a lot of positive experiences to offer individuals. However,
despite the goodwill they offer, human intimacy among the group members in the social
groups cannot occur without substantial mutual harm resulting in aggravation, heartbreak,
weak relationships, and cautious behaviors (Freud 1921). Like porcupines that crowd
themselves very close together during cold winter to profit from each other’s warmth but
end up hurting each other by their quills (Schopenhauer 1851), OSN users end up hurt,
lonely, and dissatisfied on OSNs despite the intention to stay socially connected (Xu et
al. 2012a). This porcupine illusion, also known as hedgehog’s dilemma, explains the
psychology of people in a social group as it explains the feelings of aversion and hostility
adhering to any long-lasting human relationship (Freud 1921).
Psychosocial well-being refers to how people evaluate their life in the form of
cognition or affect (Caplan et al. 2009). Psychosocial implies the dynamic relationship
between the psychological and social process. A psychological process is internal as it
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includes emotions, anxiety, shyness, depression, and loneliness while a social process is
external and includes community, family, and the social network. As OSNs incorporate
the social aspect as well as psychological aspect of a person’s life, it is important to
understand how the use of it affects the psychosocial process. With the speedy growth of
OSNs and people’s engagement with them, there are questions as to whether this is
taking some toll on their well-being (Schwartz 2012). With more than 1.1 billion people
on Facebook alone (Facebook 2013), social networking has become a way of life for
many people. These individuals have created a virtual world of their own in these OSNs
and have very limited offline social networks as they are constantly moving away from
the geographically bounded networks of their hometown (Steinfield et al. 2008).Thus, the
peer’s approval on an OSN such as Facebook, and belongingness to a certain group can
have a major impact on an individual’s well-being (Van der Aa et al. 2009).
The research on understanding the impact of OSN usage on psychosocial wellbeing is minimal. Despite a consensus among researchers that Internet use in general and
OSNs in particular may be associated with the psychosocial well-being of individuals,
there has been a heavy debate on whether these computer mediated sites make a negative
or positive contribution on well-being (Valkenburg et al. 2006; Van der Aa et al. 2009).
Turkle (2011) advances the position that technology mediated communication, such as
OSNs carries positive as well as negative influences. Some users may experience positive
feelings because of OSNs while others may experience a decline in their subjective wellbeing. Others may sense that OSNs decrease the satisfaction they feel towards life and
affect their moment to moment happiness (Kross et al. 2013). As individuals invest so
much time in a social network, the psychosocial well-being of individuals is largely
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affected by the social network the person grows in (Cohen and Syme 1985). Both
qualitative aspects of social networks such as the extent of emotional support that one can
receive from the group, and structural aspects of social networks, such as time spent on
an OSN and the size of the friend’s circle on an OSN, can influence psychosocial wellbeing (Cohen and Wills 1985). People use social networks for social support and a sense
of community. As such, the activities in an OSN largely determine the psychosocial wellbeing of people by affecting their level of life satisfaction (Vieno et al. 2007).
Despite some research regarding the impact of the Internet on the psychosocial
well-being of users, detailed research examining the complex relationships between
psychosocial well-being and the use of OSNs is scarce (Ellison et al. 2007b). While there
is no specific boundary of what psychosocial well-being covers, it is generally used in a
negative connotation such as depression, dissatisfaction, and loneliness (Caplan 2002).
The well-being experienced due to OSN usage largely differs from one person to another
and may depend on varied factors. When OSN users believe that the constant use of an
OSN has led to a decline in their well-being, they would make up their mind to leave that
OSN. People stay in an OSN only as long as they believe that it has ‘uses and
gratifications’ (Joinson 2008). As soon as an individual feels that he is deriving a lower
sense of satisfaction, he lowers his commitment as well and may consider quitting the
OSN (Jaros 1997). The decline in well-being due to of social networking sites would
motivate them to disengage from an OSN.
Previous literature does not clearly define the components included in
psychosocial well-being (Chen 2012). Some studies include depression, loneliness, selfesteem and satisfaction (Van der Aa et al. 2009) while others have debated the inclusion
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of loneliness and self-esteem (Caplan 2002). Although there is no universally accepted
operational definition of psychosocial well-being, satisfaction, self-esteem, and
depressive mood are generally considered to be core elements of well-being (Wardle &
Cooke, 2005). However, to keep the research model parsimonious, this study will use
psychosocial well-being as unidimensional.
Social influence
While the motivation and behavior of individuals in using social networking sites
has been predicted by personal attributes, preferences and social affordance (Coyle and
Vaughn 2008; Ellison et al. 2007b; Hargittai 2007), it also depends on the choices of
other users (Fu et al. 2012). People often reverse their own choice and opinion regarding
using and continuing online service to conform to choices of some other important people
in their surroundings. One of the reasons to do so may be to restore a sense of belonging
to these people (Zhu and Huberman 2011). Thus, people’s attitude towards using social
networking sites is affected by those of others and thus, depends on social
interconnectedness (Fu and Sim 2011).There are hundreds of social networking sites that
an individual could join. The choice to join and engage in one particular site is influenced
by what other important people such as friends, idols or parents think about.
Social psychology posits that behaviors and perceptions of people are determined
by social context. There is a certain pressure on an individual to conform to a distinct
group resulting in a specific behavior (Eckhardt et al. 2009). As such, social influence is
defined as “the degree to which an individual perceives that important others believe he
or she should use the new system” (Venkatesh et al. (2003, p 451). When individuals are
deciding on adopting or not adopting a technology, they tend to act in conformity with
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the behavior of important others and also feel pressured to act in a way that will not make
them stand out from the group. Previous research has used varied constructs to capture
the social influence. Venkatesh et al. (2003) assessed social factors, image, and subjective
norms to define and measure social influence while Karahanna and Straub (1999 used
subjective norm, image, and voluntariness.
The effect of social influence on the adoption and usage of technology is
represented as social norms in the theory of reasoned action (TRA) and the technology
acceptance model 2 (TAM2), social factors in the model of PC utilization (MPCU) and
image in the innovation diffusion theory (Venkatesh et al. 2003). Previous studies have
claimed that social influence is significant in determining personal intention to use
technology (Chen et al. 2009; Moore and Benbasat 1991; Venkatesh and Davis 2000;
Wang and Wang 2010). However, studies have shown contradictory results when it
comes to the effect of social influence on the adoption and usage of technology. This
might be due to the different mechanisms used to measure social influence in different
social contexts (Karahanna and Straub 1999). Zhou (2011b found that social norm may
not affect online community users' participation intention but other social influence
elements such as social identity and group norms positively affects online participation.
Venkatesh et al. (2003) combined the three elements of social identity together and found
a positive influence of it on usage of technology.
Online victimization
Online victimization implies a variety of negative online behaviors such as
harassment, stalking, online threat, sexual favors, or solicitations. The term has been used
loosely in OSN research to mean different things. Besides stalking and harassment, it can
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imply a variety of behaviors such as flaming (i.e. short heated arguments with users),
denigration (i.e. harmful or cruel posting targeting users), impersonation (i.e. acting like a
user by gaining access to an account), and exclusion (i.e. excluding a user from a certain
communication group, or online activity) (Willard 2007). It creates undesirable online
social behaviors that create negative impacts on other people’s online experiences. There
have been numerous research studies that have examined the online victimization concept
and its impact on human behaviors (Henson et al. 2013; Reyns et al. 2011). Victimization
is often based on ones’ subjective evaluation as to whether one feels victimized by an
aggressive act (Aquino et al. 1999). Thus, the same level of victimization that is troubling
a person may not be felt to have occurred by another person. It is subjective in nature as
the level of harm intentionally made to a person may be measured and experienced
differently by different people (Aquino and Thau 2009). A person with higher social
anxiety and need to belong may feel more victimized (Williams 2007). Many individuals
may be constantly creeping, stalking, monitoring and even harassing their ex-partners via
OSNs (Lyndon et al. 2011; Muise et al. 2014). Whatever the level of perceived online
victimization, it is safe to conclude that every now and then, we come across situations
and environments on OSNs where we encounter harassment, and unwanted sexual
approaches. This is further proven by the study made by Ybarra and Mitchell (2008)
which stated that 33% of youth in their study were victims of online harassment, 9% of
which could be traced to OSN interactions. Similarly, another online study estimated
cyber-stalking at 6.3% in social networks (Ybarra and Mitchell 2008). 15% of social
media using teens have been the target of mean or cruel behavior on OSNs (Lenhart et al.
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2011). The variation in reported rates across studies is most likely due to different
methodologies used or samples chosen (Henson et al. 2011).
Research on online victimization is still in its early stages as much of the research
are focused on adolescent populations (Ybarra and Mitchell 2008) and have focused
mainly on sexual harassment (Noll et al. 2009). Previous studies have examined the
relationship of users’ risky online behaviors on online victimization in social networks
(Henson et al. 2011; Marcum et al. 2010). However, research on the impact of fear of
online victimization on online behaviors or uses has been very limited.
Christofides et al. (2012) studied the effect of having bad experiences on a social
network such as bullying/meanness, unwanted contact, and misunderstandings on an
OSN. The research found that such experience may not lead to disengagement from a
social network but leads to a decrease in trust on the social network and an increase on
attention towards privacy settings. Yang and Liu (2014) found that negative experiences
such as online victimization may not reduce social media use and may have very little
impact on support for more social media regulations. However, as the context of the
study was China, the constant controlling of Internet environment by the Chinese
government may have affected the responses of the sample group. A study by Perreault
(2011) shows that almost half of the victims of cyber-bullying and Internet victimization
were likely to leave Internet site.
Alternative attractiveness
Disengagement of a user from an OSN does not mean that the individual would
not be using any other social networking site. Indeed, the disengagement from a social
networking site may be due to some other attractive alternatives present in Internet world.
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The alternative attractiveness is the only existing construct from service switching
literature that conforms to this conceptualization (Bansal et al. 2005). In general,
alternative attractiveness implies the positive characteristics of competing service
providers that positively influences consumer’s intention to disengage from one service
for another (Jones et al. 2000). However, an individual decides on switching to a newer
alternative based on the availability of viable alternatives and the positive characteristics
of these alternatives as compared to that of what one currently owns or adopts (Thibaut
and Kelley 1959). Thus, alternative attractiveness is often termed as ‘relative
attractiveness’, as a user comes to a decision to continue using a technology by
comparing the original alternative with the competing alternative (Katz et al. 1973). To
support this, the comparison-level theory also states that an individual assesses the
“attractiveness” of an alternative service provider by comparing it with his/her current
service provider (Fei and Bo 2014). Based on these arguments, the attractiveness of an
alternative OSN is more appropriately conceptualized as the relative attractiveness
obtained by comparing one OSN that the individual is currently using with other
alternative OSNs. This study adopts this approach and operationalizes alternative
attractiveness as relative alternative attractiveness.
With the growing popularity of OSNs and an increasing number of such
networking sites, user’s switching behavior for attractive alternative networking sites is
of great interest to IS researchers. Facebook, which has been one of the leading OSNs,
has been facing competition from other alternatives such as Twitter, Instagram, and
Pinterest. These alternative networks may cater to specific needs of many targeted
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populations and thus, pose a threat to Facebook. As such, it is easy to see why users
disengage from one social network for another.
The alternative attractiveness has been a popular construct in the marketing field
to measure switching intentions of individuals towards alternative services (Bansal et al.
2005; Gwinner et al. 1998; Rusbult and Farrell 1983). However, it has been in limited use
in IS research. Interestingly, the term attractive alternative is similar to relative advantage
as it implies ‘the degree to which an innovation is perceived as being better than its
precursor’ (Moore and Benbasat 1991). Innovations are only adopted and continued if
they serve their intended purpose relatively better than their precursors. While the relative
advantage focuses on why an individual is continuing to use what he is using, the
alternative attractiveness is more about why people switch from one service or
technology to another (Zhang et al. 2009). Kim et al. (2006) studied how alternative
attractiveness explains the dynamics of switching from one email service to another. The
research found that the higher the attractiveness of the users towards alternative email
service, the higher will be their intention to discontinue using the current service. Zhang
et al. (2009) also stated the importance of alternative attractiveness in determining
bloggers intention to switch their blog services. Building upon marketing and IS
literature, Zhang et al. (2009) found a positive relationship between attractive alternative
technology and the drive to leave the existing one for this newer technology. The concept
of alternative attractiveness has also been used to explain why users discontinue using
one OSN for another. Besides users’ dissatisfaction with their current OSN, the attraction
of an alternative OSN also affects the intention of users to switch services (Zengyan et al.
2009).
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Fear of missing out
The availability of Internet and web 2.0 has resulted in an anytime-anyplace
connectivity age. Thus, people remain aware of the most up-to-date news, social
happenings, and social events and may feel anxiety and fear of missing out when they
lack such connectivity (Przybylski et al. 2013; Rosen 2012). When people are unplugged
from mobile phones, Internet, and thus, without any socio-technological interaction such
as emailing, text-messaging, and social network sites, it causes a sense of fear among the
individuals (Hoetjes 2013). Individuals leaving an OSN would fear that in their absence
from an OSN, they would be unaware of the social experiences that their friends might be
sharing on the OSN.
Fear of missing out, which implies users’ concern on missing an opportunity for
social interaction and engagement with others, may explain the social anxiety users’ feel
while disengaging from their OSN. It is characterized by the “desire to stay continually
connected with what others are doing” as disengaging from OSN use leads to pervasive
apprehension that others might be having rewarding experiences from which one is
absent (Przybylski et al. 2013, p. 1841). It has been defined as “the uneasy and
sometimes all-consuming feeling that you’re missing out – that your peers are doing, in
the know about, or in possession of more or something better than you” (Miranda 2011 p.
4). While the definition of fear of missing out may vary (as it is a recent concept), one
thing that’s common is the negative feelings it implies when people lack the ubiquitous
contact to others and what they are doing (Hoetjes 2013).
It is important to understand that fear of missing out may occur even during
normal communication that engages face-to-face group meetings or parties. The feeling
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of seeing coworkers receive exciting opportunities, tackle the best projects and develop
new connections at work (Lenio 2013) would lead to fear of missing out in the real world
as well. However, what differentiates the fear of missing out on OSN is the ability of
users to access free information (e.g., about achievements, parties, vacations, and
successes) all the time from everyone which makes it harder to avoid such feelings.
The decline in psychosocial well-being leads people to the thought of disengaging
from the OSN permanently. However, despite the discontentment of people towards
Facebook, only few are able to actually leave it (Madden et al. 2013). While research
shows that some people consider OSNs as a social capital where they invest their
relationship and networking (Ellison et al. 2007b), there has been very limited research
on the social anxiety they feel if they leave the OSN. As research on fear of missing out
on newer technologies is limited in IS, there exists an opportunity for further research in
this topic.
The apprehension about fear of missing out from what others are enjoying and
engaging in, acts as a barrier to leave an OSN (Przybylski et al. 2013). People are
apprehensive to leave their home without a mobile phone or not check their social
network every day as they want to stay informed about their friends and surrounding. The
self-determination theory states that ‘to be related or connected with others’ is one of the
psychological needs of people. Based on this theory, it can be said that OSN users have
the fear of missing out on what others are enjoying and engaging in.
In this age of OSNs, people have started living in both worlds (virtual and real) at
the same time. Despite the loneliness, depression or anxiety they receive by engaging in
OSNs, they would not leave an OSN as they fear that they will miss out even more.
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Leaving an OSN permanently implies that they will have difficulty in connecting with
people in the real world and will have to miss out on information about friends. Instead,
they would try overcoming any loneliness or depression by increasing their social
engagement on OSNs (Ellison et al. 2007b). Missing out on the information regarding
parties, partners and pregnancies of friends is difficult despite poor subjective well-being.
The previous literature on motivation states that the fear of missing out can play an
important role in understanding the link between individual variability in factors such as
depression, anxiety, and overall mood to social media engagement (Przybylski et al.
2013). The increasing use of social media such as OSNs compounded with mobile
networks and mobile devices have increased the fear of missing out in individuals and
motivate these individuals to continue being on the OSN (Miranda 2011). There is a need
among individuals to constantly link to the outside world and thus, check Internet and
social networks to be in touch with friends. OSNs allow people to get information about
events happening around, and what they missed. Previous research shows that such fear
of missing out has resulted in intention to continue using OSN despite its privacy issues
(Rosen 2012). While the fear of missing out may temporarily help OSN users to fulfill
their psychological need of information about their friend circle, this fear of missing out
may further aggravate unhappiness, and the psychosocial well-being of users (Morford
2010; Wortham 2011). The fear of missing out creates a sense of anxiety and fear among
users when they lose that electronic tether to Internet world. People have a feeling that
something going on in cyberspace is better than what they are doing at present and thus,
it gives them fear to even think about leaving Internet world (Greenfield 2013). OSNs
have made life fast paced in the sense that users see status updates and events happening
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on OSNs every second. This makes them believe that they might be missing information
about someone’s life while they get back to their real life.
Need to belong
People have a pervasive drive to form and maintain at least a minimum quantity
of lasting, positive and significant interpersonal relationships (Baumeister and Leary
1995). It is human nature to feel the need for a sense of belongingness to a certain group
(Leary et al. 2007; Warkentin et al. 2012). OSNs fulfill such fundamental human
motivation by allowing people to share and express thoughts, gain social approval, and
belong to a certain group. The need to belong theory states that there are three basic
needs that determine people’s group-seeking behavior: inclusion, which implies need to
belong to a group; affection, which implies the need to be loved; and control, which
implies the need to give others power over self or have power over others (Schutz 1966).
Using OSNs satisfy all these needs of an individual as OSNs allow users to remain in a
group, maintain relationships, receive affection and care through constant
communication, and remain ‘in the loop’ (Gangadharbatla 2008). Thus, the need to
belong restrains people from leaving such OSNs despite privacy concerns or any other
issues.
Satisfying people’s need to belong involves frequent interaction and requires the
interaction to be in a temporally stable environment. Thus, individuals, despite their
rational conscious decision to disengage from an OSN, are unable to do so as they will
miss the frequent interaction in an already existing environment. The need to belong
theory can justify the fear of missing out from activities happening within OSNs. People
have the need to belong and when they are away from an OSN, they fear missing out on
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activities of which they could be a part of. As the need to belong theory states that people
have the natural motivation to maintain interpersonal relationships, they fear missing out
on any chance to stay connected with activities that their friends are engaged in. Failure
to do so leads to pervasive apprehension that others might be having rewarding
experiences from which one is absent (Przybylski et al. 2013, p. 1841).
Differentiating fear of missing out from addiction
It is equally important to distinguish fear of missing out with addiction as
consumer research and general media explains fear of missing out as synonymous to
addiction (Greenfield 2013). Addiction is a pathological psychological state of
maladaptive dependency that shows the symptoms of salience, withdrawal, conflict,
relapse and reinstatement, tolerance, and mood-modification (Turel et al. 2011b).
Addiction is compulsive in nature and is often created by ‘bad’ habits that lead to the
disruption of normal functioning of individuals’ lives (Turel and Serenko 2012). On the
other hand, fear of missing out is just a pervasive apprehension that others might have a
rewarding experience from which one is absent (Przybylski et al. 2013). It’s more about
fear and anxiety that others may have fun without you while you are busy in the real
world (White 2013). Fear of missing out can be felt in a personal as well as professional
relationship. An example of fear of missing out is an employee staying till late evening in
an office on a Friday not to miss on a social date with office mates that might be planned
on the spur of the moment. Similarly, an adult interrupting one call to take another call
not even knowing who is on the other line, or a driver checking Facebook while driving,
or a teen replying an incoming text during a date show the fear of missing out tendency in
people. With technological development, people are so willing to know about others and
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be a part of it that, no more such “interruptions” are interruptions but “connections”
(Grohol 2011). Thus, fear of missing out is not an addiction but a need to belong. Bosau
et al. (2014) stated that fear of missing out and addictions are related but are different
constructs. Their study found that fear of missing out plays the role of mediator in
explaining why Facebook usage can lead to addiction.
Thus, while addiction implies more about dependency on something such as
OSN, fear of missing out is more about jealousy, fear, and anxiety of missing out on what
others are doing. While addiction is a psychological dependence on someone or
something, fear of missing out is just a need to belong to someone.
Addiction
Be it online games, OSNs, or mobile phones, users of modern technologies
display a high level of psychological dependency. OSNs are designed in such a way that
people develop and maintain online as well as offline relationships. Thus, people spend a
lot of time browsing OSNs and catching up with friends and recent updates. Both the
consumer research and empirical research indicate that the overall use of OSNs has been
increasing (Kuss and Griffiths 2011). This excessive use of OSNs has been heavily
scrutinized by the media and has been getting some attention in IS research as well.
While some scholars have debated if excessive behaviors can be termed as genuine
addictions, others believe that any behavior that features salience, mood modification
withdrawal symptoms, tolerance, conflict and relapse can be termed as addictive behavior
(Griffiths 2005; Turel and Serenko 2012; Turel et al. 2011b). Previous studies have
claimed that individuals addicted to OSNs share similar symptoms to those who suffer
from addictions to substance abuse or other behaviors (Echeburúa and de Corral 2009;
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Griffiths 2013). Only those individuals that have strong psychological dependency on an
OSN can be termed as addicted to OSNs (Xu and Tan 2012a). These individuals’ view
OSNs as an important and sometime exclusive mechanism to relive, stress, loneliness, or
depression.
Based on the previous studies (Andreassen et al. 2012; Turel et al. 2011a; Xu and
Tan 2012a), OSN addiction can be defined as the psychological state of maladaptive
dependency on OSNs to such a degree that the following typical behavioral addiction
symptoms arise: (1) salience – OSN dominates thoughts and behaviors; (2) withdrawal –
negative emotions arise at inability to use OSN; (3) conflict – using OSN creates conflict
with other normal work routine; (4) relapse and reinstatement – attempts to reduce its use
fails; (5) tolerance – has to be performed frequently to produce thrill; and (6) mood
modification - using an OSN leads to a favorable change in emotional states. Support for
these six components of addiction has been from a number of studies assessing
behavioral addictions such as shopping (Clark and Calleja 2008), gaming (Lemmens et
al. 2011), and OSNs (Turel and Serenko 2011). Addiction on OSNs usually results
through an obsessive pattern of OSN usage that takes place at the expense of other
important activities and infringes normal day to day functioning of the individuals (Turel
and Serenko 2011).
Research on addiction on OSNs has been relatively sparse. A summary of
previous literature regarding OSN addiction has been presented in Appendix A4. A
recent study by Griffiths et al. (2014) found that the empirical research examining OSN
addiction falls into one of four types: (i) self-perception studies of social networking
addiction, (Iivari) studies of social networking addiction utilizing a social networking
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addiction scale, (iii) studies examining the relationship between social networking and
other online addictions, and (iv) studies examining social networking addiction and
interpersonal relationships. Xu and Tan (2012a) looked into the formation of OSN
addiction through habit and analyzed the role of message characteristics such as message
richness and message synchronicity in moderating the relationship. Similarly, Turel and
Serenko (2011) examined the enjoyment OSNs provide and the impact of them in the
formation of OSN addiction. While human are usually rational beings that evaluate the
potential gains of an action by cognitive evaluation, their decision are often guided by
personality and affective traits. Thus, studies have also looked at how psychological traits
such as self-esteem, extraversion, neuroticism, and depression affect OSN addiction.
Hong et al. (2014) found that having a depressive character and Facebook usage can
significantly predict Facebook addiction. Also, Wilson et al. (2010) concluded that high
extraversion and low conscientiousness predicts both the addictive tendencies and time
spent on OSN. Similarly, low self-esteem, narcissism and neuroticism have also been
found to have explanatory power on OSN addiction (Kuss and Griffiths 2011; Pelling and
White 2009). Andreassen et al. (2012) developed the Bergen Facebook Addiction Scales,
a pool of 18 items, with three items on each of the six core elements of addiction
(discussed above). Table A4 in Appendix A4 also solidifies the view that previous
literature on OSN addiction has been limited to certain topics or categories and a research
gap exists to study more about how addiction affects people’s intention to leave OSN.
As seen in the Table A4 in Appendix A4, previous studies have investigated how
personality traits and other usage patterns have influenced OSN addiction (Wilson et al.
2010; Wu et al. 2013). However, it also shows that there is a clear gap in IS research as
62

the impact of addiction on disengagement from OSN has not been previously studied.
Academic works on OSN addiction are limited and at an early stage. Thus, the focus of
this study is to understand how OSN addiction affects people’s usage intention and actual
usage of OSN. Previous studies have found a relationship between addiction and
continuance of technological usage behavior. Lu et al. (2009) investigated the role of
Internet addiction in online game loyalty and found that as people play online games
addiction is positively related to people staying loyally with the game provider. Similarly,
previous research has found that the usage of video games is determined by the addictive
tendencies the users have toward the video games (Hartmann et al. 2012). Turel et al.
(2011b) investigated how the level of online addiction influences their reasoned IT usage
decisions by distorting various systems’ perceptions. Their study found that addiction to
online auctions augments user perceptions of enjoyment, usefulness and ease of use
attributed to the technology, which in turn influence usage intentions.
“What drives the use of OSN?” is one fundamental question that has been
repeatedly studied of late. While previous studies have used habit (Limayem et al. 2007),
switching costs (Kim and Son 2009), TAM framework such as usefulness, enjoyment,
ease of use (Venkatesh et al. 2003), and individual differences such as playfulness and
self-efficacy (Compeau and Higgins 1995) to predict the usage or continuance of
technology, there have been limited studies that have focused on the irrational decision
mechanism such as that of addiction in the formation of usage decisions (Turel et al.
2011b). The expectancy-value formation that an individual form in their mind to assist
the decision making process is heavily distorted by addiction (Sutton 1987). Thus, it is
valid to assume that OSN addiction has a framing effect on the decision of users to
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engage or disengage from OSN. Such notion of biasness created by addiction on usage
has been studied in different contexts such as drinking (Schlegel et al. 1992), smoking
(Sutton 1987) and technology (Turel et al. 2011b). Hsiao et al. (2013) also stated that the
Internet addiction moderates the effectiveness of self-complexity (i.e. a person’s
perceived knowledge of himself or herself) towards online buying intentions of the
people.
Differentiating addiction from habit
While some previous literature have used ‘bad habits’ and addiction
interchangeably (Astin 1962; Hollender 1980), these are two different terms and have
different meanings (Turel and Serenko 2011; Turel et al. 2011b). Leaving a computer
unlocked may be a habit of an employee but this ‘bad habit’ does not transform into an
addiction. Habit is defined as the extent to which people tend to perform behaviors
automatically due to learning (Limayem et al. 2007). Thus, habit does not include any
pathological psychological dependency like addiction. It is not intrinsically compulsive in
any sense despite being an automatic behavior (Berridge and Robinson 2003). Unlike
addiction, habit does not include obsessive-compulsive behaviors and symptoms such as
withdrawal, mood-modifications, and relapse. However, habit can lead to addiction when
the habit gets out of control and develops a number of negative symptoms (Marlatt et al.
1988). There are many examples of how OSN habits have got out of control and turned to
addiction (LaRose et al. 2010). Turel and Serenko (2011) state that when users neglect
the repeated negative consequences of habit and act irrationally, they start to develop an
addiction out of the habits. Thus, it can be stated that while habits can lead to the
development of addiction, these are two different constructs.
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Research model and hypotheses development
Based on the previous discussion of perceived privacy concerns, perceived
privacy benefits, psychosocial well-being, and disengagement and switching behavior,
this research paper proposes the following research model as depicted in Figure 2.2.
Guided by disengagement theory and the need to belong theory, the model of this study
incorporates psychosocial well-being of users on OSNs, privacy concerns, fear of missing
out and addiction. In this model, the psychosocial well-being, privacy concerns,
alternative attractiveness and distress develops an intention among users to disengage
from OSN unless there is the fear of missing out in the users. Such intention to disengage
may not always lead to actual disengagement from OSN usage as OSN addiction may
bring these OSN users back to the same OSN.
The conceptual model for this study as presented in Figure 2.2, is developed
based on disengagement theory. Disengagement theory states that people develop the
intention to disengage from a social group when they have a doubt about their social
satisfaction and well-being (Kiesler and Kraut 1999; Nie and Erbring 2000). Such a
decline in psychosocial well-being and the thought to disengage leads them to look at
social influence for suggestions related to disengagement from OSN use (Ebaugh 1988).
The perceived privacy concerns, perceived benefits and alternative attractiveness show
the decision of users to seek and weigh alternatives in the process of disengagement from
OSN. The online victimization implies the tipping point which further strengthens the
willingness to disengage. Similarly, people with the need to belong to a group would
grow the fear of missing out when unplugged from OSNs. As stated earlier in this
chapter, fear of missing out is not an addiction as it does not include relapse,
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reinstatement or tolerance characteristics and implies the anxiety of missing out from an
activity or event. Previous research has distinguished these two constructs and suggested
that fear of missing out may be an important mediator that explains why OSN usage can
lead to addiction (Bosau et al. 2014). As can be implied from the previous discussion,
addiction occurs only when the actual disengagement process starts as it requires
withdrawal, tolerance, and relapse and reinstatement. Thus, it acts as a moderator for the
relationship between intention and actual behavior. Fear of missing out, on the other hand
occurs before addiction (Bosau et al. 2014) and creates anxiety among users who are
thinking about leaving an OSN by increasing the fear of missing out on information, fun,
inclusion, etc. Thus, fear of missing out acts as a moderator for the relationship between
variables such as privacy concerns and intention to disengage.
Despite Internet users’ information privacy concerns (Malhotra et al. 2004) and
mobile users’ Internet privacy concerns (Xu et al. 2012a) being frequently used as a
second order factor, the perceived privacy concerns in this study is used as a
unidimensional construct for practical reasons (Lee 2014; Dinev and Hart 2006). Like
perceived privacy concerns, negative psychosocial well-being has also been treated as a
multi-dimensional construct by some researchers. However, for practical reasons and
time constraints, it is used as a unidimensional construct in this study. Thus, the
following research model was conceptualized (see Figure 2.2). Also, the Table A5
presented in Appendix A5 shows the various sources of constructs that have been used in
this model.
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Figure 2.2

Conceptual model

Discontinuance behavior
With the growing popularity of OSNs, there is increasing reliance on them to
develop and maintain relationships. However, with a number of available alternatives in
the OSN world and offline world, people are aware that such OSN sites are not
permanent in nature (Kazmer 2007). Despite growing trends of departure from OSN,
there have been limited studies on disengagement from the online social world (Kazmer
2012). In the age of “digital crowding”, where Internet users are crowded by social web
experience, users may resort to discontinue using an OSN as a coping mechanism
(Joinson et al. 2011). The satisfaction and dissatisfaction caused by gratifications and
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distress arising from OSNs may lead to discontinue an OSN’s usage (Alam and Wagner
2013; Maier et al. 2012). Hidalgo (2012) proposed that such digital crowding of social
web experiences will predict users’ intention to disengage from an OSN and their actual
disengagement. Intention to disengage from an OSN would have a positive effect on
actual disengagement and switching behavior (Bhattacherjee et al. 2012; Hsieh et al.
2012). The theory of reasoned action and theory of planned behavior in IS research has
found a strong relationship between intention and actual behavior relationship (Fishbein
and Ajzen 1975; Limayem et al. 2007). Similarly, theories of IT acceptance, such as the
UTAUT (Venkatesh et al. 2003), also suggest that intention leads to actual behavior.
Thus, based on previous research, the following is hypothesized:
H1: Intention to disengage from an OSN has a positive effect on actual
disengagement from an OSN.
Addiction
Symptoms such as salience, mood modification withdrawal symptoms, tolerance,
conflict and relapse have been associated with engagement and disengagement from OSN
(Griffiths 2005; Turel and Serenko 2012; Turel et al. 2011b). The pervasive use of OSN
has led users to psychological maladaptive dependency on OSNs, often termed as
addiction (Andreassen et al. 2012; Xu and Tan 2012a). When people are addicted to the
social media, they have the tendency to relapse and repeatedly turn to the behavior
(Lemmens et al. 2009). Addiction makes people more impulsive and eventually causes
them to exhibit behavioral dysfunction such as uncontrollable behavior (LaRose and
Eastin 2002). Such lack of behavioral control caused by addiction can lead people to
relapse (Lemmens et al. 2009) and thus, compromise their behavior. Hsiao et al. (2013)
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proposed that Internet addiction would moderate the relationship between selfcomplexity and online buying behavior. Similarly, Lu and Wang (2008) examined the
role of online game addiction in the relationship between online game satisfaction and
loyalty to continue online games. The study found that addiction on online games
attenuates the relationship between online games satisfaction and loyalty. Borrowing the
same logic of explanation, this present study proposes that people who are addicted
would be less sensible towards their choice and would come back to OSN after relapsing.
While the IS research models such as TRA, TAM, UTAUT, and TPB have all
proposed that behavioral intention would lead to actual behavior (Davis et al. 1989;
Fishbein and Ajzen 1975; Taylor and Todd 1995; Venkatesh et al. 2003), this may not
always be the case. There is a need to explore factors that are internal to the individual
and may not be covered by rational, deliberate, and cognitive decision making (Limayem
et al. 2001). As explained earlier, addiction, which implies the psychological maladaptive
dependency that leads to relapse and reinstatement, can be a factor that provides
additional explanatory power towards OSN usage. In contrast to the deliberate rational
concept of intention, addiction can be a non-deliberate response that an individual shows
towards the usage of an OSN. Previous studies have used addiction as a moderator that
influences the relationship of different variables with intention to purchase (Hsiao et al.
2013) and loyalty to continue playing online games (Lu and Wang 2008). Based on this
rationale, this study proposed that addiction moderates the relationship between intention
to disengage and actual disengagement.
H2: Addiction negatively moderates the relationship between intention to
disengage from an OSN and actual disengagement.
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Alternative attractiveness
Alternative attractiveness is defined as the positive characteristics of competing
service providers that positively influences consumer’s intention to disengage from one
service for another (Jones et al. 2000). As previously discussed in this chapter, alternative
attractiveness implies the positive characteristics or the relative attractiveness that a
newer OSN has over the existing OSN that the user is using (Fei and Bo 2014). OSN
providers are in a highly competitive market where the number of alternative networking
services are rapidly increasing along with the ever-improving user-friendly features (Ye
and Potter 2011). This has been the case for blog services providers as well, where the
blogger has a higher propensity to abandon their current blog service providers if the he
or she finds an alternative blog more attractive (Zhang et al. 2012). Similarly, previous
research has found a positive relationship between attractive alternative technology and
intention to leave the existing technology (Zhang et al. 2009). The OSN users have a
higher intention to switch from one online network to another if the alternate network has
comparatively better features and is relatively more user friendly (Chang et al. 2014;
Zengyan et al. 2009). Based on this rationale, this study posits the following:
H3: Attractive alternatives have a positive impact on behavioral intention to
disengage from a currently used OSN.
Privacy concerns
Privacy concerns imply the “concerns about opportunistic behavior related to the
disclosure of personal information submitted by the respondent in particular” (Dinev and
Hart (2006, p 64). In an online setting where information is being shared, there are
chances that such information would be stored without authorization and used for an
70

unintended purpose. OSNs are designed in such a manner that any online information,
interaction or activities are recorded (Dwyer et al. 2007). The information on OSNs may
be used by third parties, such as employment agencies or marketing firms (Krasnova and
Veltri 2011), for their own benefits which may ultimately affect the personal,
professional, and family lives of individuals (Justice 2007). Privacy concerns have been
given higher priority in OSN literature with many studies focusing on the impact of
privacy concerns on adoption, continuance, and discontinuance of OSN (Acquisti and
Gross 2006; Johnson et al. 2012; Krasnova et al. 2009b; Li et al. 2010a; Xu et al. 2013).
Some of the previous studies in IS have attempted to conceptualize privacy
concerns in details: Smith et al. (1996 identified collection, secondary use, unauthorized
access, and errors as four dimensions of privacy concerns in their concern for information
privacy (CFIP) scale. Malhotra et al. (2004) adapted CFIP to come up with the
multidimensional scale of the Internet users information privacy concern (IUIPC). The
CFIP was further adapted by Xu et al. (2012b to develop mobile user’s information
privacy concern (MUIPC). Three dimensions of MUIPC (perceived surveillance,
intrusion, and secondary use of information) were developed based on Communication
privacy management theory. While CFIP, IUIPC, and MUIPC have been widely applied
in various settings to measure privacy concerns, it is usually a wise idea to study privacy
implications based on contextual settings to unravel its intricacies (Bennett 1992;
Malhotra et al. 2004). As mentioned earlier in this chapter, this present study would
borrow perceived surveillance and secondary use of information from MUIPC and
perceived relevance from fairness of information exchange theory (Li et al. 2010a).
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OSNs such as Facebook, Twitter, and Foursquare track users’ locations, engage in
data collections, and trace online moves of users through third party cookies (Roosendaal
2011; Xu et al. 2012a). OSNs are “watching, listening, or recording an individual’s
activities” (Solove 2008). OSN users are worried about the surveillance techniques used
by OSNs to collect more personal information of the users (Kietzmann and Angell 2010;
Kietzmann et al. 2011). Similarly, the secondary use of an individual’s personal
information without authorization for the purpose of profiling individuals for marketing
or identity theft leads to privacy concerns (Spiekermann and Cranor 2009; Xu et al.
2012a). Also, when information of lower relevance to the purpose are requested, it is
often associated with higher privacy invasion and risk (Culnan 1993; Graeff and Harmon
2002; Stone and Stone 1990). With third party application asking irrelevant information
on OSNs, there has been a higher concern for personal privacy for users (Li 2011; Lwin
et al. 2007).
Thus, when a user believes that an OSN is engaged in asking irrelevant
information from users, surveillance of users activities and secondary use of information
for unauthorized purpose, it negatively impacts self-disclosure and OSN usage behavior
(Krasnova et al. 2009b; O'Brien and Torres 2012; Shin 2010; Xu et al. 2013). Previous
studies have found that as the users perceive privacy risks on an OSN to be higher, their
intention to use the OSN decreases (Krasnova et al. 2009b; Krasnova and Veltri 2010; Xu
et al. 2011). OSN quitters seem to be significantly more cautious about their privacy
(Stieger et al. 2013). The negative aspects of the OSN related to privacy infringement
have led to users to plan on discontinuing OSN use (Alam and Wagner 2013). Users who

72

experience such privacy concerns are quitting their online social life by committing
virtual identity suicide (Eldon 2011). Thus, it is proposed that:
H4: Perceived privacy concerns positively impact the intention to disengage from
an OSN.
Perceived benefits
While OSN-usage carries many privacy related risks, it also provides the benefits
of interacting with friends, building and maintaining social capital, enjoying the shared
contents, etc. (Ellison et al. 2007b; Hogben 2007). These perceived benefits help users to
counterbalance the risk perception created by privacy concerns (Li 2011). Based on the
previous literature, this study chooses perceived enjoyment and social capital as the three
types of benefits OSNs provide to the users (Ellison et al. 2007a; Hu and Kettinger 2008;
Kwon and Wen 2010; Li et al. 2010a; McKnight et al. 2011; Rosen and Sherman 2006).
Perceived enjoyment
Perceived enjoyment implies the degree to which a user believes that using a
social networking site to communicate with other users will increase his sense of
satisfaction and pleasure (Hsu and Lin 2008). It refers to the extent to which the activity
of using an OSN is enjoyable in its own right, apart from any performance consequences
related to the OSN (Sun et al. 2014). It represents the hedonic activities in an OSN and is
considered one of the major reasons for people to continue using the OSN (Hart et al.
2008). When people believe that an OSN provides a certain level of enjoyment, it
intrinsically motivates them to continue using the OSN (Kwon and Wen 2010). A user
can upload pictures and music on an OSN, showoff purchases of a house, a car, play
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multiplayer games, and explore other people’s profile (boyd and Ellison 2007). As such
activities help users to escape from their mundane world and immerse themselves into an
OSN, people who perceive enjoyment in OSN do not have intention to disengage from
OSN (Kang and Lee 2010; Lin and Lu 2011; Sledgianowski and Kulviwat 2008).
Similarly, people with lower perceived enjoyment of an OSN often have the intention to
disengage from current OSN use (Hou et al. 2011). Thus, it is hypothesized that:
H5: Perceived enjoyment is negatively related to intention to disengage from an
OSN.
Social capital
In an OSN, people can articulate their network and relationship for a certain
benefit called social capital. Social capital is defined as the resources accumulated
through the relationships among people (Coleman 1988). The core idea of social capital
in an OSN is that the OSN have some value in relationship development in the user’s life
(Magro et al. 2013). Such benefits received from a social relationship make an OSN
attractive for its users. As discussed in this chapter earlier, an OSN helps in developing
‘bridging’ social capital, ‘bonding’ social capital, and ‘maintained’ social capital (Ellison
et al. 2007a). Researchers have emphasized heavily on how an OSN users can build and
maintain social capital on an OSN (Ji et al. 2010). Previous studies have suggested that
social capital can be formed on an OSN (Choi et al. 2011; Chu and Choi 2010; Ellison et
al. 2007b). The perception that social capital can be formed by using an OSN positively
influences continuance intention to use OSN (Chang and Zhu 2012). It is the social
nature of an OSN to provide the reward of social capital to OSN users which in return
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acts as a driving influence for people to continue using it (Magro et al. 2013). Thus, the
study hypothesizes the following:
H6: Social capital is negatively related to intention to disengage from an OSN.
Psychosocial well-being
There is growing evidence in academic research that Internet use in general and
OSN use in particular, may be associated with the user’s psychosocial development
(Steinfield et al. 2008). The exponential increase of Internet use has raised concern over
possible adverse effects on well-being of the users (Caplan 2003). While such
psychosocial well-being can be of many different types, satisfaction, self-esteem and
depressive mood are generally considered to be core elements of the well-being (Wardle
and Cooke 2005). As this research is about decline in psychosocial well-being,
dissatisfaction, lower self-esteem, and depressive moods will be the variables that are
considered to explain psychosocial well-being.
Dissatisfaction implies the user’s negative state of affective response resulting
from disconfirmation of pre-expectations (Seddon and Kiew 2007). In an OSN
environment, users come across different status and pictures that show people
vacationing, receiving gifts, getting job promotions, buying houses or cars, etc. This
makes the OSN users compare their life with others and thus, believe that there is so
much to be achieved. OSN users start feeling dissatisfied with their own life as they
believe their life is far from ideal. Previous studies have found that dissatisfaction affects
subjective well-being (Davison et al. 2009) and has a positive effect on intention to
discontinue OSN use (Alam and Wagner 2013). Self-esteem implies a favorable or
unfavorable attitude toward the self (Rosenberg 1965). Self-esteem determines the level
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of psychosocial well-being of an individual (Wardle and Cooke 2005). An individual
undergoing negative experiences on an OSN may also experience lower self-esteem.
Lower self-esteem has been associated to lower psychosocial well-being (Caplan 2002;
Valkenburg et al. 2006) and is a significant predictor of engagement of individuals on an
OSN (Lenhart and Madden 2007). Depression is defined as a state of low mood,
hopelessness anxiety and restlessness which may affect a person’s sense of well-being
(Salmans 1995). Internet users may experience privacy issues and distress on an OSN
which may lead to depression among its users (Gross et al. 2002). Such issues of
depression caused by Internet usage negatively affect the subjective well-being of the
individuals (Caplan 2002).
The impact of well-being on continuance has been comprehensively studied in the
social sciences. Subjective well-being cultivates positive feeling among individuals (Sin
and Lyubomirsky 2009) and motivates an individual’s current action (Layard 2005).
Similarly, psychosocial well-being has been suggested to positively influence
continuance intention to use an OSN (Yeh and Lin 2013). Based on this rationale, it is
hypothesized that:
H7: Negative psychosocial well-being within OSN positively affects intention to
disengage from an OSN.
Social influence
Social influence can be defined as “the degree to which an individual perceives
that important others believe he or she should use the new system” (Venkatesh et al. 2003
p 451). Users act in conformity with the behavior of important others while making
adoption and non-adoption decision. As stated previously in this chapter, social influence
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has been suggested to be a direct determinant of behavioral intention in TRA, TAM, and
UTAUT. OSN literature has also suggested that users’ continuance intention to use an
OSN intensifies when users perceive that their friends and families want them to continue
using the OSN (Baker and White 2010; Sun et al. 2014). Despite experiencing negative
behaviors in an OSN, individuals may not disengage from the OSN as other substantial
people in his/her life may think it’s cool to use the OSN. As more than a billion of users
are using Facebook alone (Facebook 2013), it is easy to assume that most people are
using some kind of OSN. As such, an individual may fear that disengaging from an OSN
may paint him/her as a conservative and uncool person. Thus, the following is
hypothesized:
H8: Social influence is negatively related to intention to disengage from an OSN.
Online victimization
As people believe that they can remain anonymous in Internet and OSN, they may
engage in activities such as bullying, solicitations, sexual offenses, exclusion of an
individual from a certain group or friend-list, hateful speech, and hurting comments. Such
online behaviors, often termed as online victimization, produces negative experiences for
users (Henson et al. 2013; Reyns et al. 2011). Studies on online victimization have mixed
outcomes. Previous studies have found that negative experiences such as unwanted
contact, bullying, and meanness may not lead to disengagement from an OSN (Yang and
Liu 2014) but reduces trust on the OSN and increases attention towards privacy issues
(Christofides et al. 2012). Also, online victimization such as cyberbullying was found to
motivate as many as half of the users to disengage from OSN usage (Perreault 2011).
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Users who are victimized online want to get away from the OSN or discontinue using it
for some period of time. Thus, it is hypothesized that:
H9: Online victimization will positively affect intention to disengage from an
OSN.
Fear of missing out
When people lack regular contact with other people in their social network, they
may develop a negative feeling of missing out on certain information or enjoyment others
may be collectively receiving. Such fear of missing out may arise to users when
individuals are unplugged from socio-technological devices such as OSN, texts, and
emails (Hoetjes 2013). As mentioned earlier in this chapter, fear of missing out is defined
as the “desire to stay continually connected with what others are doing” as disengaging
leads to pervasive apprehension that others might be having rewarding experiences from
which one is absent (Przybylski et al. 2013, p. 1841). It is “the uneasy and sometimes allconsuming feeling that you’re missing out – that your peers are doing, in the know about,
or in possession of more or something better than you” (Miranda 2011). Miranda (2011)
also found that 65% of the respondents reported the feeling of being left out when they
knew (by means of an OSN) that their friends in the OSN were doing something without
them. Thus, the fear of missing out on an OSN arises only when an individual has the
intention to unplug or get away from the OSN.
The fear of missing out is equally prevalent in real life as well. When someone in
the job is presented with an exciting career opportunity, is invited by another department
colleague for weekend fund, or develops a better connection with other co-workers, it is
normal for an individual to have the feeling of missing out. In real life as well, people
78

have the fear of missing out on fascinating activities that their friends or colleagues are
part of (Abate 2008). As discussed earlier in this chapter, alternative attractiveness such
as Twitter, privacy concerns on the current OSN, decline of well-being, and online
victimization positively influence intention to disengage. However, despite the intention
to disengage, individuals would not be able to get away from social media as they would
constantly be scanning many social media for fear of missing out on social opportunity.
People have the desire to stay continually connected and have fear of social exclusion
which generates fear of missing out (Baumeister and Leary 1995). Previous research has
found that fear of missing out plays a key and robust role in explaining social media
engagement (Przybylski et al. 2013). It weakens people’s intention to disengage from an
OSN. The power of fear of missing out is so strong that it stops people from leaving the
Internet world (Greenfield 2013). Thus, it is fair to suggest that fear of missing out
weakens the relationship of any variables with that of intention to disengage from an
OSN.
H10a: The influence of alternative attractiveness on intention to disengage from
an OSN will be moderated by the fear of missing out, such that the influence will be
weaker.
H10b: The influence of Perceived privacy concerns on intention to disengage
from an OSN will be moderated by the fear of missing out, such that the influence will be
weaker.
H10c: The influence of negative psychosocial well-being on intention to
disengage from an OSN will be moderated by the fear of missing out, such that the
influence will be weaker.
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H10d: The influence of online victimization on intention to disengage from an
OSN will be moderated by fear of missing out, such that the effect will be weaker.
Summary
While the previous studies have explored the intention of users to adopt an OSN
and continue using it, the disengagement process of users from an OSN has been ignored.
Despite the dark side of the OSN such as privacy issues (Acquisti and Gross 2006; Xu et
al. 2013), decline in psychosocial well-being (Kross et al. 2013) and the alternative
attractiveness of newer OSNs (Zengyan et al. 2009), users may not always intent to leave
OSN because of the fear of missing out on information and enjoyment coming from the
OSN. Even in the case that people intend to leave an OSN, the actual disengagement may
not happen because of the addiction of users with an OSN. This chapter defined the
variables used in the research model and reviewed the literature related to them.
Psychosocial well-being, privacy concerns, social influence, online victimization,
alternative attractiveness, fear of missing out, and addiction were all explained and
developed to fit the context of this study. Hypotheses were discussed and the research
model was presented. Table 2.2 provides a summary of each hypothesis and Figure 2.3
illustrates the final research model including the hypotheses. The next chapter presents
the research method used to test the measurement model and structural model.
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Table 2.2

Hypotheses and structural relationships

HO

Structural Relationships

H1

Intention to disengage from an OSN has a positive effect on actual
disengagement from an OSN.
Addiction negatively moderates the relationship between intention to disengage
from an OSN and actual disengagement.
Attractive alternatives have a positive impact on behavioral intention to
disengage from a currently used OSN.
Perceived privacy concerns positively impacts the intention to disengage from
an OSN.
Perceived enjoyment is negatively related to intention to disengage from an
OSN.
Social capital is negatively related to intention to disengage from an OSN.

H2
H3
H4
H5
H6
H7
H8

Negative psychosocial well-being within OSN positively affects intention to
disengage from an OSN.
Social influence is negatively related to intention to disengage from an OSN.

H9

Online victimization will positively affect intention to disengage from an OSN.

H10a The influence of alternative attractiveness on intention to disengage from an
OSN will be moderated by the fear of missing out, such that the influence will
be weaker.
H10b The influence of perceived privacy concerns on intention to disengage from an
OSN will be moderated by the fear of missing out, such that the influence will
be weaker.
H10c The influence of negative psychosocial well-being on intention to disengage
from OSN will be moderated by the fear of missing out, such that the influence
will be weak.
H10d The influence of online victimization on intention to disengage from an OSN
will be moderated by the fear of missing out, such that the effect will be
weaker.
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Figure 2.3

Conceptual model and hypotheses
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METHOD
This chapter discusses the method used to test the measurement model and
structural model to empirically verify the developed hypotheses. The chapter begins with
the online survey design of this study. This is followed by a definitional summary of all
the variables used in the research model. Then, the development of the survey instrument
is discussed along with adapted items, original items, and the respective sources of the
items. Following the variable summary, the flow of investigation has been discussed in
the form of a two-phase investigation procedure. First, the preliminary investigation
phase includes expert panel reviews, a pretest, and a pilot test. In this phase, the
instrument which was later used in the main investigation was tested based on reliability,
construct validity, and content validity. Second, the primary investigation includes the
primary data collection and structural model testing. The data collection scheme,
sampling frame, and research procedures are also described in this chapter.
Instrument design
A survey was developed to test the conceptual model and hypotheses discussed in
Chapter II. This survey has two parts. These two parts of the survey were collected with a
one month gap in between the first survey and the second survey. The first part of the
survey asked the participants to complete a questionnaire regarding all constructs except
actual disengagement. During this part of the survey, the participants’ answer about items
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related to alternative attractiveness, privacy concerns, perceived enjoyment, social
capital, negative psychosocial well-being, social influence, online victimization, fear of
missing out, addiction, intention to disengage and actual disengagement from a specific
OSN. The second part of the survey asked the participants about their actual OSN
disengagement. There was a one month gap between assigning the first part of the survey
and the second part of the survey to the respondents. The respondents for main study
were undergraduate students at Mississippi State University and the survey was hosted in
Qualtrics.com, which is an online survey portal. Only those who used Facebook in some
ways and had a Facebook account were allowed to take the survey. For those respondents
who did not have a Facebook account and were not using Facebook in any ways were
given a different set of questions related to a different OSN.
All the items were validated through two expert panel reviews, a pretest and two
pilot tests and were randomized to reduce order effects (Podsakoff et al. 2003). There
were two expert panel reviews and two pilot studies conducted as there was slight change
in the research model after the completion of the first pilot study. Predictor and criterion
variables were measured at different points in time to reduce common method bias in this
study (Podsakoff et al. 2012). The study followed the scale development procedure
presented by Churchill (1979) and later refined by MacKenzie et al. (2011) to meet the
rigor required to develop an instrument scale. The constructs were appropriately defined,
and the items were adopted to meet the OSN context of this study. The reminder of this
section presents an in-depth discussion of the development process.
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Survey design technique
As stated earlier in this chapter, this study used survey research to collect the data
related to disengagement of users from a specific OSN. The survey design technique fits
the research phenomenon being studied in this research as the objective of this research is
to explore the disengagement process of users from an OSN – as such, no field
experiment, lab experiment or simulation is required to measure the variables. Also, a
survey design provides the benefit of generalizability to the study as data could be
collected from a wider range of respondents.
The items within the instrument were randomized to reduce order effect and thus,
common method bias (Podsakoff et al. 2003). The second part of the survey was emailed
to the respondents after one month of the completion of the first part. The primary
questionnaire had the word “Facebook” to imply the OSN in the survey instrument as
Facebook is one of the most popular OSN with more than 1.1 billion users (Facebook
2013). Thus, it made sense to use Facebook to imply an OSN that users are currently
using and intending to disengage or have used previously and disengaged from. There
was a filter question to ensure that all of the respondents had used Facebook at some
point in time.
Survey procedure
All the participants for the first pilot test were recruited from Amazon Mechanical
Turk. Respondents for the second pilot test and final study were recruited from
Mississippi State University. As people age 18 to 25 years that are educated use OSNs
the most (Lenhart et al. 2010; Li et al. 2010a), it was appropriate to have undergraduate
students as the sample for this study. The respondents were informed about the objectives
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of the study and how it could contribute to the existing literature. Only those respondents
who had a Facebook account and/or had used Facebook were the target of this survey.
Those respondents who did not have Facebook or were not using it at all were given a
different set of questions related to a different OSN. The participants were given the first
part of the online survey that also had an electronic consent form to be clicked and signed
before starting the survey. The survey also had definitions for all the variables that may
be difficult to understand by the general public. The predictor and criterion variables
were measured at different points in time. While all the constructs and the items related to
them were measured first, the actual disengagement from an OSN was measured after
one month. During the first part of the data collection, respondents were asked some
personal information such as contact email address. Thus, a second survey link was sent
to the respondents with items related to actual disengagement from an OSN.
Announcements were made in each class for subsequent parts of the survey. For both the
first and second survey link, respondents were given a time frame of 3 to 4 days to
complete the survey. Timely reminders through emails were sent to the respondents to
remind them to fill out the second part of the survey. Also, during each part of the survey,
the respondents were asked the last four digit of their phone number followed by the first
letter of their given name, first letter of their surname, and the street number of their
house/apartment. This helped us to link the different parts of the survey and preserve the
anonymity of the respondent.
Also, all the items were required to be answered. There was no choice for
respondents to jump from one page to another without answering an item. Respondents
were also required to answer attention checking questions to verify that they were paying
86

attention to the instrument. Also, the demographic questions that were collected at the
end of the first survey were required to be answered by respondents.
Measurement
In a quantitative survey design, positivist researchers collect data with the help of
instruments that usually define given constructs within the research model. This research
measures many latent variables such as addiction, fear of missing out, intention to
disengage, alternative attractiveness, perceived privacy concerns, perceived enjoyment,
perceived usefulness, social capital, decline of psychosocial well-being, online
victimization, and actual disengagement. As these latent variables cannot be measured
directly (Gefen and Straub 2005), this study utilized a five point Likert scale to measure
such variables. The development of the scales for each of the constructs used in this
research model required extensive research and demanded detailed study to ensure
validity and reliability (Straub et al. 2004).
The scale development process becomes a vital part of research when the
constructs being used are latent variables. The scale development guidelines suggested by
Churchill (1979) and later expanded and reiterated by many others (MacKenzie et al.
2011; Petter et al. 2007) provided a framework for us to create measures for this research.
This study followed the ten steps of the scale development guidelines as presented in
Figure 3.1. Specifying the constructs of interest and providing a conceptual definition of
them based on previous literature is the first and foremost step in instrument development
(Churchill 1979; MacKenzie et al. 2011). This was done extensively in Chapter II and is
also mentioned briefly in this chapter. Defining a clear research question, which was
done in Chapter I, helped to define the domain of the study and specify the required
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constructs to cover those set boundaries (Churchill 1979; Suddaby 2006). After refining
the items for its content validity, the measurement model was specified in Chapter I and
Chapter II. The measurement model showed the various relationships the variables had
among each other. The items used for the instrument were further validated through a
pretest and pilot test (Straub et al. 2004). An empirical test of the measurement model is
required to test the validity and reliability of the date collected (MacKenzie et al. 2011).
The measurement and validation of these constructs are elaborated in the remainder of
this chapter. First a general overview of the construct along with its definition is
provided, followed by original items and items adopted for this study. Table 3.1 presents
the definition of all the constructs used in this study.
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Figure 3.1

Overview of scale development procedure (MacKenzie et al. 2011)
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Table 3.1

Measured construct definition

Variable

Definition

Source

Actual
disengagement

A complete quitting or a gradual decline in actual usage
of an OSN.

Developed
for this
study
(Turel et
al. 2011a)
(Ping
1993)

Addiction

A pathological psychological dependency on using a
technology.
Alternative
Conceptualized as the client's estimate of the likely
attractiveness satisfaction available in a competing service providers
or an alternative relationship
Fear of missing A user’s concern on missing an opportunity for social
(Przybylski
out
interaction and engagement with others.
et al. 2013)
Intention to
A user’s intention to decrease their use of a specific
(Maier et
disengage from OSN or to deactivate their accounts.
al. 2012)
OSN
Online
The degree to which individuals perceive themselves as
(Sasso
victimization being hurt by an aggressive act online that was deemed
2013)
to be intentional.
Perceived
The extent to which the activity of using the OSN is
(Davis et
enjoyment
perceived to be enjoyable in its own right.
al. 1992)
Privacy
Concerns about opportunistic behavior related to one’s (Dinev and
concerns
personal information.
Hart 2006)
Psychosocial Refers to how people evaluate their life in the form of
(Caplan et
well-being
cognition or affect.
al. 2009)
Social capital The beneﬁts one receives from one's relationships with (Lin 1999)
other people.
Social
The degree to which an individual perceives that
(Venkatesh
influence
important others believe he or she should use the new
et al. 2003)
system.

Actual disengagement
With the dark side of OSNs becoming more and more prevalent, users may resort
to discontinue using OSNs as a coping mechanism (Joinson et al. 2011). As such, actual
disengagement is defined as a complete quitting of OSN usage or a gradual decline in
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actual usage of a specific OSN. As shown in Table 3.2, the items were adopted from
Bhattacherjee et al. (2012) and are formative in nature.
Table 3.2
Item
ID
AD

NT

NH

NSM

NSL

NFS

NFR

Actual disengagement scale
Items
Since the last time you
answered this survey,
think about your
approximate Facebook
usage for the following
Questions.
a) Number of times
you used
Facebook.
b) Number of hours
you used
Facebook.
c) Number of status
updates, picture
uploads, and
comments you
made on
Facebook.
d) Number of status
updates, videos,
pictures or other
contents you liked
on Facebook.
e) Number of friend
requests you sent
on Facebook.
f) Number of friend
requests you
received on
Facebook.

Original Item

Source

Over the last month, the number
of times I used Opera is
approximately ---- times (fill in).
Over the last month, the number
of hours I used Opera is
approximately ---- hours (fill in).

(Bhattacherjee
et al. 2012)

91

Intention to disengage
As previously defined, intention to disengage from an OSN implies a user’s
intention to decrease the usage of a social networking site or to deactivate their account
(Maier et al. 2012). As shown in Table 3.3, the items for this construct were adopted from
Turel (2014). Each item is measured using a fully anchored five point Likert agreement
scale ranging from “strongly disagree” to “strongly agree” to indicate the respondent’s
level of agreement and disagreement towards the given statement.
Table 3.3
Item ID

Intention to disengage scale
Items

Original Item

BINT1

I intend to use
Facebook much less
in the near future.

BINT2

I predict I would use
Facebook much less
in the near future.

I intend to stop using
this social networking
website in the next 3
months.
I predict I would stop
using this social
networking website in
the next 3 months.
I plan to stop using this
social networking
website in the next 3
months.

BINT3

I plan to use
Facebook much less
in the near future.

Source

Vaguely adapted
from
(Turel 2014)

Alternative attractiveness
There are many alternatives to the existing technology that affects the intention of
individuals to continue using the technology for their daily activities. As such, alternative
attractiveness is defined as the client's estimate of the likely satisfaction available in a
competing service providers or an alternative relationship (Ping 1993). It implies the
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positive characteristics of competing service providers that positively influences
consumer’s intention to disengage from one service for another (Jones et al. 2000). The
concept of alternative attractiveness has been used by many scholars in the IS field to
study switching behavior in email services (Kim et al. 2006), mobile services
(Ranganathan et al. 2006) and OSNs (Zengyan et al. 2009). The items used to measure
the alternative attractiveness for this study were adopted from Sharma and Patterson
(2000) and Kim et al. (2006). Each item was measured using a fully anchored five point
Likert agreement scale ranging from “strongly disagree” to “strongly agree” to indicate
the respondent’s level of agreement and disagreement towards the given statement. Table
3.4 shows the items associated with the alternative attractiveness.
Table 3.4
Item ID

AA1

AA2

AA3

Alternative attractiveness
Items

Original Item

I know I can switch from using
Facebook to using an alternative
OSN.
There are OSN services other
than Facebook that provide high
service quality.
There are other OSN services I
find more attractive than
Facebook.
I would feel more satisfied with
the services of other OSNs as
compared to Facebook.

I know that there are
alternative email services I
can switch to.
There are other email
services that provide high
service quality.
There are email services I
find more attractive than
the one I am using.
I would feel more satisfied
with the services of a new
adviser than I am with my
current adviser
A new adviser would
benefit me more than my
current adviser in
achieving my goals.

AA4
A different OSN would benefit
me more than Facebook.
AA5
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Source
(Kim et al.
2006)

(Sharma et
al. 2000)

Privacy concerns
Privacy concerns imply the “concerns about opportunistic behavior related to the
disclosure of personal information submitted by the respondent in particular” (Dinev and
Hart 2006 p 64). While there have been multi-dimensional privacy concern construct in
use, the current study utilizes a unidimensional construct measured by a reflective scale
adapted from Dinev and Hart (2006). All items are measured using fully anchored fivepoint Likert agreement scales.
Table 3.5
Item
ID

IPC1

IPC2

IPC3

IPC4

Privacy concern scale
Items
I am concerned that the
information I submit on
Facebook could be misused.
I am concerned that a person
can ﬁnd private information
about me on Facebook.
I am concerned about
submitting information on
Facebook, because of what
others might do with it.
I am concerned about
submitting information on
Facebook, because it could be
used in a way I did not foresee.

Original Item
I am concerned that the
information I submit on the
Internet could be misused.
I am concerned that a person
can ﬁnd private information
about me on the Internet.
I am concerned about
submitting information on the
Internet, because of what
others might do with it.
I am concerned about
submitting information on the
Internet, because it could be
used in a way I did not
foresee.
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Source

(Dinev
and Hart
2006)

Perceived enjoyment
Adopted from Davis et al. (1992), perceived enjoyment is defined in this study as
the extent to which the activity of using the OSN is perceived to be enjoyable in its own
right. The items for perceived enjoyment have been adopted from Limayem et al. (2007)
as well as Turel and Serenko (2012). Each item for perceived enjoyment is measured
using a fully anchored five point Likert agreement scale ranging from “strongly disagree”
to “strongly agree” to indicate the respondent’s level of agreement and disagreement
towards the given statement. See Table 3.6 for item ID, items, original items and sources
of it.
Table 3.6
Item ID

Perceived enjoyment scale
Items

PE1

Using Facebook is
enjoyable.

PE2

Using Facebook is
pleasurable.

PE3

Using Facebook is fun.

PE4

Using Facebook is
exciting.

PE5

Using Facebook is
interesting.

Original Items
Using this social
networking website is
enjoyable.
Using this social
networking website is
pleasurable.
Using this social
networking website is fun.
Using this social
networking website is
exciting.
Using this social
networking website is
interesting.
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Sources

(Limayem et al.
2007; Turel and

Serenko 2012)

Social capital
As defined in Chapter II, social capital implies the beneﬁts one receives from
one's relationships with other people (Lin 1999). As shown in Table 3.7, the items for this
construct were adopted from Hofer and Aubert (2013). Each item is measured using a
fully anchored five point Likert agreement scale ranging from “strongly disagree” to
“strongly agree” to indicate the respondent’s level of agreement and disagreement
towards the given statement. SC1, SC2, and SC3 measured the ‘bridging’ aspect of social
capital while SC4, SC5, and SC6 measured the ‘bonding’ aspect of social capital.
Table 3.7

Social capital scale

Item
ID

Items

Original Items

SC1

Interacting with people on
Facebook makes me feel
connected to the bigger
picture.
Interacting with people on
Facebook makes me feel like
part of a larger community.
On Facebook, I come in
contact with new people all
the time.
There are people on Facebook
I can turn to for advice about
making very important
decisions.
When I feel lonely, there are
people on Facebook I can talk
to.
There are people on Facebook
I trust to help solve my
problems.

Interacting with people on
Twitter makes me feel
connected to the bigger picture.

SC2

SC3

SC4

SC5

SC6

Interacting with people on
Twitter makes me feel like part
of a larger community.
On Twitter I come in contact
with new people all the time.
There is someone on Twitter I
can turn to for advice about
making very important
decisions.
When I feel lonely, there are
several people on Twitter I can
talk to.
There are several people on
Twitter I trust to help solve my
problems.
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Source

(Hofer
and
Aubert
2013)

Negative psychosocial well-being
Psychosocial well-being refers to how people evaluate their life in the form of
cognition or affect (Caplan et al. 2009). While negative psychosocial well-being may
have different dimensions, this study will use it as a unidimensional construct for
practical reasons. The items for this construct have been adapted from Ellison et al.
(2007b) to fit OSN context. Each item is measured using a fully anchored five point
Likert agreement scale ranging from “strongly disagree” to “strongly agree” to indicate
the respondent’s level of agreement and disagreement towards the given statement.
Table 3.8

Negative psychosocial well-being

Item ID

Items

NPW1

After observing other
people’s lives on Facebook, I
realize that in most ways, my
life is not close to my ideal.

In most ways my life is
close to my ideal.

After observing other
people’s lives on Facebook, I
feel that the conditions of my
life are far from excellent.
After observing other
people’s lives on Facebook, I
am not satisfied with my life
After observing other
people’s lives on Facebook, I
feel that I have not yet gotten
the important things I want
in my life.
After observing other
people’s lives on Facebook, I
would like to change many
things about my own life.

The conditions of my life
are excellent.

NPW2

NPW3

NPW4

NPW5

Original Items

I am satisfied with my
life.
So far I have gotten the
important things I want in
life.

If I could live my life
over, I would change
almost nothing.
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Source

(Ellison et al.
2007b)

Online victimization
As defined earlier, online victimization is defined as the degree to which
individuals perceive themselves as being hurt by an aggressive act online that was
deemed to be intentional (Sasso 2013). In regards to Facebook, online victimization can
be defined as the intentional activities performed by an individual that may hurt another
individual. Such activities can be bullying, harassment, spamming, etc. The items for this
construct were adopted from Tynes et al. (2010) and Sasso (2013) and were measured
using a fully anchored five-point Likert agreement scale. The item ID, adopted items,
original items and sources for the items are presented in Table 3.9.
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Table 3.9
Item ID

OV1

OV2

OV3

OV4

OV5

OV6

OV7

OV8

Online victimization scale
Items
People have said
negative things (like
rumors or name calling)
about how I look, act,
or dress on Facebook.
People have said mean
or rude things about the
way I talk (write) on
Facebook.
People have posted
mean or rude things
about me on Facebook
I have been harassed or
bothered on Facebook
because of something
that happened in real
life
I have been harassed or
bothered on Facebook
for no apparent reason.
I have been
embarrassed or
humiliated on
Facebook.
I have been bullied on
Facebook.
I was threatened on
Facebook because of
the way I look, act, or
dress.

Original Items

Sources

People have said negative things
(like rumors or name calling)
about how I look, act, or dress on
Facebook.
People have said mean or rude
things about the way I talk (write)
online.
People have posted mean or rude
things about me on the Internet.
I have been harassed or bothered
online because of something that
happened at school.
I have been harassed or bothered
online for no apparent reason.
I have been embarrassed or
humiliated online.
I have been bullied online.
I was threatened online because
of the way I look, act, or dress.
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(Tynes,

Rose, and
Williams
2010; Sasso
2013)

Social influence
Social influence is defined as the degree to which an individual perceives that
important others believe he or she should use the new system (Venkatesh et al. 2003). As
shown in Table 3.10, this construct is adopted from Venkatesh et al. (2003) and
Thompson et al. (1991). Each item was measured using a fully anchored five point
Likert agreement scale ranging from “strongly disagree” to “strongly agree” to indicate
the respondent’s level of agreement and disagreement towards the given statement.
Table 3.10

“Social influence scale

Item
ID

Items

Original Items

SI1

People who influence my
behavior think that I should
use Facebook.

People who influence my
behavior think that I should
use the system.

SI2

People who are important to
me think that I should use
Facebook.

People who are important to
me think that I should use the
system.

SI3

In general, my circle of
friends has supported my use
of Facebook.

In general, the organization
has supported the use of the
system.

SI4

I use Facebook because of the
proportion of my friends who
use it.

I use the system because of
the proportion of coworkers
who use the system.

Sources

(Venkatesh
et al. 2003;
Thompson
et al. 1991)

Fear of missing out
As defined in Chapter II, fear of missing out refers to a user’s concern on missing
an opportunity for social interaction and engagement with others (Przybylski et al.
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(2013). The items for this construct were adapted from Przybylski et al. (2013). Table
3.11 shows the item ID, adapted items, original items and sources for the items. Each
item was measured using a fully anchored five point Likert agreement scale.
Table 3.11

Fear of missing out scale

Item ID

Items

Original Items

FOMO1 I fear others have more
rewarding experiences than
me.
FOMO2 When I go on vacation, I
continue to keep tabs on what
my friends are doing.
FOMO3 I get worried when I ﬁnd out
my friends are having fun
without me.
FOMO4 I get anxious when I don’t
know what my friends are up
to.
FOMO5 It is important that I
understand my friends’ inside
jokes.
FOMO6 When I have a good time it is
important for me to share the
details online (e.g. updating
status).
FOMO7 When I miss out on a planned
get-together it bothers me.

I fear others have more
rewarding experiences than
me.
I fear my friends have more
rewarding experiences than
me.
I get worried when I ﬁnd out
my friends are having fun
without me.
I get anxious when I don’t
know what my friends are up
to.
It is important that I
understand my friends ‘‘in
jokes’’.
When I have a good time it is
important for me to share the
details online (e.g. updating
status).
When I miss out on a planned
get-together it bothers me.

Sources

(Przybylski
et al. 2013)

Addiction
Addiction refers to a pathological psychological dependency over an OSN (Turel
and Serenko 2012; Turel et al. 2011a). The items for addiction have been adopted from
Turel et al. (2011a) and Charlton et al. (2007). Table 3.17 shows the item ID, adapted
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items, original items and sources for the items. Each item was measured using a fully
anchored five point Likert agreement scale.
Table 3.12

Addiction scale

Item
ID

Items

ADD1

I sometimes neglect important
things because of my interest
on Facebook.

ADD2

ADD3

ADD4

ADD5

ADD6

ADD7

Original Items

I sometimes neglect important
things because of my interest in
my mobile email.
My social life has sometimes
My offline social life has
suffered because of me
sometimes suffered because of
interacting with my mobile
my interactions on Facebook.
email.
Using Facebook has
Using mobile email has
sometimes interfered with
sometimes interfered with
other activities.
other activities.
When I am not checking my
When I am not checking my
mobile email I often feel
Facebook, I often feel agitated.
agitated.
I have made successful
I have made unsuccessful
attempts to reduce the time I
attempts to reduce the time I
interact with my mobile email
spend on Facebook.
(R).
I am sometimes late for other
I am sometimes late for
appointments because I
engagements because I interact
interact a lot on Facebook.
with my mobile email.
Arguments have sometimes
I have got into an argument
because of the time I spend on arisen because of the time I
spend on mobile email.
Facebook.

Sources

(Turel et
al.
2011a;
Charlton
and
Danforth
2007)

Two-phase investigation
A two-phase investigation as shown in the Figure 3.2 was performed to assess that
the validity, reliability, and precision of measurement in this study. The first phase,
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known as the preliminary investigation, examines the content validity, construct validity,
discriminant validity, convergent validity and reliability of the measurement items and
scales. The second phase, known as the primary investigation, was used to confirm the
pilot study’s validity and reliability findings and tested the hypotheses developed in
Chapter II.

Figure 3.2

Flow of investigation

Preliminary investigation
The instrument used for this study was analyzed and validated before the primary
investigation procedure. As shown in Figure 3.2, the preliminary investigation includes
feedback from an expert panel review, a pretest, and a pilot test. These steps are
consistent with the scale development guidelines presented in Figure 3.1 (MacKenzie et
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al. 2011) and helped to assess content validity, convergent validity, discriminant validity,
and reliability.
Expert panel reviews
Although constructs adopted from earlier studies may have been rigorously tested
for reliability and validity, additional content validation using a multi-stage iterative
procedure is recommended (Churchill 1979). There were two expert panel reviews
conducted for this study – the first one was conducted before the first pilot study, the
second one after the second pilot study - as the research model was slightly changed after
the first pilot study. This helped to ensure face validity and content validity of the survey
instruments.
To increase the validity and reliability of the items, the individual items of the
constructs were initially exposed to an expert review panel comprised of instrumentation
expert. These experts included graduate students who practice survey instrumentation
regularly from the College of Business at Mississippi State University. The changes
suggested by this expert panel review such as revision to wordings to improve clarity and
precision, dropping of items to make the survey fatigue free, and revision of items to
make them unambiguous were incorporated. After the first pilot study, some changes
were required in the research model and thus, the instrument. Thus, a second expert panel
review that included faculty members from the College of Business at Mississippi State
University was conducted.
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Pretest
After the expert panel review, required changes were made on the instrument
based on the feedback provided. Then the instrument was again presented to the graduate
students from the College of Business at Mississippi State University to further refine it.
Also, the refined instrument was shown to the undergraduate students from the College of
Business who represented the targeted sample frame. Any changes required were
identified during the pretest. Participants evaluated the flow of the survey, the language
used, the choice of words, and especially the meaning of items so that the items represent
the construct as presented by the construct’s definition.
Pilot study I
A pilot test was carried out to ensure the initial reliability and validity of the
scales. To mirror the final survey, the pilot study was conducted through Qualtrics. After
filtering out the respondents who failed the attention-checking question, a total of 129
individuals competed all the parts of the survey. To assess the reliability and validity of
the pilot data, an exploratory factor analysis was conducted. As part of the exploratory
factor analysis, convergent and discriminant validity, Cronbach’s alpha, composite
reliability, and model fit were calculated. Convergent validity is confirmed when the
items load much higher on their hypothesized construct than any other constructs (Herath
and Rao 2009a; Loch et al. 2003). All other items that load together should show loading
of 0.7 and higher (Chin et al. 2003). Also, average variance extracted (AVE) for all the
constructs should exceed the threshold of 0.5 for all the constructs used in the study
(Fornell and Larcker 1981). Discriminant validity is established when the square root of
AVE for each construct is greater than the inter-construct correlation corresponding off
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diagonal correlations of the construct to their latent variables (Loch et al. 2003). The
existence of discriminant validity in pilot data shows that scores on a test of a concept do
not highly correlate with scores from other tests designed to measure theoretically
different concepts (Campbell and Fiske 1959). Reliability for the constructs was tested
using the composite reliability score and Cronbach’s alpha. The Cronbach’s alpha and
composite reliability examines the internal consistency among the data.
Primary investigation (and pilot study II)
The preliminary investigation helped to assess the reliability and validity of the
constructs before the primary investigation. At this point of investigation, the items have
been modified for clear understanding and better capturing of the definition of the
construct. Some of the items that violated discriminant and convergent validity of the
data were dropped during the preliminary investigation. The items were randomized
within the survey so that the order effects would be minimized (Podsakoff et al. 2003).
However, after the first pilot study, the research model was reduced to make it
more parsimonious. It was practical to reduce the research model to make sure that the
study could be conducted within the given time constraint. With the revision of the
model, the survey instrument was reviewed by the expert panel again before heading to
the second pilot study. A total of 90 undergraduate students from Mississippi State
University participated in the second pilot study.
The sample for the final study was the undergraduate students from Mississippi
State University. All the respondents were informed about the objectives of the study so
that they were aware of the importance of the study and would take the survey with some
seriousness. The respondents were also informed that it would take 15 minutes on
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average to complete the survey. Also, all the items required an answer from the
respondents and could not be skipped. An attention checking questions were included in
the main survey as they were in the pilot test. Demographics and email addresses were
collected at the very end of the first survey. The respondents who completed the first part
of the survey were contacted after 1 month for the second part of the survey.
Sampling frame
The sampling frame for the primary investigation was undergraduate students of
Mississippi State University and individuals who take regular surveys in Amazon
Mechanical Turk. Using undergraduate students as sampling frame was appropriate as
age group of 18 to 25 years that are educated and college students are the ones that use
the OSNs the most (Gefen et al. 2003; Lenhart et al. 2010; Li et al. 2010a). Respondents
were provided instructions about the objective of the survey, the seriousness of the study,
and the possible benefits. Also, only the respondents who were currently using Facebook
in some ways were allowed to complete the survey. Responses that were incomplete,
completed in an impossible time frame, failed attention checking questions, and showed a
pattern to the answer such as selecting Likert scale 5 for all items, were deleted. A total
of 591 students participated and completed the first part of the survey. At the end of the
final part of the survey, only 398 responses were usable as some of the data were
incomplete and/or failed the attention checking questions.
Data collection procedure
As stated earlier, our research design was developed in such a way that the data
were collected at two different time periods. The first part of the survey collected data for
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all the constructs. Thus, a complete survey instrument was provided to the respondent
through Qualtrics. There was one month gap between the collection of survey data and
the measurement of disengagement behavior. The disengagement behavior was
calculated by the changes in the behavior of users over the period of one month. There
were six different Facebook behaviors that were collected in this study. They were
“number of times Facebook used”, “number of hours Facebook used”, “number of
contents you generated/uploaded on Facebook”, “number of contents you liked on
Facebook”, “number of friend requests you sent on Facebook”, and “number of friend
requests received on Facebook”. On average, there was a decline on Facebook activities
and behavior over the period of time we collected our data. The number of times
Facebook used decreased by an average of 4.3; the number of hours Facebook used
decreased by 2.61 hours; the number of contents generated/uploaded on Facebook
decreased by 1.38; the number of likes made on Facebook decreased by 4.35; the number
of friend request sent on Facebook decreased by 0.66 and; the number of friend request
received on Facebook decreased by 3.13. The following table shows the statistical
characteristics of disengagement behavior.
Table 3.13

Items

Statistics related to disengagement behavior

Time 1
Standard
Average
Deviation

Time 2
Standard
Average
Deviation

Changes
Average

Standard
Deviation

NT

27.39

12.4

23

11.7

(4.39)

(3.2)

NH

6.59

6.7

3.97

2.3

(2.62)

(6.2)

NSM

7.48

5.7

6.1

2.8

(1.38)

(4.2)

NSL

15.81

12.8

11.45

8.9

(4.36)

(8.9)

NFL

2.65

1.9

1.99

1.4

(0.66)

(1.2)

NFR

4.54

4.5

1.41

1.3

(3.13)

(3.9)
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Measurement of model fit
To further examine the validity of the measurement model, we analyzed how well
the model fit the data with the help of model fit statistics available through AMOS
(Anderson and Gerbing 1988). The goodness of fit index (GFI), comparative fit index
(CFI), normed fit index (NFI) and incremental fit index (IFI) all asses the goodness of fit
of the model with the data and should be above 0.90 to show model fit. Root mean square
error of approximation (RMSEA) and Standardized Root Mean Square Residual (SRMR)
which measures the “badness of fit” should both be below 0.05. Similarly, we assessed if
the relative chi-square (i.e. CMIN/df), which is also a “badness of fit”, is below the
threshold of 3 (Kline 1998) and is thus non-significant. Together, the result showed if our
hypothesized measurement model fit the observed data. The detailed analyses is provided
in Chapter IV.
Instrument validity
To measure the instrument validation and test the structural model, the current
study used SPSS 21, SmartPLS 2.0, and AMOS 22. The data was assessed through tests
of convergent validity, discriminant validity and reliability using commonly accepted
guidelines. The data was first analyzed with the initial construct validity tests. This study
examined factor loadings of the variables to see if the items loaded cleanly on separate
components and to see if there was any cross loading among the items.
As all of the scales used in this research model were reflective in nature (except
actual disengagement), multi-item scales were used to measure these constructs. An
exploratory factor analysis was conducted to view the items loadings, cross-loadings and
AVE. To assess the consistency across multiple items, a convergent validity test was
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performed. Convergent validity is confirmed when the items load much higher on their
hypothesized construct than any other constructs (Herath and Rao 2009b). The items that
load together are expected to have a value of 0.7 and more. Discriminant validity is
confirmed when the items cross load on other factors with less than 0.4 value. Items that
have cross loading of greater than 0.4 value on other factors are dropped after further
analysis (Chin et al. 2003). Also, AVE should exceed the threshold of 0.5 for all the
constructs used in the study (Fornell and Larcker 1981).
An exploratory factor analysis (EFA) was conducted to examine the number of
latent factors under which the items were statistically categorized (DeVellis 2011). In
EFA, the items would be allowed to freely correlate to each other with no statistical
restrictions what so ever. The study used principal component analysis with a Varimax
rotation in SPSS to calculate EFA. The EFA was followed by confirmatory factor
analysis (CFA) which helped to confirm expected causal connections or the results of
EFA (Floyd and Widaman 1995). CFA was conducted using AMOS 22 as well as
SmartPLS 2.0. Chapter IV provides detail analyses of validity and reliability.
Common method variance
Finally, we assessed the extent of common method variance with three statistical
tests. First, we performed the Harman’s single factor test by loading all of the items in a
principal component factor analysis (Podsakoff et al. 2003). If the results showed that
there was more than a single factor that accounts for a majority of covariance, it would
suggest absence of CMV in our study. However, as Harman’s single factor test is
increasingly contested for its ability to detect common method bias, we also used Lindell
and Whitney’s (2001) test that uses a theoretically unrelated construct (termed a marker
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variable) to assess CMV. We used “Perceived effectiveness of credit card guarantees” as
our marker variable construct for this study, which used to adjust the correlations among
the principal constructs (Pavlou et al. 2007). Perceived effectiveness of credit card
guarantees (CCG) imply the belief in individuals regarding the guarantees that the credit
card companies provide to stand by the customers in case of disputed transactions.
Table 3.14
Item ID
CCG1

CCG2

CCG3

Perceived effectiveness of credit card guarantees
Items
I believe my credit card company will protect me in case of
problematic transactions with sellers in Amazon’s auction
marketplace.
I am conﬁdent that my credit card payments are safe in case
of disputed purchases from sellers in Amazon’s auction
marketplace.

Sources

(Pavlou and
Gefen 2004)

My credit card company will stand by me if problems occur
during transactions with sellers in Amazon’s auction
marketplace.

Absence of high correlations between principal constructs and the marker variable
would indicate that the study does not have serious issues with common method bias.
Third, the study tested CMV by including a common method factor that links to all of the
items of the constructs. The study performed a chi-square difference test between model
with a common method latent variable and without it. If the test finds less than a 3.84 chisquare value for a change in 1 degree of freedom, CMV is unlikely to be a serious
concern as the method factor loadings are insignificant. As such, the indicators’
substantive variances are substantially greater than their method variances (Bulgurcu et
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al. 2010). The results for the common method variance along with its analysis for this
study are discussed in Chapter IV.
Data analysis
For the remainder of the data collected for this study, SPSS 21, SmartPLS 2.0 and
AMOS 22 was used. Principal component analysis in SPSS 21 was primarily used for
exploratory factor analysis. The structural equation modelling (SEM) technique in
AMOS 22 and SmartPLS 2.0 was used to analyze the measurement model and the
structural model in confirmatory factor analysis. AMOS, which is a covariance based
structured equation model, also provides various overall goodness-of-fit indices to assess
model fit and method variance. Thus, the structural model also tested the goodness of fit
along with significance of hypothesis testing.
We chose the SEM technique rather than regression to test the research model as
this research contains both reflective and formative constructs. SEM incorporates
multiple independent and dependent variables, error terms, interactions, and correlations
for simultaneous analysis and thus, is a second generation data analysis technique that is
better equipped than the regression technique (Gefen et al. 2000). Thus, the choice of the
SEM technique to assess the measurement model as well as structural model for this
research is justified.
SEM relies on tests which are sensitive to sample size and to the magnitude of
differences in covariance matrices (Zhu et al. 2006). Previous scholars have varied
suggestions regarding the right sample size required. Nunnally and Bernstein (1994)
suggested the rule of 10 which states having 10 observations for each indicator in the
model. Stevens (1996) suggested having 15 observations. Schreiber et al. (2006)
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recommended 10 participants for every parameter estimated. Overall, there is no
consensus among scholars regarding this number and a sample size of 200 is suggested to
be the minimum (Garver and Mentzer 1999; Hoelter 1983; Sivo et al. 2006). Thus, IS
scholars have used sample sizes that are 6 times the rule of 10 (Siponen and Vance 2010).
A priori statistical power analysis is required to avoid having a Type II error in
research. Thus, the sample size was calculated using danielsoper’s statistical calculator
version 3.0 (Westland 2010; www.danielsoper.com). The analysis of variance test was
conducted with priori values of an effect size of 0.10 (considered small), alpha of .05, and
power of 0.95 (considered excellent). With those given values, the recommended
minimum sample size to achieve statistical power for this study is 313.
Summary
This chapter presented the details of the preliminary investigation and the primary
investigation. The preliminary investigation part included how the instruments were
developed, the process of the expert panel reviews, pre-test, and pilot tests. The
preliminary investigation was required to determine the scale reliability, construct
validity, and content validity of the research instrument. The primary investigation part
included the sampling procedures such as survey design, instrument validity, common
method variance, and data analysis. The next chapter covers the statistical analysis of the
pilot study and the final study.
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DATA ANALYSIS RESULTS
This chapter discusses the results from the first pilot study, the second pilot study,
and main study. First, the demographic frequencies, reliability, and construct validity of
the pilot studies were conducted. This was followed by a detailed analysis of the main
study such as demographic characteristics, reliability, validity, model fit, common
method variance, and structural model testing.
Pilot study I
A pilot test was carried out to ensure the initial reliability and validity of the
scales. This pilot study was performed on the original research model presented in
Chapter I. Thus, the items and constructs used may not represent the revised research
model. To mirror the final survey, the pilot study was conducted through Qualtrics. The
data for the pilot study was collected from Amazon Mechanical Turk. A total of 201
individuals filled out the first part of the survey and 20 of them failed the “attention
check” questions. After one month, all the respondents who took the first part of the
survey were emailed to remind them of the second part of the survey along with the link
for the survey. For the second part of the survey, 129 individuals came back to take the
survey making a total “n” of 129. Thus, the maturity rate for the survey was almost
35.8%. The demographic distribution of the respondents for this pilot study is show in
Table 4.1.
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Table 4.1

Demographic distribution of survey respondents for pilot study I

Male
Age
18 to 21
22 to 25
26 to 30
31 to 35
36 to 40
41 and above
OSN Choice
Facebook
Twitter
Pinterest
Instagram
Google+
Tumblr
Others

Gender:

61 Female
Percent
Experience in SN
5% 0 to 2 years
19% 3 to 5 years
25% 6 to 10 years
12% More than 10 years
16%
22%
Education
73% High School
7% Undergraduate
2% Graduate
3% PhD
1% Others
2%
12%

68
Percent
10%
64%
49%
6%

15%
49%
34%
1%
2%

To assess the reliability and validity of the pilot data, an exploratory factor
analysis was conducted. As part of the exploratory factor analysis, convergent and
discriminant validity, Cronbach’s alpha and composite reliability and model fit was
calculated. Convergent validity is confirmed when the items load much higher on their
hypothesized construct than any other construct (Herath and Rao 2009a; Loch et al.
2003). All other items that load together should show loading of 0.7 and higher (Chin et
al. 2003). Also, average variance extracted (AVE) for all the constructs should exceed the
threshold of 0.5 for all the constructs used in the study (Fornell and Larcker 1981).
Discriminant validity is established when the square root of AVE for each construct are
greater than the inter-construct correlation corresponding off diagonal correlations of the
construct to their latent variables (Loch et al. 2003). As shown in Table 4.1 and 4.2 the
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pilot study showed mixed results. The items of “alternative attractiveness” construct did
not have a loading of 0.7. Similarly, the items of “Depression”, “Low Self-esteem” and
“Dissatisfaction with Life” cross-loaded with each other as shown in Table 4.2. Besides
these, some of the items from the constructs used in the research model were dropped due
to cross-loadings.
Table 4.2

Loadings and cross-loadings of latent constructs for pilot study I

Item
AA
AD
ADD BINT DEP
DS
FOMO LSE
AA1
-0.063
AA2
0.872
AA3
0.114
AD1
0.995
AD2
0.995
AD3
0.994
ADD1
0.865
ADD3
0.817
ADD4
0.834
ADD6
0.874
BINT1
0.913
BINT2
0.918
BINT3
0.930
DEP1
0.825
DEP2
0.870
DEP3
0.680
DEP4
0.881 0.715
0.680
DS1
0.639 0.898
0.812
DS4
0.711 0.915
0.823
DS5
0.626 0.907
0.848
DS6
0.687 0.934
0.858
FOMO2
0.888
FOMO3
0.639
FOMO6
0.879
LSE2
0.864
0.924
LSE3
0.854
0.932
LSE5
0.841
0.941
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Table 4.2 (continued)
Item
OV
PE
PR
PS
PU
SC
SI SU
OV1
0.936
OV3
0.921
OV5
0.898
PE1
0.924
PE2
0.912
PE3
0.927
PR1
0.758
PR2
0.911
PR4
0.877
PS2
0.887
PS3
0.936
PS4
0.876
PU1
0.771
0.895
PU2
0.829
PU4
0.903
SC1
0.871
SC3
0.670
SC4
0.718
SI1
0.783
SI2
0.860
SI4
0.758
SU1
0.832
SU2
0.905
SU3
0.931
SU4
0.904
AA = Alternative Attractiveness; AD = Actual Disengagement; ADD = Addiction; BINT
= Behavioral intention; DEP = Depression; DS = Dissatisfaction with life; FOMO = Fear
of missing out; LSE = Low Self-esteem; OV = Online Victimization; PE = Perceived
Enjoyment; PR = Perceived Relevance; PS = Perceived Surveillance; PU = Perceived
Usefulness; SC = Social capital; SI = Social Influence; SU = Secondary Use of information

Table 4.3 shows the average variance extracted (AVE) and the discriminant
validity for the pilot data. The square root of the AVE for each construct as shown in the
diagonal of the correlation construct matrix in Table 4.3 are greater than the inter117

construct correlation corresponding off-diagonal correlations of the constructs to their
latent variables. The existence of discriminant validity in pilot data shows that scores on a
test of a concept do not highly correlate with scores from other tests designed to measure
theoretically different concepts (Campbell and Fiske 1959).
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Table 4.3

Inter-Construct Correlations for pilot study I

AA = Alternative Attractiveness; AD = Actual Disengagement; ADD = Addiction; BINT = Behavioral intention; DEP =
Depression; DS = Dissatisfaction with life; FOMO = Fear of missing out; LSE = Low Self-esteem; OV = Online Victimization; PE
= Perceived Enjoyment; PR = Perceived Relevance; PS = Perceived Surveillance; PU = Perceived Usefulness; SC = Social capital;
SI = Social Influence; SU = Secondary Use of information; AVE = Average Variance Extracted; values on the diagonal are the
square root of AVE”
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For the pilot data, the study applied confirmatory factory analysis using AMOS to
examine the “goodness of fit” of the estimated model to determine how well it represents
or models the data. As shown in Table 4.4, the pilot data showed an acceptable model fit
as Incremental fit index (IFI), Tucker Lewis index (TLI) and Comparative fit index (CFI)
are all above 0.9 while the relative chi-square (i.e. CMIN/df) is below the threshold of 3
(Kline 1998). Similarly, Root Mean Square Error of Approximation (RMSEA) shows an
adequate fit as it is below the threshold of 0.10 (Kline 1998).
Reliability for the constructs is measured using the composite reliability score and
Cronbach’s alpha. The Cronbach’s alpha and composite reliability examines the internal
consistency among the data. Where Cronbach’s alpha and the composite reliability are
above 0.7, it shows the reliability of the instrument (Chin and Gopal 1995). As shown in
Table 4.4, except for “alternative attractiveness”, the composite reliability as well as
Cronbach’s alpha for all other constructs are higher than 0.7.
Table 4.4

Reliability test for pilot study I

Constructs
AA
AD
ADD
BINT
DEP
DS
FOMO
LSE
OV
PE
PR
PS
PU
SC
SI
SU

Composite Reliability
Cronbach’s Alpha
0.277
0.996
0.910
0.943
0.888
0.952
0.848
0.952
0.941
0.943
0.886
0.927
0.908
0.799
0.842
0.940
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0.804
0.994
0.869
0.909
0.831
0.934
0.742
0.925
0.907
0.913
0.808
0.882
0.859
0.645
0.724
0.919

The proposed study uses a mono-view strategy to minimize the common method
bias through utilization of refined instrumentation, refined procedures, and data analysis
techniques (Burton-Jones 2009). A similar strategy was used to minimize common
method bias for the pilot data as well. Besides the instrumentation and procedural
refinement, the study looked at the Harman’s single factor test to see if a single factor
explained more than half of the variance in a principal component factor analysis
(Podsakoff et al. 2003). As the results showed that there is more than a single factor that
accounts for a majority of the covariance, CMV is absent in this study. Due to the
limitation of the Harman’s single factor method, the study also used the unmeasured
latent common method factor technique where a hypothetical common method factor is
created. A common method factor is a latent variable that has a direct relationship with
each construct’s indicators of the research model. Using this technique, a confirmatory
factor analysis was performed with and without a common method factor to determine if
there is the presence of common method variance. The result of the analysis shows that
the difference between the models is 1df and 2.64. Thus, there is no significant difference
in the model before and after adding the common latent factor as the chi-square
difference is less than 3.84, providing evidence that common method variance was not a
substantial concern. This can be seen Table 4.5. See Appendix B2 for diagrammatical
details.
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Table 4.5

Common method bias through latent common method factor for pilot study I
Model fit summary

CMIN

DF

Before Common latent factor

1782.90

1154

After Common latent factor

1756.49

1144

Changes

26.41

10

As discussed above, the data collected from Amazon Mechanical Turk did not
provide a clear picture of validity and reliability as there were cross-loadings of items
between constructs. Dissatisfaction with life, low self-esteem and depression are the three
constructs that have their items cross-loaded with each other. Similarly, alternative
attractiveness had two items load at less 0.2. Thus, a second round of data was collected
from undergraduate students at Mississippi State University. Unlike the data collection of
Amazon Mechanical Turk, the data from the students were collected at one point in time.
Thus, both parts of the survey were given to the students at the same time. The idea
behind this round of data collection was to analyze the measurement model and check the
reliability and validity of our research model, the collection of data from both parts of the
survey was logical and appropriate. Except some minor grammatical changes, the survey
given to the students had a similar structure to the Amazon Mechanical Turk survey.
Three newer items (along with older items) related to alternative attractiveness were
included in the new survey. These three newer items are “I know there are alternative
OSN services I can switch to”, “There are newer OSN services that I find more attractive
than the one I am using”, “A newer OSN would provide a full range of services I prefer”.
The analysis of the data collected from students has been provided in Appendix B (please
see Appendix B for further details).
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Pilot study II
After the suggestions provided by dissertation committee members during the
proposal defense, the original model of the study was reduced to a smaller model. While
the original model had both psychosocial well-being and Internet privacy concern as a
second order reflective, first order reflective construct, the smaller revised model
simplified these constructs as reflective ones. Also, perceived usefulness was removed
from the model. Also, an expert panel review was held to further revise the existing
scales. Thus, a second pilot study was conducted to ensure reliability of the constructs. A
sample of 90 students from the College of Business at Mississippi State University
participated in the second pilot study. The sample was 37.8% female and 62.2% of male.
The average age of the sample was 21.7 years and the sample had an average experience
on OSNs of 7.05 years. See table 4.6 for a list of these demographics.
Table 4.6

Demographic characteristics of pilot study II

Variable
Gender
Age
Average Experience on OSN
Average Experience on Facebook
Average Number of Facebook
Friends

Measure
Male
Female
18 to 100

Frequency
Percentage
34
37.8
56
62.2
21.7
7.05 years
6.56 years
721.6

An exploratory factor analysis was performed using rotated principal components
matrix and varimax rotation to evaluate convergent validity and discriminant validity.
Convergent validity is confirmed when the items load on their hypothesized construct
with a value greater than 0.70 (Loch et al. 2003) and discriminant validity is
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demonstrated when the items cross-load lesser than 0.4 on other factors than the
hypothesized one (Hair et al. 2010). As can be seen in Table 4.7, examination of the
rotated component matrix revealed several issues related to both validity as loading and
cross-loading did not meet the threshold standard mentioned above.
Table 4.7

Loadings and cross loadings of latent constructs for pilot study II with all
items
Component

AA1

1

2

3

4

5
.483

AA2

.783

AA3

.833

AA4

.750

AA5

.852

6

IPC1

.883

IPC2

.782

IPC3

.847

IPC4

.847

PE1

.898

PE2

.835

PE3

.803

PE4

.840

PE5

.692

7

8

9

10

11

SC1

.619

SC2

.579

SC3

.710

SC4

.806

SC5

.690

SC6

.871

NPW1

.747

NPW2

.833

NPW3

.835

NPW4

.805
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12

13
-.642

Table 4.7 (continued)
NPW5

.816

SI1

.746

SI2

.650

SI3

.634

SI4

.696

OV1

.837

OV2

.706

OV3

.847

OV4

.873

OV5

.878

OV6

.656

OV7

.836

OV8

.885

FOMO1
FOMO2

.557
.416

FOMO3

.558

FOMO4

.635

FOMO5

.493
.721

FOMO6
FOMO7

.815

ADD1

.734

ADD2

.670

ADD3

.776

ADD4

.576

ADD5

.575

ADD6

.675

.500

ADD7

.460

ADD8

.724

ADD9

.821

BINT1

.717

BINT2

.715

BINT3

.752

AA = Alternative Attractiveness; IPC = Internet Privacy Concern; PE = Perceived
Enjoyment; SC = Social Capital; NPW = Negative Psychosocial Well-being; SI = Social
Influence; OV = Online Victimization; FOMO = Fear of Missing Out; BINT =
Behavioral Intention to Disengage; ADD = Addiction
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Thus, some of the items were removed to analyze if pilot study II yields the
expected convergent and discriminant validity. Table 4.8 shows the establishment of
convergent validity as all the items are loaded on their respective constructs meeting the
threshold of 0.7 (Straub et al. 2004) except for OV6, PE5, SI2, SC5, SC2, and FOMO 4.
However, for these items too, the loadings are above 0.65 and are acceptable (Lange et al.
2015). It also demonstrates the convergent validity as items that cross-loaded on different
constructs did not have cross-loadings greater than 0.4 (Hair et al. 2010).
Table 4.8

Loadings and cross-loadings of latent constructs for pilot study II after
items removal
Component
1

OV8

.893

OV5

.882

OV4

.877

OV7

.843

OV3

.842

OV1

.821

OV2

.701

OV6

.664

2

PE1

.892

PE4

.835

PE2

.835

PE3

.821

PE5

.698

3

NPW3

.870

NPW2

.825

NPW4

.798

NPW5

.784

NPW1

.751

4

ADD3

.808

ADD9

.801

ADD1

.728

ADD6

.722

ADD2

.705

5

6
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7

8

9

10

11

Table 4.8 (continued)
ADD8

.704

IPC1

.875

IPC4

.846

IPC3

.845

IPC2

.782

AA5

.845

AA3

.842

AA2

.807

AA4

.768

SI4

.702

SI3

.700

SI1

.700

SI2

.649

SC6

.872

SC4

.801

SC5

.690

SC3

.717

SC1

.694

SC2

.652

FOMO3

.762

FOMO7

.742

FOMO4

.669

BINT3

.775

BINT1

.740

BINT2

.713

AA = Alternative Attractiveness; IPC = Internet Privacy Concern; PE = Perceived Enjoyment; SC
= Social Capital; NPW = Negative Psychosocial Well-being; SI = Social Influence; OV = Online
Victimization; FOMO = Fear of Missing Out; BINT = Behavioral Intention to Disengage; ADD =
Addiction

Reliability of the constructs in the second pilot study were examined using
different measures such as Cronbach’s alpha, Cronbach’s alpha if item deleted, item-tototal correlations, loadings and cross loadings, etc. Using SPSS 21, Cronbach’s alpha was
calculated to examine the reliability of the constructs. The alpha values for each of the
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construct were greater than 0.70 indicating an acceptable level of reliability (see Table
4.9; Nunnally and Bernstein 1994). ‘Cronbach’s alpha if item deleted’ as shown in the
following table displays that deleting one particular items from a construct doesn’t
increase the overall Cronbach’s alpha value for that construct. Also, ‘item-to-total
correlation’ which is the correlation of each item with the sum of the other items in its
category, has values greater than the acceptable threshold of 0.4 (Hair et al. 1998; Hair et
al. 2010). Generally, a value greater than .50 is desired for squared multiple correlation as
it suggests that the majority of the variance in the indicator is due to the latent construct.
However, as can be seen in Table 4.9, some of the items in a construct has squared
multiple correlations lower than 0.50.
Table 4.9
Items

Reliability test for pilot study II after items removed
Scale Mean
if Item
Deleted

Scale
Variance if
Item Deleted

Corrected
Item-Total
Correlation

Squared
Multiple
Correlation

Cronbach's
Alpha if Item
Deleted

AA2

10.39

6.959

.666

.458

.875

AA3

10.52

5.646

.771

.598

.834

AA4

10.91

5.700

.770

.612

.834

AA5

10.91

5.902

.769

.614

.834

IPC1

10.18

7.271

.842

.713

.837

IPC2

10.13

7.960

.742

.583

.875

IPC3

10.21

7.719

.735

.561

.878

IPC4

10.11

7.718

.758

.578

.870

PE1

13

7.393

.896

.812

.887

PE2

13.11

7.808

.819

.709

.902

PE3

13.02

7.64

.787

.644

.908

PE4

13.31

7.25

.809

.675

.904

PE5

12.93

7.816

.701

.501

.923

SC1

13.96

12.829

.602

.585

.734

SC2

13.92

13.016

.527

.530

.751
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Cronbach’s
Alpha
0.88

0.896

0.923

0.762

Table 4.9 (continued)
SC3

14.16

13.211

.432

.275

.776

SC4

14.12

12.873

.495

.438

.760

SC5

14.30

12.617

.602

.416

.733

SC6

14.21

12.910

.548

.512

.746

NPW1

8.64

10.749

.737

.569

.913

NPW2

8.72

10.720

.821

.689

.896

NPW3

8.93

10.715

.769

.628

.906

NPW4

8.76

10.771

.794

.657

.901

NPW5

8.72

10.405

.842

.725

.891

SI1

8.71

6.388

.628

.441

.705

SI2

8.64

6.322

.590

.425

.723

SI3

8.02

6.921

.576

.365

.734

SI4

8.22

5.568

.572

.378

.744

OV1

13.52

30.005

.795

.670

.935

OV2

13.63

31.201

.724

.578

.939

OV3

13.47

29.757

.802

.683

.934

OV4

13.50

29.152

.839

.775

.932

OV5

13.52

28.882

.857

.769

.930

OV6

13.47

30.072

.690

.530

.942

OV7

13.61

29.499

.836

.747

.932

OV8

13.62

30.013

.812

.728

.934

FOMO3

7.33

5.416

.701

.460

.622

FOMO4

7.64

6.187

.616

.403

.698

FOMO7

7.02

5.640

.535

.758

.758

ADD1

7.13

7.892

.725

.593

.842

ADD3

7.08

7.623

.728

.546

.841

ADD6

7.33

8.494

.701

.555

.851

ADD8

7.29

7.758

.668

.501

.856

ADD9

7.12

7.434

.709

.556

.846

BINT1

6.56

3.710

.734

.672

.741

BINT2

6.63

4.190

.567

.347

.901

BINT3

6.57

3.529

.814

.716

.661

0.795

0.919

0.779

0.942

0.772

0.874

0.838

Main study analyses
This section discusses the results of the main investigation of this study in three
main sets of analyses. As stated in Chapter III, the data for the main study were collected
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using a survey design method. First, the data were analyzed to examine the characteristics
of the sample. Second, the data were analyzed to examine the validity and reliability
using exploratory factor analysis. Lastly, the third set of data analysis contains the twostep approach of confirmatory factor analysis. The first step within the confirmatory
factor analysis examined the measurement model including model fit, reliability,
convergent and discriminant validity, and common method variance. The second step
within the confirmatory factor analysis is the structural model evaluation which includes
review of structural model fit, and the path estimates.
Sample characteristics
Undergraduate students from five different classes within Mississippi State
University were invited to complete this survey. The invitations were sent through emails
as well through face to face classroom visits to 950 students approximately. A total of
591 students participated and completed the first part of the survey. At the end of the
final part of the survey, only 398 responses were usable as some of the data were
incomplete and/or failed the attention check questions. Of the approximately 950 students
invited almost 359 students did not respondent to the survey at all while out of 591 that
responded only 398 completed the second part of the survey. Thus, the failure rate for
this study was 37.8% and the dropout rate was 32.6%. The sample for this study
consisted of business and non-business majors from undergraduate classes. An invitation
to complete the survey was provided by the instructor of each class. The recruited
students were informed that they would receive extra credit for completing the survey
and may also be eligible for gift card.
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The sample respondents of the main study were 48.7% male and 51.3% female.
The average age of the respondents was 20.79 years as the survey data was collected only
from undergraduate students – that too mainly from freshman level courses. As the age
group of 18 to 25 years that are educated and college students are the ones that use the
OSNs the most (Gefen et al. 2003; Lenhart et al. 2010; Li et al. 2010a), it is appropriate
to have undergraduate students as the sample for this study.
Almost 47.74% of respondents stated that they are planning to keep their
Facebook usage “about the same” in the near future. 28.64% of the respondents stated
that their Facebook usage in the near future would be “somewhat less” than existing
usage. 14.32% of the respondents mentioned that their Facebook usage in the near future
would be “a lot less” than existing usage. As expected, only 7.79% of the respondents
stated that they are planning to use Facebook “somewhat more” while 1.51% of the
respondents stated that they will be using Facebook “a lot more” in the near future.
Instagram seems to be the most popular OSN among our respondents as almost
52.01% of our respondents chose it as the most used OSN. Facebook came in a distant
second as only 23.37% of the respondents chose it as the OSN where they spent the most
hours. Twitter was chosen by 17.34% respondents as the most used OSN while Pinterest,
Tumblr, and Google+ were chosen by 3.27%, 1.51%, and 0.25% respectively. Some
other OSNs were chosen as networks most used by 2.26% of the respondents of this
study. The average years of experience respondents have of using OSNs is 6.7 while the
average year of experience respondents have of using Facebook is 6.39. On average, the
respondents had 853.05 Facebook friends (see Table 4.10 for demographic
characteristics).
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Table 4.10

Demographic characteristics of main study

Variable
Gender
Age
Level of Change in Facebook usage in
near Future

OSN that you use the most

Average Experience with OSN
Average Experience with Facebook
Average Number of Facebook Friends

Measure
Male
Female
18 to 100
A lot less
Somewhat less
About the same
Somewhat more
A lot more
Facebook
Twitter
Pinterest
Instagram
Google+
Tumblr
Others

Frequency Percentage
194
48.7
204
51.3
20.79
57
14.32
114
28.64
190
47.74
31
7.79
6
1.51
93
23.37
69
17.34
13
3.27
207
52.01
1
0.25
6
1.51
9
2.26
6.7 years
6.39 years
853.05

Exploratory factor analysis
Exploratory factor analysis was conducted using the statistical technique of
reliability analysis, principal component analysis with varimax rotation to examine the
initial reliability and validity (Hair et al. 2010). SPSS 21 was used as the statistical
software for this purpose. First, the internal reliability and consistency assessment of the
measurement scales being used for the main study was conducted. Reliability test was
performed using Cronbach’s alpha and ‘Cronbach’s alpha if item deleted’. As shown by
Table 4.11, all the constructs in the main study exhibited an acceptable level of reliability
of 0.70 and above (Hair et al. 2010). Also, the ‘Cronbach’s alpha if item deleted’ in the
table below shows that deleting an item from a particular construct would not increase the
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value of Cronbach’s alpha for that construct. ‘Item – total correlations’ which represents
the extent to which any one item in the construct is correlated with other items in that
particular construct, have the standard values of 0.5 or above (Netemeyer et al. 2003) for
most of the items in the factors. Some of the items such as SC3, FOMO 2, and FOMO 5,
have lower correlations than the threshold mentioned above and required further analysis
(see next paragraph below for the detailed analyses performed). Then the convergent and
discriminant validity were assessed using principal component analysis with varimax
rotation. The 10 factors rotated component matrix, presented in Table 4.12, shows several
issues with both convergent and discriminant validity as some items loaded on the
respective constructs well below the threshold of 0.7 (Campbell and Fiske 1959) and
some items cross-loaded with other constructs for a value greater than 0.4 (Hair et al.
2010). Thus, a further analysis of loading and cross-loadings along with reliability was
performed by removing the items that had issues.
Table 4.11
Items

Cronbach’s alpha for main study

AA1

Scale
Mean if
Item
Deleted
13.83

Scale
Variance
if Item
Deleted
10.197

AA2

14.03

AA3

Corrected
Item-Total
Correlation

Squared
Multiple
Correlation

Cronbach's
Alpha if Item
Deleted

Cronbach's
Alpha
0.828

.500

.279

.826

9.488

.566

.336

.810

14.01

8.317

.704

.509

.769

AA4

14.47

8.693

.679

.508

.777

AA5

14.48

8.779

.675

.523

.779

IPC1

9.98

8.362

.814

.665

.872

IPC2

10.01

8.818

.745

.560

.896

IPC3

10.05

8.357

.802

.647

.876
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0.907

Table 4.11 (continued)
IPC4

10.00

8.456

.802

.655

.876

PE1

12.96

8.100

.837

.715

.877

PE2

13.16

8.216

.772

.604

.890

PE3

13.03

8.070

.791

.652

.886

PE4

13.38

8.009

.741

.551

.897

PE5

12.93

8.323

.728

.534

.899

SC1

13.80

13.981

.584

.507

.751

SC2

13.78

13.870

.571

.498

.754

SC3

13.76

15.313

.320

.135

.811

SC4

13.95

13.280

.568

.476

.754

SC5

14.25

13.235

.639

.427

.737

SC6

14.04

13.293

.601

.516

.745

NPW1

8.69

9.488

.722

.524

.846

NPW2

8.77

10.240

.670

.460

.859

NPW3

8.94

9.807

.682

.471

.856

NPW4

8.68

9.419

.738

.559

.843

NPW5

8.70

9.436

.723

.544

.847

SI1

9.06

5.947

.631

.456

.737

SI2

8.96

6.110

.672

.513

.719

SI3

8.56

6.388

.632

.417

.740

SI4

8.87

6.136

.524

.294

.796

OV1

13.31

35.239

.787

.635

.929

OV2

13.45

37.311

.678

.477

.936

OV3

13.27

34.111

.841

.712

.925

OV4

13.28

34.181

.812

.709

.927

OV5

13.33

34.447

.803

.676

.928

OV6

13.28

35.169

.746

.578

.932

OV7

13.44

34.604

.846

.725

.924

OV8

13.58

37.076

.725

.543

.933

FOMO1

15.80

19.938

.532

.352

.777

FOMO2

15.26

20.036

.491

.321

.785

FOMO3

15.74

18.449

.721

.586

.741

FOMO4

16.03

19.737

.604

.437

.764

FOMO5

15.28

21.080

.448

.214

.791

FOMO6

15.68

21.640

.380

.233

.803

FOMO7

15.25

19.422

.576

.400

.769
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0.91

0.792

0.877

0.798

0.938

0.802

Table 4.11 (continued)
ADD1

15.06

31.997

.739

.568

.888

ADD2

15.24

34.050

.653

.445

.895

ADD3

14.94

32.077

.676

.482

.894

ADD4

15.24

33.746

.660

.462

.894

ADD5

14.82

34.014

.564

.367

.902

ADD6

15.40

34.262

.714

.558

.892

ADD7

15.25

33.972

.616

.400

.897

ADD8

15.35

32.828

.736

.559

.889

ADD9

15.14

31.916

.755

.594

.887

BINT1

6.16

3.694

.821

.706

.887

BINT2

6.17

3.720

.794

.647

.910

BINT3

6.18

3.504

.879

.776

.839

0.904

0.916

AA = Alternative Attractiveness; IPC = Internet Privacy Concern; PE = Perceived Enjoyment; SC
= Social Capital; NPW = Negative Psychosocial Well-being; SI = Social Influence; OV = Online
Victimization; FOMO = Fear of Missing Out; BINT = Behavioral Intention to Disengage; ADD =
Addiction

Table 4.12

Loadings and cross-loadings of latent constructs for main study with all
items
Component

AA1

1

2

3

4

5

6
.645

AA2

.726

AA3

.826

AA4

.788

AA5

.799

IPC1

.874

IPC2

.833

IPC3

.885

IPC4

.878

PE1

.882

PE2

.838

PE3

.839

PE4

.786

PE5

.789

SC1

.414

7

.489
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8

9

10

11

Table 4.12 (continued)
SC2

.441

.453

SC3
SC4

.785

SC5

.755

SC6

.822

NPW1

.788

NPW2

.748

NPW3

.771

NPW4

.790

NPW5

.780

SI1

.751

SI2

.789

SI3

.784

SI4

.698

OV1

.804

OV2

.646

OV3

.862

OV4

.834

OV5

.826

OV6

.744

OV7

.861

OV8

.742

FOMO1

.510

FOMO2

.623

FOMO3
FOMO4

.702
.424

.566

FOMO5

.670

FOMO6

.789

FOMO7

.762

ADD1

.715

ADD2

.635

ADD3

.733

ADD4

.639

ADD5

.558

ADD6

.699

ADD7

.587

ADD8

.744

ADD9

.788
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Table 4.12 (continued)
BINT1

.901

BINT2

.902

BINT3

.924

AA = Alternative Attractiveness; IPC = Internet Privacy Concern; PE = Perceived Enjoyment; SC
= Social Capital; NPW = Negative Psychosocial Well-being; SI = Social Influence; OV = Online
Victimization; FOMO = Fear of Missing Out; BINT = Behavioral Intention to Disengage; ADD =
Addiction

As reflective measures are unidimensional in nature, individual measure can be
removed to improve construct validity without affecting content validity (Bollen and
Lennox 1991; Petter et al. 2007). Thus, after analysis of the ‘Cronbach’s alpha if item
deleted’, ‘item-total correlation’, and ‘loadings and cross-loadings’, some of the items
were removed from further analysis. It is essential to understand that the item removal
process is an iteration as every time an item is deleted, a newer ‘Cronbach’s alpha if item
deleted’ was calculated. Also, the results of the second pilot study and the content
validity of the items were taken into consideration while making the decisions to remove
these items. After the iterative process, the following are some of the items removed from
the constructs to establish validity: two items (i.e. AA1 and AA2) were removed from the
alternative attractiveness scale, three items (i.e. SC1, SC2, and SC3) were removed from
social capital, one item (i.e. SI4) was removed from social influence, four items (i.e.
FOMO1, FOMO2, FOMO5, and FOMO 6) were removed from fear of missing out, one
item (i.e. OV2) was removed from online victimization, and four items (i.e. ADD2,
ADD4, ADD5, and ADD7) were removed from addiction. The items that did not load in
the second pilot study were the items that had problems loading in the main study as well.
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However, SC1, SC2, SC3, AA2, OV2, and ADD2 that loaded well in the second pilot
study did not load in the main study. The rest of the items shown in Table 4.12 loaded on
their respective constructs with factor loadings of 0.7 and above and have cross-loadings
of lesser than 0.4 in constructs other than its actual construct. As can be seen in Table
4.13, the convergent and discriminant validity were reassessed for all the items and
constructs except that of FOMO4. The loading for FOMO4 in the fear of missing out
construct is 0.67 – which is not that far away from the standard threshold of 0.70. As
shown by ‘Cronbach’s alpha if deleted’, deleting this item from the construct would
reduce the Cronbach’s alpha. Also, deleting this item would reduce the fear of missing
out construct with two items only. Thus, FOMO4 was included as a part of the data
analysis. Similarly, reliability was reassessed by examining the Cronbach’s alpha for the
existing items and constructs. The values of Cronbach’s alpha as shown in Table 4.14 are
above the acceptable threshold of 0.70. Also, item-total correlations which represents the
extent to which any one item is correlated with other items within the measurement scale,
is above acceptance threshold of 0.50 (Netemeyer et al. 2003) for all items.
Table 4.13

Items
AA3
AA4
AA5
IPC1
IPC2
IPC3
IPC4
PE1

Loadings and cross-loadings of latent construct for main study after items
removed
1

2

.891

3

4

Component
5
6

.880
.840
.888
.881
138

7
.848
.838
.866

8

9

10

Table 4.13 (continued)
PE2
.841
PE3
.849
PE4
.789
PE5
.796
SC4
.830
SC5
.748
SC6
.854
NPW1
.805
NPW2
.772
NPW3
.779
NPW4
.804
NPW5
.790
SI1
.788
SI2
.845
SI3
.795
OV1
.809
OV3
.872
OV4
.860
OV5
.846
OV6
.756
OV7
.875
OV8
.762
FOMO3
.773
FOMO7
.825
FOMO4
.670
ADD1
.705
ADD3
.759
ADD6
.695
ADD8
.744
ADD9
.791
BINT1
.903
BINT2
.902
BINT3
.927
AA = Alternative Attractiveness; IPC = Internet Privacy Concern; PE = Perceived
Enjoyment; SC = Social Capital; NPW = Negative Psychosocial Well-being; SI = Social
Influence; OV = Online Victimization; FOMO = Fear of Missing Out; BINT =
Behavioral Intention to Disengage; ADD = Addiction
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Table 4.14
Items

AA3
AA4
AA5
IPC1
IPC2
IPC3
IPC4
PE1
PE2
PE3
PE4
PE5
SC4
SC5
SC6
NPW1
NPW2
NPW3
NPW4
NPW5
SI1
SI2
SI3
OV1
OV3
OV4
OV5
OV6
OV7
OV8
FOMO3
FOMO4
FOMO7

Cronbach’s alpha for main study after items removed
Scale
Mean if
Item
Deleted
6.45
6.92
6.93
9.98
10.01
10.05
10.00
12.96
13.16
13.03
13.38
12.93
5.14
5.44
5.23
8.69
8.77
8.94
8.68
8.70
6.11
6.02
5.61
11.49
11.44
11.45
11.50
11.45
11.61
11.75
5.07
5.36
4.58

Scale
Variance
if Item
Deleted
3.191
3.308
3.298
8.362
8.818
8.357
8.456
8.100
8.216
8.070
8.009
8.323
3.438
3.955
3.485
9.488
10.240
9.807
9.419
9.436
2.830
2.876
3.311
28.029
26.933
26.909
27.208
27.941
27.366
29.546
3.358
3.938
3.711

Corrected
Item-Total
Correlation
.677
.698
.719
.814
.745
.802
.802
.837
.772
.791
.741
.728
.669
.585
.704
.722
.670
.682
.738
.723
.634
.714
.576
.776
.840
.820
.804
.737
.846
.727
.727
.589
.571
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Cronbach's Cronbach’s
Alpha if
Alpha
Item
Deleted
.794
0.836
.772
.752
.872
0.907
.896
.876
.876
.877
0.91
.890
.886
.897
.899
.714
0.804
.799
.677
.846
0.877
.859
.856
.843
.847
.730
0.796
.641
.785
.928
0.936
.922
.924
.925
.931
.921
.932
.598
0.787
.750
.772

Table 4.14 (continued)
ADD1
7.39
10.027
.724
.844
0.875
ADD3
7.27
9.922
.679
.857
ADD6
7.74
11.403
.687
.856
ADD8
7.69
10.548
.713
.847
ADD9
7.47
9.973
.743
.839
BINT1
6.16
3.694
.821
.887
0.916
BINT2
6.17
3.720
.794
.910
BINT3
6.18
3.504
.879
.839
AA = Alternative Attractiveness; IPC = Internet Privacy Concern; PE = Perceived
Enjoyment; SC = Social Capital; NPW = Negative Psychosocial Well-being; SI = Social
Influence; OV = Online Victimization; FOMO = Fear of Missing Out; BINT =
Behavioral Intention to Disengage; ADD = Addiction

Confirmatory factor analysis
As stated in Chapter III, both SmartPLS 2.0 and AMOS 22 were used for the data
analysis of the main study. This adds more robustness to the data analysis as a limitation
of one method is overcome by the strength of the other method (Barroso et al. 2010; Peng
and Lai 2012; Vilares et al. 2010). AMOS is the data analysis software used for
Covariance based structured equation modelling (CB-SEM) and Smart PLS is the data
analysis software used for Partial Least Square technique (Hair Jr et al. 2013). However,
both AMOS and SmartPLS are prominent software applications for structural equation
modelling. In this section, the data was analyzed using the SmartPLS 2.0.
Measurement model evaluation
First, SmartPLS was used to develop a path model. It is essential to understand
the relationship between the constructs and thus, the reliability, and validity issues related
to the research model of the final study.
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Reliability analysis
Internal consistency is an important aspect of reflective constructs and, for this
reason, Cronbach’s alpha or other reliability measures are used in this study to ensure the
measures are reliable. Previous studies show that Cronbach’s alpha is one of the most
commonly used reliability assessment method (Petter et al. 2007). A value of 0.70 and
above in Cronbach’s alpha is often considered as evidence of good reliability (Hair et al.
2010). However, as Cronbach’s alpha assumes that all indicators are equally reliable (i.e.
all the indicators have equal outer loading on the construct), it is usually considered as
lower bound reliability (Hair et al. 2010). Thus, composite reliability, which takes into
account the different outer loadings of the indicator variables, is considered as the other
alternative of analyzing reliability. Like Cronbach’s alpha, a value of 0.70 and above is
considered acceptable for composite reliability (Straub et al. 2004). The reliability
analysis for the final study is presented in Table 4.15. The Cronbach’s alpha for all the
constructs are well above the accepted standard of 0.70. Also, the composite reliability
values for all the constructs are well above 0.70.
Table 4.15
Constructs
AA
ADD
FOMO
BINT
IPC
NPW
OV
PE
SC
SI

Reliability test
AVE

0.745
0.634
0.663
0.856
0.782
0.641
0.629
0.733
0.717
0.711

Composite Reliability
Cronbach’s Alpha
0.897
0.836
0.896
0.878
0.854
0.787
0.946
0.916
0.934
0.907
0.898
0.876
0.921
0.936
0.932
0.911
0.884
0.804
0.880
0.796
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One of the constructs, ‘actual disengagement’, is formative in nature as it is
composed of indicators that represent different aspects of the construct. Thus, the
indicators of ‘actual disengagement’ should not correlate with each other as
multicollinearity should not exist in the indicators of formative construct
(Diamantopoulos and Winklhofer 2001). Extreme multicollinearity between the construct
items may threaten the research model (Herath and Rao 2009b). To examine if these
formative measures are highly correlated and doesn’t have multicollinearity, a variance
inflation factor (VIF) test was performed. The VIF test for formative measures indicated
that high multicollinearity was not present as all the VIF values were lower than 3.3
thresholds (Petter et al. 2007).
Table 4.16
Model
1

VIF test for disengagement behavior

(Constant)

Collinearity Statistics
Tolerance
VIF

NT
NH
NSM
NSL
NFS
NFR

.842
.942
.908
.831
.933
.949

1.188
1.062
1.101
1.203
1.072
1.053

Validity analysis
Additionally, both the convergent and discriminant validity were also assessed in
this section using SmartPLS 2.0. Convergent validity is demonstrated when the items that
are supposed to be loaded with a particular construct is indeed loaded in that construct
with a value greater than 0.70 (Straub et al. 2004). In other words, it is the extent to
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which one measure correlates with other measures of the same construct. As indicated by
Table 4.17, all the items are loaded in their respective constructs with a value of 0.70 and
above except for item OV8. However, the value of loading for OV8 is 0.6992 which is
close enough to 0.70 (Huang et al. 2014). One of the standard measures to establish
convergent validity is the average variance extracted (AVE). An AVE value of 0.50 or
above indicates that on average, the construct represents more than half of the variance of
its indicators (Hair et al. 2010). As presented in Table 4.15 (above), the AVE for all the
constructs are well above the acceptable threshold of 0.50.
Table 4.17

Loadings and cross-loadings for latent constructs for main study (after
items removal)

Items

AA

AA3

0.795

AA4

0.910

AA5

0.880

ADD

ADD1

0.716

ADD3

0.856

ADD6

0.792

ADD8

0.852

ADD9

0.754

BINT

BINT1

0.928

BINT2

0.891

BINT3

0.954

FOMO

FOMO3

0.750

FOMO4

0.836

FOMO7

0.852

IPC

IPC1

0.903

IPC2

0.862

IPC3

0.887

IPC4

0.884

NPW

NPW1

0.917

NPW2

0.703

NPW3

0.745

NPW4

0.843

NPW5

0.775
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OV

PE

SC

SI

Table 4.17 (continued)
OV1

0.757

OV3

0.766

OV4

0.782

OV5

0.908

OV6

0.883

OV7

0.732

OV8

0.699

PE1

0.886

PE2

0.846

PE3

0.859

PE4

0.817

PE5

0.870

SC4

0.838

SC5

0.831

SC6

0.871

SI1

0.830

SI2

0.896

SI3

0.799

Discriminant validity is demonstrated when an item cross-loads lower than 0.40
on the constructs that it is not supposed to load on (Hair et al. 2010). It is the extent to
which items that are supposed to measure different constructs are different from each
other (Campbell and Fiske 1959; Straub et al. 2004). As shown in Table 4.17 (above), all
the items have cross-loadings lower than 0.40 in other constructs. Also, discriminant
validity is established when the square root of the AVE for each construct are greater
than the inter-construct correlation corresponding off diagonal correlations of the
construct to their latent variables (Loch et al. 2003). As shown in the Table 4.18, the
square roots of AVE for all the constructs are greater than all other inter-construct
correlation.
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Table 4.18
Cons.
AA

Inter-construct correlation for main study

MEAN
3.38

S.D.
1.001

AA
0.864

ADD

FOMO

BINT

IPC

NPW

OV

PE

SC

ADD

1.88

0.966

-0.116

0.796

FOMO

2.5

1.087

0.124

0.403

0.814

BINT

3.09

1.01

0.161

0.050

0.100

0.925

IPC

3.34

1.082

0.146

0.068

0.099

0.220

0.884

NPW

2.19

0.935

0.004

0.302

0.361

0.066

0.162

0.801

OV

1.92

1.024

-0.019

0.482

0.276

0.028

0.028

0.166

0.793

PE

3.27

0.882

-0.197

0.265

0.186

-0.140

0.055

0.258

0.133

0.856

SC

2.63

1.071

-0.059

0.245

0.141

0.086

0.194

0.224

0.211

0.298

0.847

SI

2.96

0.979

-0.028

0.191

0.271

-0.073

0.085

0.173

0.248

0.240

0.270

SI

0.843

S.D = Standard Deviation; AA = Alternative Attractiveness; IPC = Internet Privacy Concern; PE =
Perceived Enjoyment; SC = Social Capital; NPW = Negative Psychosocial Well-being; SI = Social
Influence; OV = Online Victimization; FOMO = Fear of Missing Out; BINT = Behavioral Intention to
Disengage; ADD = Addiction; values on the diagonal are the square root of AVE

Measurement model fit
The confirmatory factor analysis of the final dataset was further assessed using
structural equation modeling in AMOS 22. The structural equation modelling technique
allows simultaneous analyses of both measurement model (to determine reliability and
validity) and structural model (to determine predictive validity). SEM allows examination
of construct relationships by incorporating measurement error in the model. As validity
and reliability has been analyzed through SmartPLS and SPSS, this study uses AMOS in
the confirmatory factor analysis stage to assess model fit and common method bias.
As defined by Kline (2011) a model test statistic is a test of whether the
covariance matrix implied by the researcher’s model is a close fit to the observed
covariance matrix. A bad model fit implies that the model is not a representative of the
data collected by the researcher while a good fit implies how well the estimated model
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represents or models the data. We analyzed how well the model fits the data with the help
of model fit statistics available through AMOS 22. For a good model fit, the chi-square
(χ2) value should not be significant or else, the model will be rejected. However, this is a
flawed measure as chi-square is highly sensitive to sample size. Sample size of 200 and
above is likely to result in significant chi-square value (Byrne 2013). Thus, it is essential
to perform chi-square test from the “relative chi-square” viewpoint which is the chisquare value divided by the degrees of freedom for the study. Thus, this “relative chisquare” test makes the test less dependent on sample size. A value under 3 is considered
to be acceptable fit for “relative chi-square (Kline 1998). In this study, the “relative chisquare, also known as chi-square index, is well below the recommended value of lesser
than 3. Normed fit index (NFI), Incremental fit index (IFI), Tucker Lewis index (TLI)
and Comparative fit index (CFI) are some of the structured equation modeling techniques
that were used to assess the “goodness of fit”. A value of 0.90 and above in NFI, TLI, and
CFI is considered acceptable to achieve goodness of fit (Hu and Bentler 1999; Chin and
Todd 1995). For this study, NFI is slightly below 0.90 while IFI, TLI, and CFI are all
above 0.90. Similarly, other fit indices such as Root Mean Square Error of
Approximation (RMSEA) and Root Mean Square Residual (RMR) were also calculated
to analyze goodness of fit of the model. A value of 0.06 and lower on RMSEA shows the
goodness of fit (Hu and Bentler 1999) while a value of 0.08 and lower on RMR is
considered as goodness of fit (Browne et al. 1993). As shown in Table 4.19, both
numbers for this study were well below the given threshold.
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Table 4.19

Model fit statistics for measurement model for main study
Goodness of fit statistic

Chi-square statistic (χ2)
Degrees of freedom (df)
Chi-square statistic significance
Chi-square Index (Chi-square/df)
Normed Fit Index (NFI)
Incremental Fit Index (IFI)
Tucker-lewis Index (TLI)
Comparative Fit Index (CFI)
Root Mean Square Error of Approximation
(RMSEA)
Root Mean Squared Residual (RMR)

Recommended
Value
------<3
≥ .90
≥ .90
≥ .90
≥ .90

Calculated
Value
1103.93
734
0
1.504
0.895
0.962
0.957
0.962

≤ 0.06

0.036

≤ 0.08

0.041

Tests for common method variance
The study has incorporated various procedural and statistical approaches as
recommended by Podsakoff et al. (2003) to control for common method variance. As an
ex-ante approach, an attempt was made to reduce the common method bias resulting from
an item’s ambiguity, duality of context/meaning, and other potential confusing
characteristics. To ensure realism, content validity, and face validity of the items, two
expert panel reviews were held at different time period around pilot study I and pilot
study II (Petter et al. 2007). The survey had clear instructions for the respondents. Also,
the respondents were assured of the confidentiality of their responses to reduce any biases
resulting from it. Also, as a part of procedural approach, the order of the items was
randomized within the survey instrument to limit the ability of respondents to detect
underlying construct patterns that could influence their responses (Cook et al. 1979).
Further, three different statistical techniques suggested by Podsakoff et al. (2003) were
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used in this study to verify that no significant biases were introduced by the method of
the data collection or by the instrument.
The first statistical technique used for this study is the Harman’s single factor test
where the exploratory factor analysis is used to load all variables onto a single factor and
constrained so that there is no rotation (Podsakoff et al. 2003). This technique tests to see
if the majority of the variance (i.e. more than 50%) can be explained by a single factor.
As can be seen in Table 4.20, total variance extracted by a single factor in this main study
was 21.51% which is well below the threshold of 50%. Harman’s single factor test has
many weakness few of them being its inability to statistically distinguish between the
measures of a construct and the construct itself. Thus, Podsakoff et al. (2003) argues that
that the appearance of multiple factors may not indicate the absence of common method
variance and recommend against the sole use of this technique.
Table 4.20

Harman’s single factor test
Total Variance Explained

Compone
nt

Initial Eigenvalues
Total

% of

Extraction Sums of Squared Loadings

Cumulative %

Total

Variance
1

8.821

21.514

21.514

2

4.093

9.983

31.497

3

3.986

9.722

41.219

4

2.824

6.887

48.106

5

2.239

5.462

53.568

6

2.052

5.004

58.572

7

1.886

4.601

63.173

8

1.848

4.508

67.681

9

1.505

3.670

71.350

10

1.061

2.589

73.939

11

.732

1.786

75.725

12

.604

1.473

77.197
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8.821

% of

Cumulative

Variance

%

21.514

21.514

Table 4.20 (continued)
13

.551

1.343

78.541

14

.530

1.292

79.833

15

.500

1.220

81.053

16

.476

1.161

82.214

17

.456

1.111

83.325

18

.444

1.082

84.407

19

.431

1.052

85.460

20

.416

1.014

86.473

21

.393

.960

87.433

22

.381

.929

88.362

23

.364

.887

89.249

24

.353

.861

90.110

25

.326

.795

90.905

26

.318

.777

91.682

27

.308

.750

92.432

28

.304

.741

93.173

29

.283

.691

93.864

30

.278

.678

94.542

31

.277

.676

95.218

32

.257

.628

95.846

33

.242

.591

96.437

34

.232

.567

97.003

35

.229

.558

97.562

36

.218

.532

98.093

37

.190

.462

98.556

38

.170

.415

98.971

39

.158

.385

99.356

40

.151

.368

99.724

41

.113

.276

100.000

There has been very limited endeavor to develop a PLS-based approach for
detecting common method bias. Liang et al. (2007) suggested using single unmeasured
method factor that are modelled as second-order reflective constructs to detect and
150

control the common method bias. However, previous studies have confirmed that this
method does not correctly estimate or compensate the effect of common method bias in
PLS (Chin et al. 2012; Ronkko and Ylitalo 2011). One of the methods recently
introduced is the use of marker variable to draw out the common method variance with
theoretically unrelated constructs which could suggest the existence of some systematic
variance (Gaskin 2011b). The marker variable chosen for the study should have a lower
correlation with other constructs in the model – something as low as 0.30. The highest
correlation between the marker variable and the other construct is squared to get the value
for maximum percentage of shared variance (Lowry and Gaskin 2014). The rest of the
correlations should be no more than 0.70 for discriminant validity and no more than 0.90
for common method bias. Thus, this study added marker variable to the research model to
diagnose the common method bias. The correlation of the latent variables is presented in
Table 4.21. The highest correlation between the marker and another construct was 0.143.
Thus, the correlation matrix below shows that the maximum shared variance with the
marker variable is only around 2% (0.143 squared), and none of the other correlations
begin to approach the 0.900 threshold. Thus, the correlation matrix of latent variables
shows that there is no evidence that a common method bias exists.
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Table 4.21

Correlations of the latent variables for CMV testing

MARK

AA

AD

ADD

FOMO

BINT

IPC

NPW

OV

PE

SC

MARK

1.000

AA

0.010

1.000

AD

0.046

-0.240

1.000

ADD

-0.065

-0.108

0.255

1.000

FOMO

0.108

0.124

0.449

1.000

BINT

-0.046

0.162

0.044
0.143

0.029

0.099

1.000

IPC

0.006

0.146

0.039

0.063

0.099

0.220

1.000

NPW

-0.037

0.004

0.044

0.302

0.361

0.066

0.162

1.000

OV

-0.064

-0.019

0.124

0.493

0.274

0.028

0.028

0.165

1.000

PE

0.058

-0.197

0.292

0.278

0.186

-0.141

0.055

0.258

0.133

1.000

SC

0.091

-0.059

0.226

0.244

0.141

0.085

0.194

0.224

0.211

0.298

1.000

SI

0.143

-0.028

0.194

0.229

0.270

-0.074

0.085

0.173

0.248

0.240

0.270

SI

1

AA = Alternative Attractiveness; IPC = Internet Privacy Concern; PE = Perceived Enjoyment; SC = Social
Capital; NPW = Negative Psychosocial Well-being; SI = Social Influence; OV = Online Victimization;
FOMO = Fear of Missing Out; BINT = Behavioral Intention to Disengage; ADD = Addiction; MARK =
Market variable (i.e. Credit card guarantees)

Next, we used AMOS to examine common method bias using the common latent
factor method where a single unmeasured latent method factor was added to the
measurement model. As shown in Figure C2, presented in Appendix C, the variance of
this unmeasured latent factor is set equal to one and regression weights for all the
relationships from this common latent factor is constrained to be equal (in this case ‘a’).
In order to determine the common method bias, a confirmatory factor analysis was
performed with unmeasured common latent factor. The output provided a regression
weight of the variables to be 0.25. To calculate the common variance of the model, the
regression weight value of 0.25 was squared. Thus, the common variance of the model
was found to be 6.25% which is well below the threshold of 50% (Gaskin 2011b;
Mutchler 2012; Richardson et al. 2009). Also, the standardized regression weights of a
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measurement model with and without a common latent factor were compared to see if the
delta between the two models’ standardized regression weight were less than 0.2,
indicating that common method bias is not present for each latent construct (Gaskin
2011a; Malhotra et al. 2006). As can be seen in Table 4.22, the delta between the two
model’s path coefficients is well below 0.2, indicating common method bias wasn’t
substantial concern (Podsakoff et al. 2003).
Table 4.22

Comparison of standardized regression weight for main study

Standardized Regression Weights (with
Common latent factor)
Estimate

Standardized Regression Weights: (without common latent
factor)
Estimate Difference

AA5

<---

AA

0.781

AA5

<---

AA

0.822

0.041

AA4

<---

AA

0.763

AA4

<---

AA

0.802

0.039

AA3

<---

AA

0.731

AA3

<---

AA

0.759

0.028

IPC4

<---

IPC

0.831

IPC4

<---

IPC

0.859

0.028

IPC3

<---

IPC

0.831

IPC3

<---

IPC

0.853

0.022

IPC2

<---

IPC

0.754

IPC2

<---

IPC

0.789

0.035

IPC1

<---

IPC

0.838

IPC1

<---

IPC

0.87

0.032

PE5

<---

PE

0.714

PE5

<---

PE

0.768

0.054

PE4

<---

PE

0.722

PE4

<---

PE

0.778

0.056

PE3

<---

PE

0.791

PE3

<---

PE

0.849

0.058

PE2

<---

PE

0.758

PE2

<---

PE

0.814

0.056

PE1

<---

PE

0.839

PE1

<---

PE

0.893

0.054

SC6

<---

SC

0.806

SC6

<---

SC

0.829

0.023

SC5

<---

SC

0.618

SC5

<---

SC

0.671

0.053

SC4

<---

SC

0.753

SC4

<---

SC

0.792

0.039

NPW5

<---

NPW

0.754

NPW5

<---

NPW

0.793

0.039

NPW4

<---

NPW

0.769

NPW4

<---

NPW

0.808

0.039

NPW3

<---

NPW

0.68

NPW3

<---

NPW

0.732

0.052

NPW2

<---

NPW

0.652

NPW2

<---

NPW

0.716

0.064

NPW1

<---

NPW

0.727

NPW1

<---

NPW

0.78

0.053

SI3

<---

SI

0.598

SI3

<---

SI

0.651

0.053

SI2

<---

SI

0.835

SI2

<---

SI

0.866

0.031

SI1

<---

SI

0.703

SI1

<---

SI

0.751

0.048

OV8

<---

OV

0.71

OV8

<---

OV

0.76

0.05

OV7

<---

OV

0.843

OV7

<---

OV

0.877

0.034
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Table 4.22 (continued)
OV6

<---

OV

0.726

OV6

<---

OV

0.768

0.042

OV5

<---

OV

0.8

OV5

<---

OV

0.834

0.034

OV4

<---

OV

0.826

OV4

<---

OV

0.856

0.03

OV3

<---

OV

0.836

OV3

<---

OV

0.869

0.033

OV1

<---

OV

0.762

OV1

<---

OV

0.803

0.041

FOMO7

<---

FOMO

0.606

FOMO7

<---

FOMO

0.647

0.041

FOMO4

<---

FOMO

0.657

FOMO4

<---

FOMO

0.726

0.069

FOMO3

<---

FOMO

0.879

FOMO3

<---

FOMO

0.88

0.001

BINT3

<---

BINT

0.931

BINT3

<---

BINT

0.962

0.031

BINT2

<---

BINT

0.791

BINT2

<---

BINT

0.829

0.038

BINT1

<---

BINT

0.835

BINT1

<---

BINT

0.869

0.034

ADD9

<---

ADD

0.756

ADD9

<---

ADD

0.798

0.042

ADD8

<---

ADD

0.718

ADD8

<---

ADD

0.771

0.053

ADD6

<---

ADD

0.693

ADD6

<---

ADD

0.758

0.065

ADD3

<---

ADD

0.674

ADD3

<---

ADD

0.719

0.045

ADD1

<---

ADD

0.751

ADD1

<---

ADD

0.796

0.045

The other technique that we used to test common method bias is the marker
variable technique. This technique includes adding a theoretically unrelated factor in the
model that is as susceptible to common method bias as the substantive variables. If there
is a shared variance between the substantive variables and the marker variable, it is
because of the common method bias (Harrison et al. 1996). The main study uses
Perceived effectiveness of credit card guarantees (CCG) as the marker variable as this
construct is theoretically unrelated to substantive variables. Pavlou et al. (2007) used
‘Perceived effectiveness of credit card guarantees’ as marker variable construct for their
study and used it to adjust the correlations among the principal constructs. As per
(Lindell and Whitney 2001), marker variable analysis examines if the bivariate
correlations between the theoretically unrelated marker variable and substantive variables
are significant. The correlation matrix is presented in Table C4 of Appendix C. There are
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few items of the substantive variables that have significant correlations with at least one
item of CCG construct. However, as the correlations between them are lower than 0.4,
the common method variance was not a substantial concern.
Structural model evaluation
After analyzing the reliability, and validity through the measurement model
evaluation, the testing of the structural model was performed. The structural model is
assessed to evaluate establish the predictive validity by reviewing the magnitude and
direction of the relationships between the construct of the research model. While the
measurement model focused on the relationship between the items of each construct, the
structural model is focused on the relationships between each construct. SmartPLS does
not assume that the data is normally distributed and thus, is unable to perform the
parametric significance test used in regression analysis (Hair et al. 2014). Thus, it relies
on a nonparametric bootstrap procedure to test coefficients for their significance. When
the research model is graphically drawn in SmartPLS and bootstrapping is performed, it
provides results related to path coefficients and t-values. The standardized values for the
path coefficient indicate the strength of the relationship between the constructs joined by
the path. The values for the path coefficient are always in between -1 and 1. A value
closer to -1 implies strong negative relationship between the two constructs, and a value
closer to 1 implies strong positive relationship between the constructs. A value closer to 0
implies a weaker relationship between the constructs. The standard error values
determine the significance of the path coefficients at different p values such as 0.001,
0.01, and 0.05. The proposed hypotheses for this research model were tested using t155

statistics (p-value) for the standardized path coefficients as shown in Table 4.22 and
Figure 4.1.

Figure 4.1

Testing of structural model for main study
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Table 4.23

Testing of structural model for main study

Hypotheses

Path Coefficients

T Statistics

P-value

Supported?

H1: BINT -> AD (+)

0.2907

1.6892

<0.05

Supported

H2: BINT * ADD -> AD (-)

-0.149

0.4702

H3: AA -> BINT (+)

0.2611

2.5554

<0.01

Supported

H4: IPC -> BINT (+)

0.2477

2.3694

<0.01

Supported

H5: PE ->BINT (-)

-0.1558

4.8208

<0.001

Supported

H6: SC -> BINT (-)

0.0213

0.5351

H7: NPW -> BINT (+)

0.2652

1.8401

<0.05

Supported

H8: SI -> BINT (-)

-0.0966

2.2675

<0.05

Supported

H9: OV ->BINT (+)

-0.1909

1.1903

H10a: AA * FOMO -> BINT (-)

-0.351

1.9874

H10b: IPC * FOMO -> BINT (-)

-0.0881

0.5416

H10c: NPW * FOMO -> BINT (-)

-0.3627

1.8047

<0.05

Supported

H10d: OV * FOMO -> BINT (-)

0.3311

1.692

<0.05

Not supported

Not supported

Not supported

Not supported
<0.05

Supported
Not supported

For the 13 hypotheses presented in Chapter II, 8 of the hypotheses were
supported. Table 4.23 and Figure 4.1 display the standardized path and t-values in the
form of table and proposed model. The data indicates that intention to disengage from an
OSN positively influences actual disengagement (H1). However, addiction does not seem
to have a significant influence on the relationship between behavioral intention and actual
disengagement despite showing negative impact (as path coefficient is negative). H3 was
supported implying that the greater the attractiveness of alternatives, the higher the
intention to disengage from OSN. The result confirms H5 which indicates that increases
in perceived enjoyment of an OSN reduces intention to disengage. H6 was not supported
indicating social capital doesn’t significantly affect intention to disengage. Negative
psychosocial well-being positively influences intention to disengage from an OSN (H7)
while higher social influence (to leave an OSN) leads to higher intention to disengage
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(H8). H9 was not supported, indicating online victimization does not lead to intention to
disengage from an OSN. H10a and H10c were confirmed indicating that negative
influence of fear of missing out on the relationship between alternative attractiveness and
intention to disengage, and negative psychosocial well-being and intention to disengage.
However, the moderating effect of fear of missing out on relationship between privacy
concern and intention to disengage was not significant (H10b). Additionally, although
H10d was significant, implying fear of missing out influencing the relationship between
online victimization and intention to disengage, the moderating effect was making the
relationship stronger rather than weaker as hypothesized in the model. This study has a
satisfactory and substantive model as the dependent factors have an R-squared greater
than 0.10 (Falk and Miller 1992). As illustrated in Figure 4.1, 10% of the variance in the
actual disengagement, and 13% of the variance in intention to disengage was explained
by the factors considered in the integrated model.
Along with the structural model testing for given hypotheses in the original
model, the relationship between fear of missing out and behavioral intention and the
relationship between addiction and actual disengagement were also tested. Indeed, these
relationships are automatically tested in SmartPLS 2.0 while conducting the moderating
test. The result of this analysis has been presented in Appendix D.
Control variables
Prior research on OSN and information systems identified a number of factors
that may impact the actual behavior of respondents. Analyzing the impact of control
variables is essential for a research model as it removes any confounding variables
(Ormond 2014). Thus, for this research model, age, gender, number of Facebook friends,
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and number of years of experience on Facebook, were included as the control variables to
see if they impact the dependent variable. For this research, these control variables were
not found to have any significant impact on the actual disengagement.
Interpretation of the results
A total of 13 hypotheses were tested in the study. Out of the 13 hypotheses,
evidence was found to support 8 of these hypotheses. However, one of the hypotheses
that had significant p-value was not supported as the relationships were supported at the
opposite direction than hypothesized. In this section, detailed analyses of these results are
performed.
Hypothesis 1 predicted that intention to disengage from an OSN has a positive
effect on actual disengagement from an OSN. Mixed findings have been reported for the
predicted relationship between intention and actual behavior in the IS field. However, the
theory of reasoned action and theory of planned behavior in IS research have found a
strong relationship between intention and actual behavior relationship (Fishbein and
Ajzen 1975; Limayem et al. 2007). Similarly, theories of IT acceptance such as the
UTAUT (Venkatesh et al. 2003) also suggest that intention leads to actual behavior.
Recent research that has found a positive effect of intention to discontinue an OSN on
actual disengagement and switching behaviors (Bhattacherjee et al. 2012; Hsieh et al.
2012). This study supports to these findings as intention to disengage from an OSN was
found to be strongly and positively influencing actual disengagement from the OSN.
Hypothesis 2, which predicted that addiction negatively moderates the
relationship between intention to disengage from an OSN and actual disengagement,
wasn’t supported in this study. Previous studies show that the pervasive use of an OSN
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lead users to psychological maladaptive dependency on the OSN, known as addiction
(Andreassen et al. 2012; Xu and Tan 2012a) which creates a tendency to relapse and
repeatedly turn to the behavior (Lemmens et al. 2009). Hsiao et al. (2013) proposed and
found evidence that Internet addiction would moderate the relationship between selfcomplexity and online buying behavior. Similarly, Lu and Wang (2008) examined the
role of online game addiction in the relationship between online game satisfaction and
loyalty to continue online games and found that people who are psychologically
dependent on online games would be less sensible with the relationship between online
games satisfaction and loyalty. However, this present study did not find an evidence of
addiction moderating the relationship between intention to disengage and actual
disengagement. This basically implies that a user would disengage from an OSN despite
being addicted to the OSN. The concept of addiction to a technology is still at a very
early stage as there have been limited studies on this concept. Addiction has not been
used as a moderator in many studies and for that reason, it may require additional tests to
more clearly understand the relationship of addiction with other factors. Thus, a further
post-hoc analysis was performed to see the role of addiction as direct and indirect
influences. However, the post-hoc analysis did not support the relationship between
addiction and actual disengagement or in between addiction and intention to disengage.
One plausible explanation for addiction not being supported may be explained by the
reasoning put forward by previous research. Some previous research states that Internet
related problems that OSN users have is not ‘addiction’ but just a strategy to cope with
existing issues. Thus, it may be better to approach OSN addiction from a perspective of
compensation or coping strategy rather than compulsion (Kardefelt-Winther 2014; Wood
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2008). Also, the measures used to measure addiction in this study were generalized
version of addiction rather than multi-dimensional measures that capture dimensions such
as salience, relief, tolerance, withdrawal, relapse, and conflict (Charlton and Danforth
2007). This might be the reason why the ‘addiction’ variables fail to capture the real
‘addiction’ that would otherwise weaken the relationship between intention to disengage
and actual disengagement.
Hypothesis 3, which predicted that attractive alternatives have a positive impact
on behavioral intention to disengage from a currently used OSN supported. Previous
research has found a positive relationship between attractive alternative technology and
intention to leave the existing technology (Zhang et al. 2009). This study supports the
previous findings and indicates that the availability of alternative OSNs with better
features such as privacy and security, interface, information sharing, and human
networking, increases the intention of users to leave the existing network for the
alternative one.
This study also supported Hypothesis 4 implying that privacy concerns positively
impact the intention to disengage from an OSN. Previous studies have found that those
users who perceive privacy risks on an OSN to be higher have a lower intention to use
the OSN (Krasnova et al. 2009b; Krasnova and Veltri 2010; Xu et al. 2011). Some users
may think that OSN infringes on their privacy and thus, discontinue using an OSN
(Stieger et al. 2013). This study lends support for the previous studies suggesting the fact
that those who experience such privacy concerns on OSN are quitting their online social
life by committing virtual identity suicide (Eldon 2011).
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Hypothesis 5 predicted a negative relationship between perceived enjoyment and
intention to disengage from an OSN. Evidence was found to support the hypothesis
indicating that when people believe an OSN provides a certain level of enjoyment, it
intrinsically motivates them to continue using the OSN. OSN provides hedonic
consumptions to the users in the form of games, information sharing, listening music,
networking with people, and tracking people. As such activities help users to escape from
their mundane world and immerse themselves into the OSN, people who perceive
enjoyment in an OSN do not have an intention to disengage from the OSN (Kang and Lee
2010; Lin and Lu 2011; Sledgianowski and Kulviwat 2008).
Hypothesis 6, which indicates that social capital is negatively related to intention
to disengage from an OSN, was found to be not supported in this study. OSNs allow
people to articulate their network and relationship for a certain benefit called social
capital. The benefit of developing a relationship with other users acts as a driving
influence for people to continue using an OSN (Magro et al. 2013). Thus, while
developing this hypothesis in Chapter II, it was assumed that social capital derived from
an OSN would motivate people to stay on the OSN. However, some studies have
questioned the strength of the social capital developed on OSN. Uses of social media for
games, entertainment, and communication with strangers, can be negatively associated
with social capital (Norris and Jones 1998; Bessiere et al. 2008). Previous studies stated
that it is not the technology that affects social capital but how the individuals using the
technology use it for social capital. This explains why some online technology increases
the social capital while other decreases it (Valenzuela et al. 2009). Another reason why
this hypothesis is not significant may be due to the selection of items for this study. The
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source of the items for this construct is Hofer and Aubert (2013) who in turn borrowed
the item from Williams (2006) and Ellison et al. (2007b). However, these items used by
these studies have been originally based on internet social capital scale (ISCS) which has
been criticized for measuring cause or consequence of social capital, such as social
support and sense of belonging rather than social capital itself (Appel et al. 2014). Thus,
further examination is required on choosing the types of items used for this factor to
understand its relationship with intention to disengage.
Hypothesis 7 predicted that negative psychosocial well-being within OSN
positively affects intention to disengage from an OSN. This hypothesis was supported by
the study. This suggests that when the OSN negatively affects the well-being of an
individual, they tend to discontinue using OSN. Subjective well-being cultivates positive
feeling among individuals (Sin and Lyubomirsky 2009) and motivates an individual’s
current action (Layard 2005). Thus, this finding supports the previous studies that
reported a positive relationship between psychosocial well-being and intention to
continue OSN (Yeh and Lin 2013).
Hypothesis 8, which predicts social influence to be negatively related to intention
to disengage from an OSN, was also supported. As stated in literature review section in
Chapter II, social influence has been suggested to be a direct determinant of behavioral
intention in many of the IS related theories such as TRA, TAM, and UTAUT. Previous
research on OSN literature has shown that an individual’s usage of OSN largely depends
on what their friends and families say about it (Baker and White 2010; Sun et al. 2014).
Despite being unhappy, sad, depressed, or frustrated on an OSN, individuals may fear
that disengaging from OSN may paint him/her as a traditional and uncool person. Thus,
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the findings to support Hypothesis 8 indicate that users act in conformity with the
behavior of important others while making the discontinuation decision related to OSN.
If the users feel that these important others want them to stay on the OSNs, they would
stay to maintain an image of themselves.
Hypothesis 9 predicted that online victimization will positively affect intention to
disengage from an OSN. However, the result of the statistical tests did not show evidence
to support it. This is not surprising given that previous studies have found a mixed
outcome in this regard. There is a consensus among scholars that online victimization
produces negative experiences for users (Henson et al. 2013; Reyns et al. 2011).
However, previous studies have also found that negative experiences, such as unwanted
contact, bullying, and meanness may not lead to disengagement from an OSN (Yang and
Liu 2014) despite reduced trust on the OSN and increasing attention towards privacy
issues (Christofides et al. 2012). Thus, this finding indicates that individuals experiencing
online victimization do not necessarily quit an OSN as some stay on it for other benefits
received from it.
Hypotheses 10a, 10b, 10c, and 10d, predict negative relationships between fear of
missing out and intention to disengage, fear of missing out and internet privacy concern,
fear of missing out and negative psychosocial well-being, and fear of missing out and
online victimization. The results of the statistical tests found strong evidence to support
Hypotheses 10a and 10c while Hypothesis 10b was not supported. Additionally, although
Hypothesis 10d showed a significant p-value, it showed the relationship in the opposite
direction than hypothesized.
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Fear of missing out is a common phenomenon of being left out from a certain
information or activity or fun when you were away from OSN. Individuals are so
connected to each other now that they feel uneasy when they miss out on what their
friends are doing. Some even feel that in their absence from OSN, others might be having
rewarding experiences from which one is absent (Przybylski et al. (2013). Hypothesis
H10a predicted that the influence of alternative attractiveness on intention to disengage
from an OSN will be moderated by the fear of missing out, such that the influence will be
weaker. Hypothesis 10c predicted that the influence of negative psychosocial well-being
on intention to disengage from an OSN will be moderated by the fear of missing out,
such that the influence will be weaker. These two findings suggests that despite having
attractive alternatives such as Twitter or Instagram and despite having decline on
psychosocial well-being caused by OSN, the fear of missing out may play a role to
weaken their relationship with intention to disengage. People would still have the fear of
getting away from all the personal information they receive from OSN about their friend.
This may weaken the positive relationship that alternative attractiveness and negative
psychosocial well-being have on intention to disengage. Hypothesis 10b predicted that
the influence of privacy concerns on intention to disengage from an OSN will be
moderated by the fear of missing out, such that the influence will be weaker. However,
no evidence was found to support this hypothesis. Studies have shown privacy as one of
the most important factors that has led to discontinued usage of an OSN (Alam and
Wagner 2013; Eldon 2011). As such, the concern for privacy may be high enough to
neutralize the concern for fear of missing out. This might be one of the reasons why the
impact of fear of missing out on the relationship of privacy concern and intention to
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disengage is not significant. Hypothesis 10d predicted that the influence of online
victimization on intention to disengage from an OSN will be moderated by fear of
missing out, such that the effect will be weaker. Though supported by the statistical test
of this study, this relationship is significant in the opposite direction than hypothesized.
This suggest that fear of missing out strengthens the relationship between online
victimization and intention to disengage. The IS literature does not provide a proper
reasoning for fear of missing out strengthening the relationship between online
victimization and intention to disengage. However, as we look at Hypothesis 9, this was
not supported as well. Thus, the problem may be caused by the items themselves. Using
different online victimization items that can be associated to the younger adults (who
were our sample frame) and not just teenagers (who are highly victimized online), may
create a rational result.
Summary
In this chapter, the results of the pilot studies and the main study were presented.
First, both the pilot studies were analyzed in detail. Demographic characteristics,
reliability and validity of the model, were discussed. The result of the pilot studies was
followed by the main study. The main study was divided into demographic
characteristics, exploratory factor analysis, and confirmatory factor analysis. SPSS was
used for exploratory factor analysis of the main study so that the data can be reduced and
refined as per the research model. SmartPLS 2.0 was used for confirmatory factor
analysis where reliability and validity were tested as a part of measurement model and
path coefficients and significance were tested as a part of structural model. The structural
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model testing indicated that out of 13 hypotheses 8 were supported. The results were
interpreted in details.
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CONCLUSIONS, IMPLICATIONS AND LIMITATIONS
The objective of this research was to explore the role of addiction and fear of
missing out in the disengagement of users from OSN usage. The study went through
literature review, conceptual model development, pre-pilot testing, pilot testing, and the
main study to understand the factors that affect people’s intention to disengage from
OSNs.
Post-hoc analysis
The original model tested in this study had some interesting findings. While most
of the findings were as expected, it was a surprise to see addiction not being supported.
By further examining the details and theories related to addiction, several other models
were explored under this section. Re-specifying a model as a post-hoc analysis is
equivalent to moving from a confirmatory to an exploratory analysis phase (Hair et al.
2010) and requires theory to support it. For a better analysis of the alternatives, we
performed analyses of four different alternative models. Two of these models are
explained in this section and one of them is presented in Appendix D.
Alternative model I
A newer model with same the number of constructs was developed for post-hoc
analysis. This alternative model used social cognitive theory (SCT) as the foundation as it
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captures the interplay between personal, environmental, and behavioral factors (Bandura
1986). SCT states that people’s personal characteristics and emotional states would affect
their perceptions and environment factors that would in return affect behaviors. While
relationships are reciprocal in nature, this study focuses on non-reciprocal effect of the
broader set of SCT. SCT has been previously used to study how technology addiction can
alter a user’s environment and the way a user perceives the environment (Turel et al.
2011b). According to SCT, an individual’s behavior can alter the way he perceives the
environment and the way he interacts with it (Bandura 1986). This alternative model of
the study integrates technology addiction with OSN usage behavior by conceptualizing
addiction as an individual-difference factor that may intensify perceptions and affects
environment through a biased-based cognition modification processes (Turel et al.
2011b). The theory presented works on two notions that (1) technology addiction affects
individual’s perceptions in such a way that it puts the existing technology in positive light
and (2) technology addiction leads to psychological dependency and poor social lives.
Thus, addiction to an OSN produces a framing effect because of which the user develops
a positive perception towards that system. Ironically, despite creating positive perception
towards the system, it also creates dependency on that system leading to poor well-being
and victimization. The alternative research model, shown in Figure 5.1 (also see Table
5.1), presents addiction influencing the perception of the user’s along with impacting the
well-being and victimization. The fear of missing out is still moderating the same four
relationships it moderated in the original model.
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Figure 5.1

Hypotheses and relationships of alternative model I
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Table 5.1
Hypotheses
H1
H2
H3
H4
H5
H6
H7
H8
H9
H10
H11
H12
H13
H14
H15
H16a

H16b

H16c

H16d

Hypotheses and structural relationships for alternative model I
Structural Relationship
Intention to Disengage from an OSN has a positive effect on actual
disengagement from an OSN.
Attractive alternatives have a positive impact on behavioral intention to
disengage from a currently used OSN.
Perceived privacy concerns positively impacts the intention to
disengage from an OSN.
Perceived Enjoyment is negatively related to intention to disengage
from an OSN.
Social capital is negatively related to intention to disengage from an
OSN.
Negative psychosocial well-being within OSN positively affects
intention to disengage from an OSN.
Social influence is negatively related to intention to disengage from an
OSN.
Online victimization will positively affect intention to disengage from
an OSN.
Addiction is negatively related to alternative attractiveness.
Addiction is negatively related to perceived privacy concern.
Addiction is positively related to perceived enjoyment.
Addiction is positively related to social capital.
Addiction is positively related to negative psychosocial well-being.
Addiction is positively related to social influence.
Addiction is positively related to online victimization.
The influence of alternative attractiveness on intention to disengage
from an OSN will be moderated by the fear of missing out, such that the
influence will be weaker.
The influence of Perceived privacy concerns on intention to disengage
from an OSN will be moderated by the fear of missing out, such that the
influence will be weaker.
The influence of negative psychosocial well-being on intention to
disengage from OSN will be moderated by the fear of missing out, such
that the influence will be weak.
The influence of online victimization on intention to disengage from an
OSN will be moderated by the fear of missing out, such that the effect
will be weaker.
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Validity and Reliability
An exploratory and confirmatory factor analysis is required before performing the
structural model. However, as the constructs used in this revised model are the same as
those used in the original model, there should not be different in the loadings, cross
loadings, and reliability of the model. For this alternative model, this study used
SmartPLS to identify the loadings, cross-loadings and reliability. The convergent
validity, discriminant validity, and reliability of this model were tested again. However,
as all the constructs from the original research model were intact and no additional
construct was added, the validity and reliability for this newer model did not differ from
that of the original model. Please see Table 5.2 for the loadings, cross-loadings and
reliability of the research model. Also, the inter-construct correlation, model fit, and
common method variance were no different as well.
Table 5.2

Loadings and cross-loadings for alternative model I

Items

AA

AA3

0.838

AA4

0.894

AA5

0.869

ADD

ADD1

0.837

ADD3

0.783

ADD6

0.811

ADD8

0.826

ADD9

0.842

FOMO

BINT

BIN1

0.929

BIN2

0.891

BIN3

0.955

FOMO3

0.7504

FOMO4

0.8365

FOMO7

0.8521

IPC

IPC1

0.903

IPC2

0.867
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NPW

OV

PE

SC

SI

Table 5.2 (continued)
IPC3

0.883

IPC4

0.884

NPW1

0.806

NPW2

0.801

NPW3

0.816

NPW4

0.838

NPW5
OV1

0.837

OV3

0.884

OV4

0.869

OV5

0.856

OV6

0.813

OV7

0.891

OV8

0.804

PE1

0.891

PE2

0.857

PE3

0.873

PE4

0.851

PE5

0.821

SC4

0.842

SC5

0.813

SC6

0.887

SI1

0.876

SI2

0.891

SI3

0.751

AA = Alternative Attractiveness; IPC = Internet Privacy Concern; PE = Perceived
Enjoyment; SC = Social Capital; NPW = Negative Psychosocial Well-being; SI = Social
Influence; OV = Online Victimization; FOMO = Fear of Missing Out; BINT =
Behavioral Intention to Disengage; ADD = Addiction
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Table 5.3

Reliability test for alternative model I

Constructs
AA
ADD
FOMO
BINT
IPC
NPW
OV
PE
SC
SI

AVE

0.752
0.672
0.663
0.856
0.782
0.669
0.724
0.737
0.719
0.708

Composite Reliability Cronbach’s Alpha
0.901
0.911
0.855
0.947
0.935
0.910
0.948
0.934
0.884
0.878

0.837
0.878
0.787
0.916
0.907
0.877
0.936
0.911
0.804
0.796

AA = Alternative Attractiveness; IPC = Internet Privacy Concern; PE = Perceived Enjoyment; SC = Social
Capital; NPW = Negative Psychosocial Well-being; SI = Social Influence; OV = Online Victimization;
FOMO = Fear of Missing Out; BINT = Behavioral Intention to Disengage; ADD = Addiction

Table 5.4

Inter-construct correlations for alternative model I
AA

ADD

FOMO

BINT

IPC

NPW

OV

PE

SC

AA

0.867

ADD

-0.116

0.820

FOMO

0.123

0.456

0.814

BINT

0.155

0.031

0.100

0.925

IPC

0.142

0.058

0.100

0.220

0.884

NPW

-0.004

0.354

0.358

0.043

0.141

0.818

OV

-0.045

0.527

0.256

0.009

0.030

0.199

0.851

PE

-0.198

0.278

0.189

-0.130

0.052

0.261

0.156

0.859

SC

-0.014

0.069

0.118

0.045

0.027

0.000

0.089

0.014

0.848

SI

-0.042

0.233

0.275

-0.073

0.083

0.190

0.261

0.242

0.003

SI

0.841

AA = Alternative Attractiveness; IPC = Internet Privacy Concern; PE = Perceived Enjoyment; SC = Social
Capital; NPW = Negative Psychosocial Well-being; SI = Social Influence; OV = Online Victimization;
FOMO = Fear of Missing Out; BINT = Behavioral Intention to Disengage; ADD = Addiction; values on
the diagonal are the square root of AVE

Structural model
After analyzing the reliability, validity and common method variance through
measurement model evaluation, the testing of the structural model was performed. The
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structural model is assessed to establish the predictive validity by reviewing the
magnitude and direction of the relationships between the constructs of the research
model. The assessment of the structural model can be seen in Table 5.5 and Figure 5.2.
Table 5.5

Proposed hypotheses and support for alternative model I

H1: BINT -> AD (+)
H2: AA -> BINT (+)
H3: IPC -> BINT (+)
H4: PE -> BINT (-)
H5:SC -> BINT (-)
H6: NPW -> BINT (+)
H7: SI -> BINT (-)
H8: OV -> BINT (+)
H9: ADD -> AA (-)

Path
Coefficients
0.2251
0.2732
0.3056
-0.1396
0.0278
0.1547
-0.0825
-0.4421
-0.1163

H10: ADD -> IPC (-)

0.0582

1.5661

H11: ADD -> PE (+)
H12: ADD -> SC (+)
H13: ADD -> NPW (+)
H14: ADD -> SI (+)
H15: ADD -> OV (+)
H16A: AA * FOMO -> BINT (-)

0.2781
0.069
0.3544
0.2329
0.5271
-0.3759

8.5027
1.7531
10.1536
7.8334
15.1959
1.9296

H16B: IPC * FOMO -> BINT (-)

-0.1714

0.9567

Not Supported

H16C: NPW * FOMO -> BINT (-)

-0.2131

1.0778

Not Supported

H16D: OV * FOMO -> BINT (-)

0.6535

3.7888

Hypotheses
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T Statistics

P-value

Supported?

5.57
2.3402
2.7142
3.6636
0.7638
1.1869
2.0293
3.4431
3.1226

<0.001
<0.01
<0.01
<0.001

Supported
Supported
Supported
Supported
Not Supported
Not Supported
Supported
Not supported
Supported

<0.05
<0.001
<0.001

Not Supported
<0.001
<0.05
<0.001
<0.001
<0.001
<0.05

<0.001

Supported
Supported
Supported
Supported
Supported
Supported

Not Supported

Figure 5.2

Hypotheses and structural relationships for alternative model I

Interpretation
For the 19 hypotheses presented in alternative model I, 12 of the hypotheses were
supported. Table 5.5 and Figure 5.2 display the standardized path and t-values.
The finding of the alternative model indicates that intention to disengage from
OSN is positively reflected in actual disengagement from an OSN (H1). Similarly,
attractive alternatives such as Twitter and Instagram and perceived privacy concern
created by an OSN also positively influence a user’s intention to disengage from an OSN
(H2 and H3 respectively). The result confirms H4 which indicates that an increase in
perceived enjoyment of an OSN reduces intention to disengage. H5 was not supported
indicating social influence does not significantly affect intention to disengage. Similarly
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H6 which indicates that negative psychosocial well-being positively influence intention
to disengage from an OSN was also not supported. H7 was supported indicating that
higher social influence (to leave an OSN) leads to higher intention to disengage. H8 had a
significant p-value but was not supported as it had an opposite relationship than
hypothesized. Thus, H8 indicated that online victimization negatively relates to intention
to disengage from OSN. Additionally, addiction was found to negatively influence the
perception of people towards attractiveness of available alternatives (H9). However, no
relationship was found between addiction and perceived privacy concern (H10). Also,
addiction was found to have a positive influence on perceived enjoyment (H11) and
social capital (H12) implying that addiction makes people perceive that an OSN is
enjoyable and also, helps in social capital development on OSN. H13 was supported
indicating that addiction would increase negative psychosocial well-being. Additionally,
H14 was supported indicating that people with a higher level of addiction believe that
substantial people in his life may want him to stay on Facebook. Also, H15 was
supported indicating that addiction is positively related to online victimization.
H16a was confirmed indicating the negative influence of fear of missing out on
the relationship between alternative attractiveness and intention to disengage. Thus,
despite H16d having a significant p-value, it was not supported as the relationship was in
the opposite direction than hypothesized; thus indication that the influence of online
victimization on intention to disengage from an OSN will be moderated by the fear of
missing out, such that the effect will be stronger rather than weaker. Additionally, the
moderating effect of fear of missing out on the relationship between privacy concern and
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intention to disengage and between negative psychosocial well-being and intention to
disengage were not significant (H16b and H16c).
To control for an explanation of results due to extraneous factors, previous studies
have used several demographic characteristics as control variables. For this study as well,
demographic characteristics such as age, gender, number of Facebook friends, and
number of years of experience on Facebook, were used as control variables. For this
research, only the number of years of experience on Facebook was found to have a
significant impact on the actual disengagement.
Alternative model II
Similarly, to further study the relationship between the construct, this study
developed alternative model II as well. The alternative model II followed the social
cognitive theory used in the alternative model I. As stated above, SCT has been used to
study how technology addiction impacts perception as well as the external environment
through a biased-based cognition modification processes (Turel et al. 2011b). While
creating the positive perception towards the system, it also creates dependency on that
system leading to poor well-being and victimization. The alternative research model II is
shown in Figure 5.3 along with the hypotheses and structural relationship in Table 5.6.
This alternative model II presents addiction influencing the perception of the user’s along
with impacting the well-being and victimization while the fear of missing out is
moderating relationship between intention to disengage and actual behavior. The
convergent validity, discriminant validity, and reliability of this model was not re-tested
as the constructs used in this model were the same as those used in alternative model II.
178

Table 5.6
Hypotheses
H1
H2
H3
H4
H5

Hypotheses and structural relationships for alternative model II
Structural Relationship
Intention to Disengage from an OSN has a positive effect on actual disengagement
from an OSN.
Attractive alternatives have a positive impact on behavioral intention to disengage
from a currently used OSN.
Perceived privacy concerns positively impacts the intention to disengage from an
OSN.
Perceived Enjoyment is negatively related to intention to disengage from an OSN.

H7

Social capital is negatively related to intention to disengage from an OSN.
Negative psychosocial well-being within OSN positively affects intention to
disengage from an OSN.
Social influence is negatively related to intention to disengage from an OSN.

H8

Online victimization will positively affect intention to disengage from an OSN.

H9

Addiction is negatively related to alternative attractiveness.

H10

Addiction is negatively related to perceived privacy concern.

H11

Addiction is positively related to perceived enjoyment.

H12

Addiction is positively related to social capital.

H13

Addiction is positively related to negative psychosocial well-being.

H14

Addiction is positively related to social influence.

H15

Addiction is positively related to online victimization.
The influence of intention to disengage from OSN on actual disengagement will be
moderated by the fear of missing out, such that the influence will be weaker.
Fear of Missing Out is negatively related actual disengagement from OSN.

H6

H16a
H16b
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Figure 5.3

Hypotheses and structural relationships with alternative model II

After setting the alternative model with relationships and hypotheses, the
structural model testing was performed using SmartPLS 2.0. The structural model is
assessed to establish the predictive validity by reviewing the magnitude and direction of
the relationships between the construct of the research model. The assessment of
structural model can be seen in Table 5.7 and Figure 5.4.
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Table 5.7

Hypotheses and structural relationships for alternative model II
Hypotheses

Path Coefficients

T Statistics

P-value

Supported?

H1: BINT -> AD (+)

0.2449

2.6349

<0.01

Supported

H2: AA -> BINT (+)

0.0994

2.6453

<0.01

Supported

H3: IPC -> BINT (+)

0.2087

5.7228

<0.001

Supported

H4: PE -> BINT (-)

-0.1218

3.138

<0.01

Supported

H5:SC -> BINT (-)

0.0399

1.084

Not Supported

H6: NPW -> BINT (+)

0.0542

1.3451

Not Supported

H7: SI -> BINT (-)

-0.0745

1.7816

H8: OV -> BINT (+)

0.0312

0.8415

H9: ADD -> AA (-)

-0.1162

3.0763

H10: ADD -> IPC (-)

0.0581

1.5876

H11: ADD -> PE (+)

0.278

8.7475

<0.001

Supported

H12: ADD -> SC (+)

0.069

1.8761

<0.05

Supported

H13: ADD -> NPW (+)

0.3544

10.0802

<0.001

Supported

H14: ADD -> SI (+)

0.2329

7.7276

<0.001

Supported

H15: ADD -> OV (+)

0.5271

15.4088

<0.001

Supported

H16a: BINT * FOMO -> AD (-)

-0.0228

0.1634

Not Supported

H16b: FOMO -> AD (-)

-0.0811

0.5996

Not Supported

Figure 5.4

<0.05

Supported
Not Supported

<0.01

Supported
Not Supported

Hypotheses and structural relationships for alternative model II
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Interpretation
For the 17 hypotheses presented in Alternative model I, 11 of the hypotheses were
supported. Table 5.7 and Figure 5.4 display the standardized path and t-values in the form
of table and proposed alternative model. The finding of the alternative model indicates
that intention to disengage from OSN is positively reflected on actual disengagement
from OSN (H1). Similarly, attractive alternatives such as Twitter and Instagram and
perceived privacy concern created by an OSN also positively influence users intention to
disengage from an OSN (H2 and H3 respectively). The results confirm H4 which
indicates that increase in perceived enjoyment of OSN reduces intention to disengage. H5
was not supported indicating social influence doesn’t significantly affect intention to
disengage. Similarly H6 which indicates that negative psychosocial well-being positively
influence intention to disengage from OSN was also not supported. H7 was supported
indicating that higher social influence (to leave OSN) leads to higher intention to
disengage. H8 was not supported, thus, indicating no relationship between online
victimization and intention to disengage from an OSN. Additionally, addiction was found
to negatively influence the perception of people towards attractiveness of available
alternatives (H9). However, no relationship was found between addiction and perceived
privacy concern (H10) as per the alternative model. Also, addiction was found to have
positive influence on perceived enjoyment (H11) and social capital (H12) implying that
addiction makes people perceive that OSN is enjoyable and also, helps in social capital
development on OSN. H13 was found to be supported indicating that addiction would
increase negative psychosocial well-being. Additionally, H14 was supported indicating
that people with higher level of addiction believe that substantial people in his life may
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want him to stay on Facebook. Also, H15 was supported indicating that addiction is
positively related to online victimization. Additionally, alternative model II did not find
any significant relationship between fear of missing out and actual disengagement from
OSN (H16b). Also, there was no support to state that the fear of missing out made the
relationship between the intention to disengage from OSN on actual disengagement
weaker (H16a). Previous research on OSNs and information systems recognizes a
number of extraneous factors that may need to be controlled for an explanation of result.
For this research, only number of years of experience on Facebook was found to have
significant impact on the actual disengagement.
Further, this study has also performed some additional post-hoc analysis of some
alternative research model. An alternative research model along with the data analysis is
presented in Appendix D.
Comparison of main model, alternative model I, and alternative model II
The main research model, the first alternative model, and the second alternative
model have several similarities as in all the three models there are certain antecedents
leading to intention further leading to actual disengagement. It is essential to analyze all
the three models in depth to understand their implications for IS research and practice. In
this section, we discuss the similarities and the differences of results provided by each
model.
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Table 5.8

Hypotheses and result comparison among different models

Hypotheses

Main Study

Alternative
Model I

Alternative
Model II

Intention to disengage from an OSN has a positive effect
on actual disengagement from an OSN.
Addiction negatively moderates the relationship between
intention to disengage from an OSN and actual
disengagement.
Attractive alternatives have a positive impact on
behavioral intention to disengage from a currently used
OSN.
Perceived privacy concerns positively impacts the
intention to disengage from an OSN.
Perceived enjoyment is negatively related to intention to
disengage from an OSN.
Social capital is negatively related to intention to
disengage from an OSN.
Negative psychosocial well-being within OSN positively
affects intention to disengage from an OSN.
Social influence is negatively related to intention to
disengage from an OSN.
Online victimization will positively affect intention to
disengage from an OSN.
The influence of alternative attractiveness on intention to
disengage from an OSN will be moderated by the fear of
missing out, such that the influence will be weaker.
The influence of perceived privacy concerns on intention
to disengage from an OSN will be moderated by the fear
of missing out, such that the influence will be weaker.
The influence of negative psychosocial well-being on
intention to disengage from OSN will be moderated by
the fear of missing out, such that the influence will be
weak.
The influence of online victimization on intention to
disengage from an OSN will be moderated by the fear of
missing out, such that the effect will be weaker.
Addiction is negatively related to alternative
attractiveness.
Addiction is negatively related to perceived privacy
concern.
Addiction is positively related to perceived enjoyment.

Supported

Supported

Supported

Not
supported

(N/A)

(N/A)

Supported

Supported

Supported

Supported

Supported

Supported

Supported

Supported

Supported

Not
supported

Not
supported

Supported

Not
supported

Supported

Supported

Not
supported
Not
supported
Supported

Not
supported

Not
supported

Supported

Supported

Not
supported

Not
supported

(N/A)

Supported

Not
supported

(N/A)

Not
supported

Not
supported

(N/A)

(N/A)

Supported

Supported

(N/A)

Not
supported

(N/A)

Supported

Not
supported
Supported

Addiction is positively related to social capital.

(N/A)

Supported

Supported

Addiction is positively related to negative psychosocial
well-being.

(N/A)

Supported

Supported
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Not
supported
(N/A)

Table 5.8 (continued)
Addiction is positively related to social influence.

(N/A)

Supported

Supported

Addiction is positively related to online victimization.

(N/A)

Supported

Supported

The influence of intention to disengage from OSN on
actual disengagement will be moderated by the fear of
missing out, such that the influence will be weaker.
Fear of Missing Out is negatively related actual
disengagement from OSN.

(N/A)

(N/A)

Not
supported

(N/A)

(N/A)

Not
supported

As shown in Table 5.8, in all three models, the intention to disengage from an
OSN has a positive effect on actual disengagement from an OSN. Similarly, in all three
models, antecedents such as alternative attractiveness and perceived privacy concern
were found to positively impact the intention to disengage from an OSN. Also, perceived
enjoyment and social influence were found to negatively impact the intention to
disengage from an OSN in all three models. Social capital and online victimization were
found to be not significant in all three models. Negative psychosocial well-being was
found to be significant in the original model but was found not supported in the first
alternative model as well second alternative model. Similarly, the fear of missing out
moderated the relationship between negative psychosocial well-being and intention to
disengage from OSN in the original model while in the first alternative model this
hypothesis was not supported. Addiction was initially proposed to moderate the
relationship between intention and actual disengagement. However, it was found to be
not significant. Thus, the alternative models were changed accordingly to see if fear of
missing out moderates the relationship between intention and actual disengagement (see
Figure 5.3; alternative model II). This hypothesis was also not supported. Based on social
cognition theory that captures the interplay between a person’s behavior and the
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environment, addiction was modelled as antecedents to alternative attractiveness, privacy
concern, perceived enjoyment, social capital, negative psychosocial well-being, social
influence, and online victimization (see Figure 5.2; alternative model I). Similar to the
findings of Turel et al. (2011b), addiction affected these antecedents as hypothesized.
While the main model provided us the base to understand our research
hypotheses, the alternative models under post-hoc analyses allowed us to look at the
research model differently. The alternative models helped us to understand the
antecedents and the relationships between them from a different view point. We believe
that the post-hoc analyses would have positive implications in IS research as well
practice.
Implications for information systems research
This research has made some important contribution to the information systems
research. First, this research has explored the factors that affect disengagement of users
from an OSN, as the study of it has been limited in IS research. Besides the
disengagement theory, this research has also contributed in understanding some other
sub-theories such as hedgehog’s dilemma and the need to belong theory. Second, this
study extends the concept of disengagement theory in OSN research. Third, this research
offers additional insight into IS literature by extending the concept of psychosocial wellbeing, addiction, and fear of missing out. This research is one of few studies that have
tested the fear of missing out scales empirically. Some of the constructs used in this
research are relatively new or unexplored in the information systems research field.
Finally, this research amplifies the importance of measuring actual behavior.
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One of the major contributions of this dissertation is to understand the
disengagement process that occurs on OSN usage. While there have been several studies
on adoption of IS, the post-adoption behavior such as continuation and
discontinuation/disengagement of IS has received limited attention in the IS literature
(Bhattacherjee 2001; Bhattacherjee and Premkumar 2004; Limayem et al. 2007). Thus,
this research will extend the existing nomological net of adoption and continuance by
adding a perspective of abandoning the system. OSNs being a relatively newer form of
technology media, previous research on it has focused on the adoption and continuation
of OSN usage. However, very little research has explored the discontinuation of OSN
usage (Turel 2014). There has been a lack of research that investigates the antecedents to
discontinue OSN usage. For example, there has been only a handful of academic research
on why users discontinued usage of MySpace or what makes users get away from
Facebook or Instagram. Thus, this study is one of the pioneer research that offers
empirical examination of discontinuance of IS that presents different determinants of this
apparently bipolar decision (Recker 2014). As such, the result of the study will help
researchers to understand the role of different factors that makes users leave or gradually
decline their usage of an OSN. In the process of answering the first research question,
this study has presented alternative attractiveness, privacy concern, perceived enjoyment,
negative psychosocial well-being, social influence, and fear of missing out as some of the
factors that significantly influence discontinuance of OSN. The result of the study would
help the future research to extend on this existing model by understanding the constructs
used in this research for disengagement process of OSNs. This study demonstrates the
importance of looking further than adoption and post-adoption. With most IS research
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focused on adoption, and continuation, this study may help to put some focus on
disengagement from the existing technology. We believe that this study would help
researchers to shift their focus from adoption and continuation of technology to
something novel and important such as discontinuation of technology that often soaks up
capital, time, and effort.
As can be seen by the research model of this study, the intention to continue and
discontinue can be simultaneously developed as human brain can process both positive
and negative phenomenon at the same time (Cacioppo and Berntson 1994). This study
expands the concepts presented by Ajzen (2001) that the development of intention to
disengagement from OSN does not fully replace existing intention to continue using
OSN. This is rationalized through the positive and negative relationship between the
several antecedents and intention to disengage from OSN in our research model. Thus,
this study contributes to the existing literature by implying that the intention to disengage
stands as a distinct concept that may sometime moderately correlate (Turel 2014) with
continuance intention but deserves its own theory development.
Additionally, this research has introduced the concept of disengagement theory as
its theoretical lens to understand the disengagement process of the users from their
current OSN. It is important to understand that this study is about users disengaging from
a specific OSN rather than disengaging from OSNs in their entirety. Although, scholars
from social science have used the theory to explain separation from marriage (Erikson
1993) or “mutual withdrawal…. between the aging person and others in the social
system” (Cummings and Henry 1961, p 14) or disengagement from radical groups such
as drug cults and religious groups (Levine 1984), the focus here was to use
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disengagement theory to explain disengagement from a social group as suggested by
Ebaugh (1988). Given the constant development of newer online social applications and
the dark side presented by existing OSNs, it is reasonable to predict that users of OSNs
will keep disengaging from current OSN. We believe that despite some parts of the
theory not working such as online victimization and social capital, this theory
theoretically drives the disengagement behavior on OSNs. The parts that did not work for
the theory are the ones that does not take away anything from the baseline of the theory.
For example, social capital is a part of the cost-benefit analysis performed during
disengagement but there are other benefits such as perceived enjoyment that are there to
cover up for benefits from OSN. As such, the disengagement theory can be further
expanded to study disengagement of users from OSN. Also, the introduction of this
theory extends IS literature by providing a holistic approach of discontinuation of users
from a technology or a group. Future research can use the disengagement theory for
modelling disengagement behavior in other IS use contexts. Additionally, this theory can
assist understanding the switching behavior of users from one technology to another and
predicting the choices of newer alternate technology based on past experience.
This study has also used some other theories such as privacy calculus theory,
hedgehog’s dilemma theory, and need to belong theory. While there is no need to
revalidate privacy calculus theory in OSN research, this study applies it to a novel and
important phenomenon of understanding disengagement behavior of users from OSN
usage. Similarly, the Hedgehog’s dilemma and need to belong are relatively new to OSN
research. As such, this study has contributed by extending and expanding these theories
to the IS and OSN research. The hedgehog’s dilemma theory and need to belong theory
189

can be used in other IS contexts such as group decision making to understand and analyze
valence of the group members. Future research can also apply these theories to
understand an individual’s decision regarding adoption and continuation of other IS
systems such as social network, where the decision making is affected by
presence/influence of other individuals. These findings offer new theoretical lenses when
investigating human insecurities on OSNs.
One of the major contributions of the paper is the expansion of the concept of fear
of missing out and addiction. The concept of fear of missing out is relatively new to OSN
research while the concept of addiction is still confusing and unclear in IS research
(Przybylski et al. 2013). Indeed, the items for fear of missing out have not been
empirically tested before this study. Empirical studies assessing the addictive potential of
OSNs that have been conducted and published in peer-reviewed journals are limited in
numbers (Kuss and Griffiths 2011; Turel and Serenko 2012). As such, this study has
brought both of the concepts together to explain the disengagement of users from an
OSN. It is equally important to distinguish fear of missing out with addiction as
consumer research and general media explains fear of missing out as synonymous to
addiction (Greenfield 2013). While responding to the second research question, this study
has presented how fear of missing out may moderate the relationships between certain
factors leading to intention to disengage by either weakening or strengthening them. The
result of the study shows that fear of missing out has a role to play in the disengagement
process while addiction doesn’t support our hypothesis of influencing disengagement. It
is important to understand and analyze this result as there is frequent debate on if Internet
addiction is real. Previous research has stated that terming what happens to people when
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they spend too much of time online as addiction is misleading (DeAngelis 2000).
Literature shows that the way researchers are capturing ‘addiction’ has conceptual issues
and methodological shortcomings as online users may easily replace online behaviors
with some fruitful offline behaviors such as outdoor games or camping or hangouts.
Thus, Internet or OSN addiction may be approached from the perspective of
compensation or coping strategy rather than compulsion (Kardefelt-Winther 2014; Wood
2008). While further examination in this issue is warranted, this study has certainly
brought attention to the fact that if OSN users are really addicted or is it just the fear of
missing out that’s keeping them glued to the OSN. On a different note, this outcome
related to addiction also brings attention to the dimensions that are captured in the
‘addiction’ measures. An addiction to a technology can be presented by characteristics
that have multiple dimensions such as salience, relief, tolerance, withdrawal, relapse, and
conflict (Charlton and Danforth 2007). However, using a generalized version of addiction
such as the one used in this present study (Turel et al. 2011a), may not give a better result
as it may not capture all the aspects of addiction. This might be the reason why the
‘addiction’ variable failed to capture the real ‘addiction’ of users that would otherwise
weaken the relationship between intention to disengage and actual disengagement from
OSN. While the present study may not present a clear picture regarding the ‘addiction’
variable, it helps the IS researchers to understand the complexities related to it. IS
researcher can expect problems associated with the multidimensional nature of addiction
as presented in the IS research. However, if looked at the first alternative model (see
Figure 5.2), it shows that addiction may be an antecedent to people’s perception
regarding OSN usage and may also affect the environment surrounding the users. Thus,
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this study facilitates the idea generation of looking at addiction from a different
perspective than just a moderator of relationships. Future researchers can take an idea
from it and use addiction as antecedents to other factors. Previous research has stated that
addiction can be one of the personal behavior that intensifies individual’s perceptions and
affects the environment (Turel et al. 2011b). This study supports the findings and
suggests to look addiction as a condition that affects the cognition of the users and thus,
affects intention to disengage.
Further, this dissertation contributes to IS research, as well as OSN research, by
capturing the actual disengagement rather than just the intention to disengage from an
OSN. Provided the measurement issues related to capturing behavioral intention only
(Crossler et al. 2013), it is important to capture actual behavior for richer and more
meaningful findings as intention may not be translated to actual behavior in a real world
environment. This study has made some contribution in this regard as it measures both
the intention and actual behavior and has found a positive relationship between them.
Studying the actual behavior and behavioral intention at different times, this study has
contributed to IS research in a positive way. This study may motivate more IS researchers
to collect actual behavior rather than intention on OSN research.
Additionally, this research demonstrates that, like any other behaviors that
become addictive, problematic, or excessive, addictive hedonic IS use may require
inhibition. Study of discontinuance specific factors such as negative psychosocial wellbeing, and online victimization, opens up further opportunities to research on factors
which can supplement the negative impact of some continuance drivers on
discontinuance decisions (Turel 2014). This study has also helped in extending the
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concept of negative psychosocial well-being and online victimization along with the
concept of alternative attractiveness. The concept of alternative attractiveness was
borrowed from the marketing literature and specifically, from the push-pull-mooring
theory. Expanding on the existing literature, the use of this concept in this study has
proven that alternative attractiveness can be an important factor in post-adoption
decisions. Similarly, the study of online victimization in IS research is also limited to
bullying and sexual harassment (Henson et al. 2011; Marcum et al. 2010). Thus, this
study helps to broaden the concept by studying the impact of such victimization on
disengagement from OSN. Also, despite a consensus among researchers that Internet use
in general and OSNs in particular may be associated with psychosocial well-being of the
individuals, detailed research examining the complex relationships between psychosocial
well-being and the disengagement from OSN services is scarce (Valkenburg et al. 2006;
Van der Aa et al. 2009). Thus, this study opens opportunities for future researchers to
expand these concepts to understand post-adoption behaviors of users to similar IS
contexts such as OSN.
Implications for practice
IS research has regularly faced the criticism of lacking relevance to practice
(Baskerville and Myers 2004; Benbasat and Zmud 1999). As such, this dissertation
provides value to practioners in many different ways. First, this study is helpful to OSN
providers, as well as social commerce providers, as these organizations now understand
the need to induce fear of missing out in the users. Second, this study may be important
for organization’s that have struggled to run their in-house OSN or online discussion
sessions due to people’s disengagement from them. Third, this study helps people
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understand why someone can’t disengage from an OSN. Fourth, this study helps
individuals understand how an OSN can affect their psychosocial well-being.
This dissertation helps OSN providers understand what is required to keep users
away from quitting their OSN. OSNs such as Orkut, Friendster, Yahoo! Buzz, Ping, and
MySpace have all disappeared despite having a good market presence at one point in
time. MySpace was valued at $580 million in 2005 and eventually sold at $35 million in
2011 (Pate and Adams 2013). These OSNs that have diminished over time failed to
create the sense of fear of missing out towards it. They failed to create information and
resources sharing portal which would otherwise create fear of missing out on the users
who are away from it. This is where Facebook is performing better (Ray 2012). It has
been able to sustain the fear of missing out in users by letting everyone share their
pictures, status, videos, holiday locations, shopping habits, etc. Thus, the finding of this
research will help these OSN providers to understand the importance of creating the
sense of fear of missing out on OSN so that users stay with it for a long period of time.
There are several organizations that use social media and online discussions for
collaboration purpose. These organizations believe in creating their own online networks,
discussion sessions, meeting rooms, and information sharing web pages to share their
ideas and resources, communicate news, and sometimes for entertainment purpose. This
study may not be of much use for such organizations as OSNs in that regard is more
utilitarian than hedonic in nature as in this study. However, ‘internal’ networks within
organizations have often been used for personal communication between colleagues and
to build stronger ‘bonds’ with their weak ties by sharing personal information (DiMicco
et al. 2008). As such, the present study may help organizations to create such online
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platform to share and foster personal relationships that are hedonic in nature. Some
organizations have used internal OSNS for both personal and professional relationship
development. For example, IBM has its own ‘internal’ social network called SocialBlue
(IBM’s Facebook for employees) that was joined by 53,000 employees and has over
100,000 employees with internal blogs (Hibbard 2010). However, not all ‘internal’ social
networks of organizations are accepted by the employees. In one study, only 13% of the
internal social networks are a success (Healey 2011). Failure of NASA’s internal social
network called Sapcebook is an example of how even bigger organizations fail to manage
their social network. This is where the findings of this study play an important role. As
found in this study, an individual may disengage from an OSN if they perceive that there
is a lack of enjoyment in that network. The success story of IBM’s SocialBlue is granted
to the fact that this network has its own guidelines but is not policed (Hibbard 2010).
Users share their personal information, pictures, and ideas, and freely communicate with
other employees or former colleagues. The enjoyment is in the fact that it is the
employees who are self-regulating each other and thus, sharing information they feel are
important to each other. Thus, bringing perceived enjoyment back to the internal social
network may be one way to motivate employees to use it. Similarly, as found in this
study, social influence can be of great use to make employees use the network. IBM took
the right step by bringing together employees, clients, partners, and friends to use
SocialBlue (Hibbard 2010). It motivated the top level employees to use Socialblue and
internal blogs as a part of information sharing. This turned out to be a great strategy as
employees followed their important others such as supervisors in joining the internal
network. These companies may also use the strategy of increasing fear of missing out in
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their internal network so that employees remain logged-in to these networks instead of
using external network such as Facebook. This can be achieved by letting employees
share personal information such as vacations, pictures, videos, and other resources on
these internal networks. Thus, when an individual is away not using the internal network,
it increases the uneasy feeling that he is missing out on information about other
colleagues and also on the opportunity to know if these colleagues had the possession of
more or something better than him.
The findings of this study will also help people understand why their friends,
family, and colleagues are unable to discontinue usage of a specific OSN despite the
problems faced while using it. Despite the issues related to privacy, wastage of time, and
negative impact on psychosocial well-being, OSN users find it difficult to disengage from
OSNs. This study supports the fact that people have a natural tendency to belong to a
certain group, be loved by others in the group, and maintain a significant interpersonal
relationship (Baumeister and Leary 1995). OSNs allow users to fulfill such need to
belong as users can remain ‘in the loop’ through constant communication with other
members (Gangadharbatla 2008). This need to belong also creates a fear of missing out in
users when they are away from OSN. Thus, despite all the negativity surrounding the
OSN, the users find it difficult to disengage from OSN as they always have a pervasive
apprehension that others might be having rewarding experiences on OSN from which one
is absent (Przybylski et al. 2013). This explains why employees in an organization may
be spending time on OSN rather than doing their job or why family members are more
focused on their mobile phones than talking to each other at the dinner table. This study
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gives a sense of why people around us have an apprehension to stay plugged-in and how
it weakens their intention to disengage from OSNs.
This study also helps people to understand how an OSN can affect their
psychosocial well-being. Despite the goodwill that any social group offers, human
intimacy among the group members in the social group cannot occur without substantial
mutual harm resulting in aggravation, heartbreak, weak relationship and cautious
behavior (Freud 1921). Like porcupines that crowd themselves very close together during
a cold winter to profit from each other’s warmth but end up hurting each other by their
quills (Schopenhauer 1851), OSN users end up hurt, lonely, and dissatisfied on OSNs
despite the intention to stay socially connected (Xu et al. 2012a). This porcupine illusion,
also known as hedgehog’s dilemma (Freud 1921), explains the psychology of people in a
OSN as it explains the feelings of aversion and hostility adhering to any long-lasting
human relationship. Thus, despite a good intent to maintain relationship through an
OSN, it will take some toll on their well-being (Schwartz 2012; Van der Aa et al. 2009).
It is natural to feel jealous, when you see your friends on vacation while you are working
overtime in your office. It is normal to feel lonely, when you see your friends hanging out
without you every weekend. It might even lead to depression when you see everyone so
happy and compare it with your own life. Thus, this study contributes by providing a
sense of knowledge on how an OSN can impact people’s psychosocial well-being.
This study also found that the number of years of experience on Facebook
significantly negatively affects the disengagement of users from an OSN. Thus, it
basically gives an idea to the people that the more time one spends on Facebook, the
more difficult it becomes to get away from Facebook. It becomes more and more difficult
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to discontinue using Facebook as the years of experience using Facebook increases. It’s
always a good idea to leave an OSN at early stage if one feels like it’s providing more
disadvantages than advantages.
The dark side of OSNs have also created the potential legal liability towards these
OSN providers. Previous studies suggest that legal cases (or law suits) are possible line of
action for those addicted OSNs (Kakabadse et al. 2007; Turel et al. 2011a). Although
this study does not go into the detail of such legal obligations, it does provide insights
into the dark side of OSNs and the impact of it on well-being.
Limitations and future research
McGrath (1995) stated that all research methods are inherently flawed, though
each is flawed differently. Thus, the role of the researcher is always to minimize the
flaws associated with the research by maximizing the three criteria of good research:
generalizability, precision, and realism (McGrath 1995). This research is no exception to
other research and thus, has its limitations that are discussed in this section. Some of the
limitations of this study pertain to the generalizability of the study due to the sample
frame used for this study, theoretical constructs excluded from the study, research method
used for testing the proposed model, and the use of self-reported scales. However,
understanding these limitations also provides with the opportunities for future research.
This study used undergraduate students from Mississippi State University as its
sample frame. The average age of the respondents for this study was 20.79 years as the
undergraduate students from freshman level courses are usually younger in age. As the
age group of 18 to 25 years that are educated and college students are the ones that use
the OSNs the most (Lenhart et al. 2010; Li et al. 2010a), it can be assumed that it is
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appropriate to have young undergraduate students as the sample of this study. However,
using a broader sample frame that consists of a diverse age range, level of education, and
geographic location may help in the generalizability of the study. The usage of Internet
technology differs across people of different age and education (van Deursen and Van
Dijk 2014). Thus, future research could explore sample frame from a diverse age,
background, and education group to make the research more generalizable. The data can
be collected from multiple sources such as Amazon Mechanical Turk, Qualtrics,
employees, and students.
One of the limitations of the research model is the exclusion of factors which
could play a role in determining the intention of the people to disengage from OSN. In
order to make the research model parsimonious, only a limited number of theoretical
constructs were included in the research model. The first research model developed for
this study had personality factors, self-efficacy, habits, etc. The original model for this
study was studying negative psychosocial well-being and privacy concern as second
order reflective, first order reflective factor. The research model went through several
iterations to make sure the research model was parsimonious and researchable within a
manageable time. This also resulted in the theoretical limitations for this study as many
of the theoretical constructs that would have completed the research model were not
included in this research model. Though it is a limitation for this study, it opens several
opportunities for future research. For future research, constructs such as habits, selfefficacy, and guilt feelings can be added to understand more about the intention of people
to disengage. Also, studying different dimensions of psychosocial well-being such as
depression, dissatisfaction, anxiety, and low self-esteem can help to explore well-being in
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relation to OSN and can also help providing deeper understanding of how it affects
intention to disengage from OSN. Similarly, additional dimensions of perceived privacy
can be studied to better understand how the multi-dimensions of privacy concern affect
the intentions to disengage from OSN. Additionally, there is also an opportunity to study
addiction as a multi-dimensional measure that captures dimensions such as salience,
relief, tolerance, withdrawal, relapse, and conflict (Charlton and Danforth 2007). This
could provide a deeper understanding of the impact of addiction on the decision to
disengage from OSN.
This study utilized a survey design method to test the proposed model. The data
were collected through survey questionnaires. Such a research strategy method provides
generalizability but is limited to achieve precision and realism. As such, to maximize the
other two criteria, researchers have emphasized the need for mixed-method research
(McGrath 1995; Venkatesh et al. 2013). While the multiple method of research strategy
may not always be practical, it may be a necessity as it helps to offset the weaknesses of
one method by the strengths of another method (McGrath 1995). One of the research
methods that can be added with the survey are interviews or qualitative studies that
provide an understanding the story behind the numbers presented by the survey design by
increasing the realism criteria. Bhattacherjee and Premkumar (2004) used a survey
methodology to collect quantitative data and open-ended interview questions to collect
qualitative data. Their research model was tested using a quantitative approach using a
statistical technique while the qualitative data were analyzed to provide a richer
conclusion and support to the findings of the study. Future study could take the study by
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Bhattacherjee and Premkumar (2004) as an example and follow their process for richer
meaning of the findings.
This dissertation used self-reported scales to measure the research model which
might introduce bias. Also, self-reported scales in a survey design may not always bring
the best result, as many of the responses provided are incomplete, or inaccurate. As such,
to measure factors such as OSN usage in the future, a third party application software
may be installed on the browser of the respondent that can provide accurate information
about their Facebook usage. Such applications can be modified to capture the statistics
regarding an individual’s use of an OSN such as the number of likes made, number of
friend requests received, number of friend requests sent, number of hours spent, and
number of resources updated on an OSN. For example, Rescue Time is one such app that
runs in the background of a mobile phone or computer to capture the time a person
spends on each website or application (Shilton 2012). Also, factors such as addiction and
fear of missing out can be captured more effectively through an electroencephalogram
(EEG) test that detects electrical activity in the respondent’s brain (Bauer 2001).
This research study focuses on the OSN behavior of individual users as it studies
different aspects of OSN at the personal level, such as individual’s privacy concerns,
psychosocial well-being, and victimization. This limitation of the present study brings the
future opportunity to study this research from a different context such as organizational
context. Future research could explore how internal social networks of organization’s can
lead to privacy concerns, well-being issues, and victimization issues to the employees.
Also, there might be legal liabilities to the companies because of the issues related to
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addiction or harassment. Study of this research model from an organizational context
could provide some interesting findings.
The purpose of this study was to understand the disengagement of users from an
OSN. Thus, it was limited to disengagement from one OSN and did not study how users
create the ex-role in a different OSN they switch to. It would be interesting to study how
the users choose a different OSN and how they behave if they found that the new OSN
had similar issues. Future research can capture how post-experience shapes future choices
of OSN.
This study captured the intention to disengage from an OSN and actual
disengagement at different points in time. However, despite being a longitudinal study,
the time gap between the first survey and the final survey was only one month consistent
with Bhattacherjee et al. (2012). However, having a longer longitudinal study helps to
capture the ups and down in usage of an OSN over the period of time. While this may not
necessarily be a limitation for this study, this definitely provides an opportunity for us to
choose a longer time frame in the future. Also, this study has captured Facebook usage
behavior at four different time intervals within that one month. Future research could
explore the available data to understand the changes in actual behavior between those
four time intervals.
As this study was focused on Facebook, only those who use Facebook in some
ways were captured in this study. However, a future study can be conducted to see if and
how the Facebook users differ from other OSN users. It will be interesting to see how
addiction and fear of missing out plays a role for other OSN users.
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Previous studies have shown a connection between the individual personality of
the user and the way he or she behaves on OSNs (Guadagno et al. 2008; AmichaiHamburger and Vinitzky 2010; Ross et al. 2009). As such, dispositional factors such as
personality can also be an important factor that affects intention to disengage from an
OSN. Additionally, personality may also moderate the relationship between intention to
disengage and actual disengagement (Shropshire et al. 2015). Future research could
explore personality as an additional construct to the existing model and see the impact of
personality on overall OSN usage.
While IS literature is so focused on the continuance of an information system and
OSN usage, there is limited research on disengagement from information systems
(Swanson and Dans 2000). A review of more than 1000 articles in seven leading MIS
journal over the past 20 years shows that only 4 articles are specifically focused on the
discontinuance of IS (Furneaux and Wade 2011). As such, this study provides a future
research opportunity to expand the concept of discontinuation and disengagement from
this study to IS research as a whole. The decision to disengage from a technology is a
significant issue, especially at the organizational level. Also, at the group level, it is
important to understand how groups discontinue from an existing technology and how the
departure affects group outcomes and on individual’s willingness to work on other
groups.
One other research avenue for future is studying how culture affects the
discontinuation process. People from different ethnicities and cultures use OSN for
different purposes (boyd 2007; Kim et al. 2011) and thus, it is reasonable to assume that
people from different culture look at different factors while deciding to disengage from
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an OSN. As such, the future study could explore how culture affects the disengagement
of users from OSN. Research has shown that people from individualistic culture
emphasize on their independence, fair treatment, and personal benefits, resulting in shortterm relationships on OSN (Kim et al. 2011). Similarly, previous research has also
studied how power distance and collectivism may affect usage of social networks
(Agourram 2013). Thus, the rationale can be expanded further to study how culture
affects the disengagement process of OSN users.
Study summarization
The purpose of this dissertation study was to understand the factors that affect
people’s intention to disengage from OSNs. The study of the concept of disengagement
or discontinuation from a technology being used has been limited in IS research as much
of the focus at present is on technology adoption and continuation. As such, the objective
of the dissertation is to understand how factors such as alternative attractiveness, privacy
concern, perceived enjoyment, social capital, negative psychosocial well-being, social
influence, and online victimization affect an individual’s intention to disengage from
OSN. Also, this dissertation has explored the role of fear of missing out and addiction in
the process of disengagement from OSNs. Fear of missing out and addiction have been
used as moderators that moderate relationship between above mentioned factors. In this
process, a thorough literature review was conducted to understand the details of the above
mentioned factors and the disengagement process. Then a thorough analysis of
disengagement theory was performed to explain the overall concept and the research
questions presented by this study. This was followed by a detailed study of other subtheories such as Hedgehog’s dilemma and Need to belong. Based on these foundational
204

theories, a conceptual research model with supporting hypotheses was developed to
answer the research questions presented in the study. The research model was tested
using the survey design method that collected data at different time intervals. The survey
design was hosted in Qualtrics. The respondents of the survey were provided all the
instructions to fill out the survey. The survey also had some attention checking questions.
Prior to collecting the data, a preliminary investigation was conducted that
included expert panel reviews, pre-test, and two pilot studies to confirm the reliability
and validity of the instrument. The expert panel review included doctoral level students
who contributed in refining the instruments. The pretest was performed with some
graduate students to make sure that the words, language, and the items as a whole were
not ambiguous in nature. After the pre-test, required changes were made and the pilot
study was performed. The pilot study was conducted through Amazon Mechanical Turk.
A total of 129 responses were utilized for the analysis purpose. The loadings, crossloadings, content and face validity, and reliability were all examined in this pilot study.
After the first pilot study, a second pilot study was conducted as some items were
improvised and changed drastically to reflect some minor changes in the research model.
The sample frame for the second pilot study was the undergraduate students from the
College of Business at Mississippi State University. A total of 90 usable responses were
collected and analyzed.
After the second pilot study, the survey instrument was further refined to increase
the reliability and validity of the instrument. Then, the main study was conducted where
the proposed conceptual model and the suggested hypotheses were tested. A test of
convergent and discriminant validity and reliability was performed as a part of the
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exploratory factor analysis. The items that were causing issues with loadings and crossloadings were removed after looking at the loadings and item level Cronbach’s alpha.
Then the structural model was tested where the path coefficient and t-values were
calculated. Out of 13 Hypotheses proposed, 8 of them were supported.

Conclusion
Web 2.0 technologies along with wireless networks and mobile devices have
brought exponential growth to OSNs (OSNs). The growth of OSNs has also brought
attention to the adoption and post adoption behavior of users in regards to OSNs. Most
previous research on OSNs have focused on the adoption and continuation of OSN usage
as it is a newer form of social media the usage of which has increased over time. While
IS literature is so focused on the continuance of information system and OSN usage,
there is limited research on disengagement from information systems (Swanson and Dans
2000). There has been lack of research that investigates the antecedents to discontinue
OSN usage (Kazmer 2007; Kazmer 2010; Kazmer 2012). A review of more than 1000
articles in seven leading MIS journal over the past 20 years shows that only 4 articles are
specifically focused on the discontinuance of IS (Furneaux and Wade 2011). The death of
once prosperous OSNs such as Myspace, Orkut, and hi5 gives evidence to how users can
be disengaged from a specific OSN. This study used disengagement theory, privacy
calculus theory, hedgehog’s dilemma theory and need to belong theory to understand the
disengagement process of users from a specific OSN. Factors such as privacy concerns,
perceived benefits of using the OSN, psychosocial well-being, online victimization, and
social influence are studied to explain the disengagement decision that an OSN user
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makes. Also, the roles of fear of missing out and addiction in the disengagement process
have been examined in this study.
The proposed conceptual model was tested using survey design. A preliminary
investigation consisting of expert panel reviews, pretest, and two pilot tests to ensure
measurement validity. A primary investigation consisting of reliability and validity
testing, model fit test (i.e. goodness of fit), common method bias test, and t-test was
conducted to ensure validity of structural model. The data were analyzed to recommend
the findings.
The study found that intention to disengage from OSN leads to actual
disengagement, thus, bridging the gap between intention and actual behavior. Attractive
alternatives to existing OSN such as Instagram, Twitter, and Pinterest and Internet
privacy concern positively influence people’s intention to disengage from a specific OSN
that they are using. Similarly, the result also demonstrates that people’s intention to
disengage from an OSN may be reduced by the influence of someone important in their
life and the perceived enjoyment they receive from the specific OSN they are using right
now. Also, when users believe that an OSN has affected their psychosocial well-being,
they have a higher intention to disengage from the OSN. The findings also indicated that
the influence of alternative attractiveness on intention to disengage from an OSN will be
moderated by the fear of missing out, such that the influence will be weaker. Similarly,
the influence of negative psychosocial well-being on intention to disengage from an OSN
will be moderated by the fear of missing out, such that the influence will be weaker.
These findings contribute to the information systems and OSN research literature
by expanding the concepts of fear of missing out, addiction, and disengagement. The
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introduction of disengagement theory and expansion of need to belong and hedgehog’s
dilemma in IS research is another contribution that this research has made. In addition,
this dissertation demonstrates the need to capture the actual disengagement behavior
rather than only the behavioral intention. The findings of this research convey that OSN
providers should focus on creating a sense of fear of missing out on their OSN so that it
becomes difficult for its users to leave the OSN for a newer one. It also helps the
organizations to understand how to operate their ‘internal’ social network so that
employees do not get disengaged from it. This dissertation also illustrates several reasons
why individuals, family members, or employees are unable to give up on OSN usage
despite the negative well-being created by it.
Despite the limitations provided by sample frame, research method, and selfreported scales used for this study, it also provides several future research opportunities
as discussed in this chapter. Future research could explore additional constructs and
multi-dimensions to addiction and psychosocial well-being that could add richness to the
study. In addition, understanding the ex-role and studying how the experience from past
shapes the choice of newer OSN can be an interesting research topic.
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Table A.1

Rise of OSNs

Themes

Description

Sources

Artifact

Analysis of the design,
improvement, or
assessment of OSNs as
artifacts
Individual case studies
looking at a specific
OSN or user group

(Bouman et al. 2008; González-González
et al. 2013; Hutton and Henderson 2013)

Case studies

General

History, growth,
classification of OSNs
over the period of time

(Ennis and West 2013; Hogg et al. 2008;
Mislove et al. 2008; Walther et al. 2009;
Williams and Merten 2008; Zhao et al.
2008)
(boyd and Ellison 2007; Brown et al.
2007; Ellison 2007; Jiang et al. 2013;
Richter and Koch 2008; Snyder et al.
2007)
(Chen et al. 2011; Hardin et al. 2012; Hsu
et al. 2013; Magro et al. 2013; Mantymaki
and Islam 2013; Sun et al. 2014; Yeh and
Lin 2013; Yin et al. 2011)
(Acquisti and Gross 2006; Debatin et al.
2009; Dwyer et al. 2007; Fogel and
Nehmad 2009; Stutzman et al. 2013;
Taddei and Contena 2013; Xu et al. 2013)

PostAdoption
behavior

Factors affecting
continuance usage of
OSNs

Privacy/Trus
t Issues

Effect of privacy
concern and trust on
social interactions
within OSNs

Tools for
other
disciplines

OSNs as a tool for use
by a discipline, field of
study, or division of
industry to achieve a
specific objective

(Chu and Du 2013; DiMicco et al. 2008;
Lockyer and Patterson 2008; McDaniel et
al. 2012; Pasfield-Neofitou 2008; Wise et
al. 2011)

Use &
motivations
for usage

Factors that motivate
people to use OSNs

(Banerjee and Dey 2013; Bruque et al.
2008; Ellison et al. 2007b; Hargittai 2007;
Ross et al. 2009)
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Table A.2

Continuation behavior in information system research

Sources
(Chang 2013)

(Chen et al. 2011)
(Gareth 2013)

(Hardin et al. 2012)

(Hsu et al. 2013)

(Lin and Lu 2011)

Theories

Description

Flow experience

Expectation-confirmation
model and technology
acceptance model
Uses and gratification
theory
Technology acceptance
model (TAM) and unified
theory of acceptance and
use of technology (UTAT)
Expectation-confirmation
model and technology
acceptance model

(Mantymaki and Islam
2013)

Network externalities and
motivation theory
Expectation-confirmation
model

(McKnight et al. 2011)

Privacy calculus theory

(Pelling and White
2009)
(Shi et al. 2010)

Extended theory of
planned behavior (TPB)
Uses and gratification
theory
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Integrates interaction and value as the
antecedents of user satisfaction and
flow experience; furthermore affects
the social network sites games
continuance.
Develops a conceptual model to
understand the continuance intention
in the context of social networking.
Factors drawn from flow theory and
uses and gratifications approach
theory to investigate impact on
mobile game loyalty.
Investigates new factors influencing
OSN satisfaction and continuance
intention.
Investigates factors that affect users'
continuance intentions to use OSN
and willingness to provide positive
word of mouth about OSN usage.
Explain why people continue to use
OSN.
Examines the role of network
externalities in continued IT usage in
general or with respect to virtual
world participation in particular.
Predicts how costs and benefits
related to privacy will influence users'
information disclosure and their
usage continuance intention.
Predicts high-level OSN use
intentions and behavior.
Examines the role of satisfaction in
affecting users' continuance intention
to use Facebook and the effects of
four kinds of disconfirmations as the
antecedents of satisfaction.

Table A.2 (continued)
(Sun et al. 2014)

(Torres et al. 2014)

(Wu et al. 2014)
(Yeh and Lin 2013)
(Yin et al. 2011)

Unified theory of
acceptance and use of
technology (UTAT),
flow theory, & social
capital theory

Explores users’ continuance
intention in OSNs by synthesizing
Bhattacherjee’s IS continuance
theory with flow theory, social
capital theory, and the unified
theory of acceptance and use of
technology to consider the special
hedonic, social and utilitarian
factors in the OSN environment.
Theory of reasoned
Explores how privacy concerns
action, trust, privacy
might impact continuance
intention related to location based
service in mobile devices.
Extended and unified
Examines the direct determinants
theory of acceptance and of OSN continuance.
use of technology
Well-being model and
Explores the predictors of
self-determination
continuance intention towards
model
social networking sites.
ExpectationExamines direct and indirect
confirmation model
factors affecting users’
continuance intention of OSN
usage.
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Table A.3
Study

Privacy concerns in information system research

(Acquisti
and Gross
2006)

Objective
Conclusion/Findings
Analysis of impact of Facebook user's Found that privacy concerns are a
privacy concern on their behaviors.
weak predictor of behavior, as
users still join the network and
reveal personal information.

(Debatin et
al. 2009)

Facebook users’ awareness of privacy
issues was investigated.

(Dhami et
al. 2013)

Aims to understand the impact of
security, trust and privacy concerns on
the willingness of sharing information in
social networking sites.

(Dwyer et
al. 2007)

Studies the impact of trust and Internet
privacy concern on the use of OSNs for
social interaction.

(Hugl
2011)

Analysis of scholarly work on
information privacy in the OSN context.

(Johnson et
al. 2012)

Studies the likelihood of Facebook users
to share content with unintended
audiences; Studies mitigation strategies
used.
Impact of privacy calculus on selfdisclosure behavior of OSN users.

(Krasnova
et al.
2009b)
(Krasnova
et al. 2012)

Explore the role of the two cultural
dimensions of individualism and
uncertainty avoidance in self- disclosure
decisions.
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Users who reported a prior privacy
invasion were found to be more
likely to change privacy settings
than those merely heard about
others’ privacy invasions.
Perceived privacy and perceived
security are antecedents of
perceived trust; whereas, there is
strong correlation between
perceived privacy and perceived
trust.
Members of both Facebook and
MySpace reported similar amount of
privacy concern.
Adults are more concerned about
privacy; the majority underestimates
privacy risks; privacy approaches
fall short. Call for research on
privacy calculus and fair
information practices.
Data shows a shift in privacy
concerns from situations that
involve outsiders to situations that
involve people within the network.
Privacy concern reduces selfdisclosure while perceived
enjoyment increases self-disclosure.
Trusting beliefs are key in selfdisclosure decisions of users from
individualistic cultures, while
uncertainty avoidance determines
the impact of privacy concerns.

Table A.3 (continued)
(Li et al.
2010a)

How an individual's on information
disclosure decision is driven by
competing situational benefits and risk
factors.
(O'Brien
Investigates Facebook users’ perceptions
and Torres of online privacy, explores their
2012)
awareness of privacy issues and how
their behavior is inﬂuenced by this
awareness, as well as the role of trust in
an OSN environment.
(Rosenblum Examines some of the risks social
2007)
networks site users face in casually
positing personal information on a digital
medium.
(Shin 2010) How does the perceived security and
privacy in OSNs affect people’s intention
to adopt an OSN?
(Tan et al. Understand the impact of users’ privacy
2012)
concerns on their acceptance
of social networking web sites.

(Tufekci
2008)

Investigated that the relationship between
users' privacy concerns and their level of
disclosure or usage of OSN.

(Xu et al.
2013)

Aim is to find the key factors affecting
users’ self-disclosure of personal
information.
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Perceived benefits from disclosing
positively affect the disclosure in
OSN while risk beliefs decrease it.
Privacy concern is more prevalent
among the users.

OSNs users seem to be oblivious to
privacy risks and thus, comfortable
sharing their personal information
on social network.
Both security and privacy affects
people's intention to use OSNs.
Privacy concerns moderate the
effects of perceived usefulness, and
perceived ease of use, on users’
intention to continue using OSNs.
No direct impact of privacy concern
on intention to use OSN.
Even users who expressed many
privacy concerns divulged large
amounts of personal information on
their profiles and continue using
OSNs.
Privacy benefit and privacy concern
are the two such major factors.

Table A.4

Addiction in information system research
Sources

Objectives

Developed the Bergen Facebook Addiction Scales, a
pool of 18 items, with three items on each of the six core
elements of addiction.
(Barbera et al. 2009)
Hypothesized that young vulnerable people with
narcissistic tendencies are particularly prone to engaging
with OSNs in an addictive way.
(Dhaha 2013)
Investigates the impact of communication, entertainment
and social interaction motive on Facebook addiction.
Founds positive impact of all these uses and gratification
constructs on Facebook Addiction.
(Echeburúa and de Corral
Addresses the issue of maladaptive use of technologies
2009)
such as OSN. States that Internet use and abuse are
related to psychosocial variables, such as psychological
vulnerability, life stress and family and social support.
(Griffiths 2013)
Summarizes the emerging themes and issues on OSN
addiction. Looks into gaps in existing literature regarding
OSN addiction.
(Hong et al. 2014)
Identifies the role of psychological traits (such as selfesteem, depression, etc.) of university students in
Facebook addiction and usage and explores the
correlation between usage of Facebook and its addiction.
(Kang et al. 2013)
Presents a view that OSN addiction can be seen from the
perspective of "addictive consumption trait" and
marketers can take benefit of it.
(Kittinger et al. 2012)
Examines how the use of Facebook is related to
problematic Internet use among college students.
(Kuss and Griffiths 2011)
Literature review to provide an insight into the emerging
phenomenon of OSN usage and potential addiction
(Pelling and White 2009)
Found that those who identify themselves as OSN users
and those who try finding sense of belongingness on
OSNs are at risk of addiction to OSNs.
(Salehan and Negahban 2013) Found that the use of OSN mobile applications is a
significant predictor of mobile addiction.
(Andreassen et al. 2012)
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Table A.4 (continued)
(Stieger et al. 2013)
(Turel and Serenko 2012)
(Uysal et al. 2013)

(Wilson et al. 2010)

(Wu et al. 2013)

(Xu and Tan 2012a)

Examines how higher privacy concerns and Internet
addiction may lead people to leave Facebook.
Analyzes the impact of perceived enjoyment on
formation of adverse outcomes such as addiction in OSN.
Examines the mediating effects of Facebook addiction on
the relationship between subjective vitality and
subjective happiness.
Found that OSN addiction is positively related
extraversion personality and negatively related to
conscientiousness.
Identified that individuals spending on OSNs have higher
addictive tendencies. Addictive tendencies is positively
influenced by both outcome expectancies and
impulsivity, but negatively associated with Internet selfefficacy.
States that OSN addiction is different from other online
addiction. Posits that message characteristics, that is
message richness and message synchronicity can
influence relationship between OSN habit and OSN
addiction.
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Table A.5

Sources of constructs

Sources

Dependent Variable

(Alam and Wagner
2013)

Disconfirmation (of entertainment, of
information seeking, of ease of use, of
relationship), relationship dissonance,
OSN-work conflict, information overload,
difficulty of configurability, satisfaction,
dissatisfaction
Relative advantage, personal
innovativeness, satisfaction with prior it,
habit, switching intention
Social interaction, human-computer
interaction, hedonic value, utilitarian value,
satisfaction, flow experience
Bridging social capital, bonding social
capital, flow experience, & satisfaction
Dissatisfaction, regret, alternative
attractiveness, and switching costs

Discontinuance of OSN
use

Perceived Usefulness, confirmation,
satisfaction, perceived ease of use

Continuance intention
towards social network

(Bhattacherjee et
al. 2012)
(Chang 2013)

(Chang and Zhu
2012)
(Chang et al. 2014)
(Chen et al. 2011)

(Fan and Suh 2014) Disconfirmation (incumbent IT),
expectation (disruptive IT), satisfaction
(incumbent IT), financial and procedural
switching cost
(Fei and Bo 2014) Dissatisfaction (with system quality,
information quality, community support,
membership policy), switching cost
(uncertainty costs, setup costs, sunk costs,
pre-switching searching and evaluation
costs, relative attractiveness (relative
entertainment value, relative information
seeking value, relative social image value,
relative socialization value)
(Hardin et al. 2012) Perceived playfulness, authority figure
users, resistance to change, satisfaction
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Independent Variable

IT switching behavior

Continuance intention to
use social network games
OSN continuation
intention
Intention to switch OSN

Intention to switch to
disruptive IT

Users' intention to switch
between social network
sites.

Continuance intention to
use OSN

Table A.5 (continued)
(Hou et al. 2011)

(Hsiao et al. 2013)
(Hsieh et al. 2011)

(Hsieh et al. 2012)

(Hsu et al. 2013)

(Kim et al. 2006)
(Lin and Lu 2011)

(Lu and Wang
2008)
(Maier et al. 2012)

(Mantymaki and
Islam 2013)

(McKnight et al.
2011)

Enjoyment, satisfaction, switching costs,
social relationship, need for variety, prior
switching experience, attractiveness of the
alternative
Attitude towards online marketing, selfcomplexity, addiction
Effectiveness of relative playfulness,
switching cost, relative usefulness
Switching cost, past experience, writing
anxiety, enjoyment, relative ease of use,
relative usefulness
Confirmation, satisfaction, perceived
usefulness, perceived ease of use, perceived
usefulness, word of mouth
Availability of attractive alternative,
customer satisfaction, switching cost
Network externalities (number of members,
number of peers, perceived
complementarity); perceived benefit
(usefulness, enjoyment)
Perceived behavioral control, descriptive
norms, satisfaction, perceived playfulness,
addiction
Emotional Exhaustion, Social Overload,
Satisfaction
Confirmation, satisfaction, perceived
usefulness, perceived enjoyment, perceived
aggregate network exposure (network
externalities)
Privacy concern, trusting beliefs, perceived
usefulness, perceived enjoyment,
information sensitivity
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Switching intention to a
new game

Online buying intention
Intention and actual
behavior to switch from
blog to OSN.
Intentions to switch to
social networking sites
from blog
Continuance intention to
use social network
application (SNA); word
of mouth on OSN usage
Intentions to switching
email service
Continued intention to use
OSN

Loyalty towards online
games.
Discontinuous Usage
Intention of OSN
Intend to continue using
haboo (OSN)

Social networking
information disclosure
and continuance intention

Table A.5 (continued)
(Parthasarathy and
Bhattacherjee 1998)
(Pelling and White
2009)
(Polinar et al. 2013)

(Shi et al. 2010)

(Stieger et al. 2013)

(Sun et al. 2014)

(Torres et al. 2014)

External influence, interpersonal influence,
utilization, usefulness, ease of use,
compatibility, network externality
Attitude, subjective norm, perceived
behavioral control, belongingness, selfidentity
Satisfaction, perception of switching cost,
user attractiveness, social influence
User satisfaction, disconfirmation of
maintaining new people, disconfirmation of
meeting new people, disconfirmation of
entertainment and information seeking
Privacy Concerns, Internet Addiction, and
Personality
Perceived Enjoyment, shared norms, trust,
social influence, effort expectancy, tie
strength, usage satisfaction
Perceived Usefulness, disconfirmation,
perceived enjoyment, satisfaction, privacy
risk

Time of adoption,
external influence,
interpersonal influence
Usage of OSN

Switching intention
from Friendster to
Facebook
Continuance intention
to use Facebook

Continuance and
Discontinuance of
Facebook
Online OSN
continuance intention
Continuance intention
to use location based
service

(Wu et al. 2014)

Social influence, performance
expectancy, effort expectancy, trust and
facilitation conditions

Continuance intention
to use Facebook

(Xu et al. 2012a)

Perceived privacy experience, Secondary use
of information, Perceived Surveillance,
perceived intrusion
Well-being, enjoyment, autonomy,
relatedness, competence
Perceived Usefulness, satisfaction, perceived
enjoyment, perceived privacy risk,
confirmation
Dissatisfaction (with technical quality,
information quality and member policy),
attractiveness of alternatives, peer influence,
setup cost, continuity cost
Satisfaction, attractive alternativeness, sunk
costs

Intention to disclose
information to mobile
apps.
Continuance intention
towards an OSN
OSN continuance usage
intention

(Yeh and Lin 2013)
(Yin et al. 2011)

(Zengyan et al.
2009)

(Zhang et al. 2012)
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Intention to switch
OSN

Intention to switch blog
services

DATA ANALYSIS FOR PILOT STUDY I
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Confirmatory factor analysis using AMOS (for Pilot Study I)
Convergent and discriminant validity of the research model were also assessed
using confirmatory factor analysis in AMOS 22. Convergent validity is shown by
standard factor loadings in AMOS 22. As highlighted in Table X1 below, there are few
items that do not have item loadings of 0.70 or more. However, they are close to 0.6
thresholds and thus, are not eliminated from the pilot study (Haynes, Miles, & Clements,
2000). Discriminant validity is confirmed by creating the square root of average variance
extracted statistics and comparing them against correlation measures of other constructs
(Campbell and Fiske 1959; Fornell and Larcker 1981; Gefen et al. 2000). For some
significant number of constructs, the square root of average variances extracted are lesser
than inter-construct correlations and thus, shows problems in terms of discriminant
validity.
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Table B.1

Factor loadings using AMOS

Standard Factor Loadings
Items
Estimate
Items
Estimate
AA1
0.845 OV1
0.897
AA2
0.853 OV3
0.9
AA3
0.93 OV5
0.834
AD1
0.992 PE1
0.909
AD2
0.992 PE2
0.908
AD3
0.991 PE3
0.834
ADD1
0.799 PR1
0.671
ADD3
0.74 PR2
0.861
ADD4
0.784 PR4
0.795
ADD6
0.838 PS2
0.896
BINT1
0.861 PS3
0.883
BINT2
0.867 PS4
0.744
BINT3
0.906 PU1
0.92
DEP1
0.759 PU2
0.844
DEP2
0.807 PU4
0.701
DEP3
0.57 SC1
0.577
DEP4
0.863 SC3
0.614
DS1
0.866 SC4
0.652
DS4
0.871 SI1
0.745
DS5
0.896 SI2
0.728
DS6
0.904 SI4
0.607
FOMO2
0.761 SU1
0.82
FOMO3
0.591 SU2
0.85
FOMO6
0.782 SU3
0.882
LSE2
0.899 SU4
0.892
LSE3
0.9
LSE5
0.894
AA = Alternative Attractiveness; AD = Actual Disengagement; ADD = Addiction; BINT
= Behavioral intention; DEP = Depression; DS = Dissatisfaction with life; FOMO = Fear
of missing out; LSE = Low Self-esteem; OV = Online Victimization; PE = Perceived
Enjoyment; PR = Perceived Relevance; PS = Perceived Surveillance; PU = Perceived
Usefulness; SC = Social capital; SI = Social Influence; SU = Secondary Use of
information
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Table B.2

AVEs and inter-construct correlations for pilot study I

AA = Alternative Attractiveness; AD = Actual Disengagement; ADD = Addiction; BINT = Behavioral intention; DEP =
Depression; DS = Dissatisfaction with life; FOMO = Fear of missing out; LSE = Low Self-esteem; OV = Online Victimization; PE
= Perceived Enjoyment; PR = Perceived Relevance; PS = Perceived Surveillance; PU = Perceived Usefulness; SC = Social capital;
SI = Social Influence; SU = Secondary Use of information; AVE = Average variance extracted; values on the diagonal are the
square root
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Common method bias using latent common factor technique (for pilot study I)

Figure B.1

Common method bias using latent common factor technique (for pilot
study I)
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Data analysis for additional pilot study I (Student data)
Table B.3

Loadings and cross-loadings for additional pilot study (student sample)

Loading and cross-loadings
AA3
AA4
AA5
AA6
AD1
AD2
AD3
ADD1
ADD4
ADD5
ADD6
BINT1
BINT2
BINT3
DEP1
DEP2
DEP4
DS1
DS2
DS3
DS4
DS5
DS6
FOMO2
FOMO3
FOMO4
FOMO6
FOMO7
LSE1
LSE2
LSE3
LSE4
LSE5

AA
0.6494
0.8475
0.8756
0.8662

AD

ADD

BINT

DEP

DS

0.8851
0.3623
0.8097
0.5749
0.6196
0.4437
0.5344
0.5754
0.5862

0.6359

FOMO

LSE

0.9898
0.9864
0.9913
0.7876
0.6594
0.7721
0.6892
0.9103
0.9104
0.8966
0.622
0.4471
0.5612
0.6941
0.713
0.6084
0.7629
0.7983
0.7388

0.7817
0.7411
0.7312
0.8633
0.8984
0.9023
0.7716
0.7241
0.6382
0.7207
0.6429

0.5412
0.5813
0.581
0.5562
0.5637
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0.70
0.757
0.7807
0.7866
0.7456

0.7446
0.9169
0.8362
0.8933
0.8751

Table B.3 (continued)
OV1
OV2
OV3
OV4
OV5
OV6
PE1
PE2
PE3
PE4
PE5
PR1
PR2
PR3
PR4
PS1
PS3
PS4
PU1
PU2
PU3
PU4
SC1
SC2
SC4
SC6
SI1
SI2
SI3
SU1
SU2
SU3
SU4

OV
PE
PR
PS
PU
SC
SI
SU
0.7859
0.7998
0.7864
0.6602
0.676
0.7946
0.9064
0.821
0.8814
0.7621
0.8691
0.7981
0.8211
0.728
0.8188
0.762
0.4118
0.9342
0.8488
0.7785
0.696
0.8161
0.7733
0.74
0.7487
0.7081
0.5395
0.6164
0.8851
0.8461
0.9043
0.826
0.9375
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Table B.4
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Inter-construct correlations for additional pilot study I (student sample)

Table B.5

Reliability for additional pilot study I (student sample)

Reliability
Composite Reliability

Cronbach’s Alpha

AA

0.8865

0.8517

AD

0.9927

0.989

ADD

0.8186

0.7148

BINT

0.932

0.8907

DEP

0.7475

0.7483

DS

0.9258

0.9085

0.828

0.762

LSE

0.9313

0.9129

OV

0.8863

0.8556

PE

0.9282

0.9036

PR

0.8707

0.8073

PS

0.7634

0.8855

PU

0.8662

0.7924

SC

0.8311

0.7327

SI

0.7294

0.561

SU

0.9317

0.9142

FOMO
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CONFIRMATORY FACTOR ANALYSIS FOR MAIN STUDY (USING AMOS)
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Measurement model evaluation for main study (using AMOS)
The final study was further assessed using structural equation modeling in AMOS
22. The structural equation modelling technique allows simultaneous analyses of both
measurement model (to determine reliability and validity) and structural model (to
determine predictive validity). SEM allows examination of construct relationships by
incorporating measurement error in the model. In this two-step approach, the
measurement model is performed first followed by structural model (Anderson &
Gerbing, 1988).
The objective of measurement model is to assess the model fit, instrument validity
and reliability, and common method variance. Figure C1 shows the measurement model
for the main study. The different assessments within measurement model are further
explained as below.
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Figure C.1

Measurement model for main study (using AMOS)
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Measurement model fit for main study (using AMOS)
Table C.1

Model fit statistics for measurement model

Goodness of fit statistic
Chi-square statistic (χ2)
Degrees of freedom (df)
Chi-square statistic significance
Chi-square Index (Chi-square/df)
Normed Fit Index (NFI)
Incremental Fit Index (IFI)
Tucker-lewis Index (TLI)
Comparative Fit Index (CFI)
Root Mean Square Error of Approximation
(RMSEA)
Root Mean Squared Residual (RMR)

Recommended
Value
------<3
≥ .90
≥ .90
≥ .90
≥ .90
≤ 0.06
≤ 0.08

Calculated
Value
1103.93
734
0
1.504
0.895
0.962
0.957
0.962
0.036
0.041

Instrument validity for main study (using AMOS)
Convergent and discriminant validity were further examined using confirmatory
factor analysis in AMOS 22. Cnvergent validity is confirmed when the items load much
higher on their hypothesized fators than any other factors (Loch et al. 2003). The
standardized factor loading values for convergent validity is assumed to be 0.7 and above
(Hair et al. 2010). Also, AVE with 0.5 and above shows the presence of convergent
validity in the study. In the main study, all other items except three of them have
standardized loading estimates of 0.7 and above (see Table C2). SC5, SI3, and FOMO7
have loadings of 0.67, 0.65, and 0.64 respectively. Previous research have supported the
use of items that have loadings greater than 0.60 (Bolton and Lemon, 1999; Cho et al.
2008). Also, these items have loadings above 0.70 as per exploratory factor analysis.
These items also seem to have content validity as the items are worded appropriately to
reflect the definitions of the respective constructs. Also, all the constructs meet the
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acceptable level of composite reliability of 0.70 and above (Fornell and Larcker 1981;
Straub et al. 2004). Additionally, the AVE value for all the constructs are well above
0.50 further showing the presence of convergent validity in the final study.
Table C.2

Measurement model parameter estimates for main study (using AMOS)

Relationship

Estimate

S.E.

C.R.

P

Composite
Reliability
0.837

AA5

<---

AA

0.822

AA4

<---

AA

0.802

0.065

15.218

***

AA3

<---

AA

0.759

0.067

14.731

***

IPC4

<---

IPC

0.859

IPC3

<---

IPC

0.853

0.048

21.264

***

IPC2

<---

IPC

0.789

0.048

18.839

***

IPC1

<---

IPC

0.87

0.047

21.897

***

PE5

<---

PE

0.768

PE4

<---

PE

0.778

0.066

16.257

***

PE3

<---

PE

0.849

0.061

18.036

***

PE2

<---

PE

0.814

0.061

17.147

***

PE1

<---

PE

0.893

0.058

19.098

***

SC6

<---

SC

0.829

SC5

<---

SC

0.671

0.062

12.594

***

SC4

<---

SC

0.792

0.071

14.032

***

NPW5

<---

NPW

0.793

NPW4

<---

NPW

0.808

0.06

16.9

***

NPW3

<---

NPW

0.732

0.059

15.049

***

NPW2

<---

NPW

0.716

0.055

14.666

***

NPW1

<---

NPW

0.78

0.06

16.235

***

SI3

<---

SI

0.651

SI2

<---

SI

0.866

0.113

12.17

***

SI1

<---

SI

0.751

0.108

11.963

***

OV8

<---

OV

0.76

OV7

<---

OV

0.877

0.07

18.871

***

OV6

<---

OV

0.768

0.075

16.111

***

OV5

<---

OV

0.834

0.075

17.763

***

OV4

<---

OV

0.856

0.075

18.33

***

OV3

<---

OV

0.869

0.074

18.67

***

OV1

<---

OV

0.803

0.071

16.987

***
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0.908

0.912

0.81

0.877

0.803

0.937

Table C.2 (continued)
FOMO7

<---

FOMO

0.647

FOMO4

<---

FOMO

0.726

0.088

11.858

***

FOMO3

<---

FOMO

0.88

0.103

12.75

***

BINT3

<---

BINT

0.962

BINT2

<---

BINT

0.829

0.036

23.813

***

BINT1

<---

BINT

0.869

0.034

26.21

***

ADD9

<---

ADD

0.798

ADD8

<---

ADD

0.771

0.055

16.304

***

ADD6

<---

ADD

0.758

0.047

15.983

***

ADD3

<---

ADD

0.719

0.065

14.973

***

ADD1

<---

ADD

0.796

0.059

16.955

***

Table C.3

0.799

0.918

0.878

Inter-construct correlations for main study (using AMOS)

Mea
n

S.D.

AVE

BINT

AA

IPC

PE

SC

NP
W

SI

OV

FOM
O

BINT

3.09

1.01

0.789

0.888

AA

3.38

1.001

0.632

0.174

0.795

IPC

3.34

1.082

0.711

0.239

0.160

0.843

PE

3.27

0.882

0.675

-0.141

-0.221

0.040

0.822

SC

2.63

1.071

0.588

0.088

-0.056

0.220

0.319

0.767

NPW

2.19

0.935

0.588

0.051

-0.005

0.165

0.283

0.235

0.767

SI

2.96

0.979

0.579

-0.095

-0.060

0.091

0.281

0.323

0.203

0.761

OV

1.92

1.024

0.681

0.012

-0.040

0.039

0.169

0.187

0.196

0.309

0.825

FOMO

2.50

1.087

0.573

0.046

0.148

0.135

0.208

0.137

0.487

0.290

0.268

0.757

ADD

1.88

0.966

0.591

0.031

-0.130

0.058

0.294

0.252

0.387

0.271

0.565

0.570

ADD

0.769

Tests for Common method variance for main study (using AMOS)
The study has incorporated various procedural and statistical approaches as
recommended by Podsakoff et al. (2003) to control for common method variance. These
techniques (of reducing common method bias through AMOS) were already discussed in
Chapter IV and thus, have not been discussed here.
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“

Figure C.2

Measurement model with unmeasured latent method factor (Using AMOS
for main study)

The other technique that we used to test common method bias is the marker
variable technique. This technique includes adding a theoretically unrelated factor in the
model that is as susceptible to common method bias as the substantive variables.
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Table C.4
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Correlation matrix

Table C.4 (continued)
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.516**
.570**
.586**

.598**

.621**

.584**

.605**

.030

.019

.051

-.017

.017

.002

ADD3

ADD6

ADD8

ADD9

CCG1

CCG2

CCG3

BIN1

BIN2

BIN3

.056

.041

.034

-.068

-.058

-.059

1

1

ADD3

ADD1

ADD1

Table C.4 (continued)
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.034

.037

.026

.057

-.049

-.051

.610**

.555**

1

ADD6

.027

.072

.028

.018

-.060

-.045

.660**

1

ADD8

.011

.024

-.020
-.040

-.009

-.015

.730**

.649**

-.032

1

-.088*

CCG1

-.068

1

ADD9

-.047

-.025

-.037

.667**

1

CCG2

-.013

.054

.003

1

CCG3

1
.798**

.835**

BIN2

.723**

1

BIN1

1

BIN3

Figure C.3

Structural model for main study (using AMOS)

After analyzing the reliability, validity, measurement model fit, and common
method variance through measurement model evaluation, the testing of structural model
was performed. The structural model is assessed to evaluate model fit and establish the
predictive validity by reviewing the magnitude and direction of the relationships between
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the construct of the research model. The assessment of structural model can be seen in
Figure C3.
Structural model fit
As in measurement model fit, the structural model fit also focuses more on
‘relative chi-square’ value rather than the significance of chi-square value because of the
above mentioned limitations (see measurement model fit for limitations). The ‘relative
chi-square’ which is also known as the chi-square index, is well below the recommended
value of 3 and below. Further, Incremental fit index (IFI), Tucker Lewis index (TLI) and
Comparative fit index (CFI) were all above the required threshold of 0.90 (Hu & Bentler
1999; Chin & Todd 1995). NFI is slightly below 0.90 and requires some attention.
Similarly, Root Mean Square Error of Approximation (RMSEA) is well below the
threshold of 0.06 and indicates goodness of fit of the final study. Table C5 illustrates
these various tests of goodness of fit.
Table C.5

Goodness of fit statistics for structural model

Goodness of fit statistic
Chi-square statistic (χ2)
Degrees of freedom (df)
Chi-square statistic significance
Chi-square Index (Chi-square/df)
Normed Fit Index (NFI)
Incremental Fit Index (IFI)
Tucker-lewis Index (TLI)
Comparative Fit Index (CFI)
Root Mean Square Error of Approximation
(RMSEA)
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Recommended
Value
------<3
≥ .90
≥ .90
≥ .90
≥ .90
≤ 0.06

Calculated
Value
1605.569
1066
0
1.506
0.861
0.949
0.943
0.948
0.036

Path estimates
After the examining the structural model fit, the path estimates were analyzed to
see the relationship and significance between the paths. First, the structural model
without moderation was analyzed. As shown in Table C6, out of the eight hypotheses
only four of them were supported. However, the data analyzed through SmartPLS has
supported many of these hypotheses not supported by AMOS. Also, intention to
disengage explains 1.5% of actual disengagement while the remaining independent
variables explain 11.6% of intention to disengage.
Table C.6

Structural model testing without moderators

Hypotheses

Estimate

S.E.

C.R.

H1: BINT -> AD (+)

0.101

0.058

1.751

H3: AA -> BINT (+)

0.127

0.066

1.97

0.049 Supported

H4: IPC -> BINT (+)

0.191

0.052

3.673

*** Supported

-0.212

0.083

-2.553

0.011 Supported

0.11

0.063

1.753

0.08 Not supported

0.038

0.074

0.512

0.608 Not supported

H8: SI -> BINT (-)

-0.182

0.092

-1.975

H9: OV ->BINT (+)

0.009

0.087

0.105

H5: PE ->BINT (-)
H6: SC -> BINT (-)
H7: NPW -> BINT (+)

P

Support

0.08 Not supported

0.048 Supported
0.916 Not supported

Squared Multiple Correlations
AD

0.015

BINT

0.116

The next step in the data analysis procedure is to examine the effect of the
moderation. The research model is developed in such a way that fear of missing out
moderates the effect of alternative attractiveness, privacy concern, negative psychosocial
well-being, and online victimization. The type of statistical tools used to test moderation
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depends on the types of variables in the study (Baron & Kenny, 1986). This study will
use two statistical methods to examine the impact of moderation on the above mentioned
relationships. The first method divides the moderating variable as dichotomous with
dummy variables created for high level and for a low level (Mutchler 2012). Then the
difference between the high level and low level group is analyzed. The second method is
to examine the interaction effect of moderating variable and independent variable on the
dependent variable. For this, it is essential to create a newer interaction variable which is
a multiplication of independent variable and the moderator. Then the newer interaction
variable is incorporated into the structural equation model. As there is no consensus
among researchers on which method is superior, both techniques were used in this main
study.
First, the high-low group comparison test was conducted. As the study has two
moderators, namely, fear of missing out and addiction, both moderators were divided into
high (HiFomo/HiAdd) and low (LoFomo/LoAdd) group. To separate these moderators
into two groups, the mean of these moderating variables were used. The mean of fear of
missing out was 2.59 and the mean of addiction was 1.88. These mean values were used
as cutoff to separate the moderators into high and low group. The dummy variables were
assigned values of 1 (High) and 0 (Low). To analyze the effect of the high group and low
group on our model, ‘group SEM analysis’ was run with the hypothesized model and
then with the fully constrained model with all the paths set equal to each other (Mutchler
2012). From the AMOS output, the ‘critical ratios for differences’ was selected for
further analysis. The matrix output with CR ratios along with parameter estimates from
both high and low group were selected and put into an excel statistical tool (Gaskin,
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2012) to produce parameter estimates with z-scores for each of the model paths. Table
C7 and Table C8 show the z scores for each of the model paths for both moderations. As
can be seen from Table C7 there is evidence of moderation of fear of missing out on the
relationship between behavioral intention and online victimization. Fear of missing out
does not seem to moderate the rest of three relationships as mentioned in the table. Also,
addiction does not seem to moderate the relationship between intention to disengage and
actual disengagement.
Table C.7

Results of moderation group comparison test
HiFOMO

BINT

Model Path
<--AA

BINT

<---

IPC

BINT

<---

NPW

BINT

<---

OV

LoFOMO

Estimate
0.128

P
0.147

Estimate
0.169

P
0.162

z-score
0.273

0.128

0.076

0.273

0.006

1.172

-0.108

0.31

0.173

0.271

1.481

0.153

0.062

-0.338

0.106

-2.182**

Place all detailed caption, notes, reference, legend information, etc here
Table C.8

Results of moderation group comparison test
HiAddiction

Model Path
AD

<---

BINT

LoAddiction

Estimate

P

Estimate

0.064

0.45

0.073

P

z-score

0.179

0.088

After the high-low group comparison test of moderation, the interaction method
was used. The first step in the interaction method is to standardized value of all the
variables to be used in the structural model to remove any potential multicollinearity
problem. The standardized item measures of fear of missing out are multiplied with
standardized item measures of alternative attractiveness, privacy concern, negative
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psychosocial well-being, and online victimization to create new unobserved interaction
variables. Similarly, the standardized item measures of addiction (zADD1, zADD3,
zADD6, zADD8, and zADD9) are multiplied with standardized item measures of
intention to disengage (zBINT1, zBINT2, and zBINT3). For example, for addiction, this
will create a newer interaction variable named zADDzBINT that will have 15 newer
items such as below:
zBINT1zADD1=zBINT1 *zADD1
zBINT2zADD1=zBINT2 *zADD1
zBINT3zADD1=zBINT3 *zADD1
zBINT1zADD3=zBINT1 *zADD3 and so on

(C.1)

These newer standardized items will now be used in the structural equation model
along with the new five additional interaction variables (such as zADDzBINT, see above)
that will have their relationship drawn to the respective dependent variables. After the
developing and running this newer standardize structural model, the interaction variable
path estimates are examines first. The least significant path among the interaction
variables is removed from the model first. Then the model is re-run again for the path
estimates. The model trimming continues in the same fashion until any significant
interaction variable is found. As can be seen in Table C9, the iterative path removal
process of interaction resulted in all of the interaction paths being removed except for that
of fear of missing out and online victimization that has significant p-values. It is
important to realize that the moderating effect of fear of missing out was significant on
relationship between intention to disengage and online victimization on high-low group
comparison test as well (see Table C7 and C8 above).
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Table C.9

Structural model with interaction paths – iterative removal details

Relationships

Estimate

S.E.

C.R

P

0.182

0.066

2.766

0.006

BINT <--- ZFOMOxZAA

-0.049

0.068

-0.727

0.468

BINT <--- Zfomoxznpw

-0.008

0.022

-0.369

0.712

AD <--- ZADDxINT

-0.011

0.056

-0.203

0.839

BINT <--- Zfomoxzipc

-0.001

0.116

-0.005

0.996

0.13

0.066

1.98

0.048

BINT <--- IPC

0.241

0.061

3.933

***

BINT <--- PE

-0.192

0.074

-2.616

0.009

BINT <--- SC

0.119

0.073

1.643

0.1

BINT <--- NPW

0.061

0.069

0.891

0.373

BINT <--- SI

-0.145

0.092

-1.572

0.116

BINT <--- OV

0.047

0.069

0.68

0.496

AD <--- BINT

0.091

0.052

1.746

0.081

BINT <--- Zfomoxov

BINT <--- AA

Removed 4th, value
at removal
Removed 3rd, value
at removal
Removed 2nd, value
at removal
Removed 1st, value
at removal
Final values after
iterative path
removals

Thus, both the group analysis method and interaction method of moderation in
AMOS provided evidence that fear of missing out exhibits moderating effects on the
relationship between the online victimization and intention to disengage as can be seen in
Table C10. For rest of the moderating relationship, fear of missing out as well as
addiction doesn’t seem to exhibit any moderating effects
Table C.10

Supporting for moderating relationships

Hypotheses

Estimate

S.E.

C.R.

H2: BINT * ADD -> AD (-)

-0.011

0.056

-0.203

0.839

Not supported

H10a: AA * FOMO -> BINT (-)

-0.049

0.068

-0.727

0.468

Not supported

H10b: IPC * FOMO -> BINT (-)

-0.001

0.116

-0.005

0.996

Not supported

-0.3424

1.759

<0.05

Supported

-0.008

0.022

0.712

Not Supported

H10c: NPW * FOMO -> BINT (-)
H10d: OV * FOMO -> BINT (-)

284

-0.369

P

Support

POST-HOC ANALYSIS WITH ADDITIONAL ALTERNATIVE MODEL
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Figure D.1

Hypotheses and relationship for alternative model III

Loading, cross-loading, and reliability test for this altnerative model should be similar to
the ones performed in original research model as the constructs used in this model and
the original model are same (see Table 4.14, 4.15, and 4.16). Thus, no newer test was
performed to examine validity and reliablity.
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